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Abstract

The Survey of Consumer Finances (SCF) has a dual-frame sample design that supplements a
standard area-probability frame with a sample of observations drawn from statistical records
derived from tax returns. The tax-based frame is stratified on the basis of a “wealth index”
constructed largely from observed income flows, with the intent of heavily oversampling wealthy
households. Although the SCF is not specifically designed to estimate wealth concentration, the
design arguably provides sufficient support to enable such analysis with a reasonable level of
credibility. Similar estimates may also be made by using tax-based data directly, as in [1], by
using a construct very close to a key part of the SCF wealth index. Such an approach has appeal
as a way of tapping a much larger set of information to improve SCF estimates. Not surprisingly,
there are differences in the two approaches, largely as a result of conceptual differences or
complications in the survey implementation. This paper focuses on the top 1 percent of the wealth
distribution, the group most intensively covered by the SCF list sample and it explores the stability
of the relationship between the patterns of concentration in the survey data and parallel patterns in
tax-based estimates and considers how those patterns differ across survey participants, the full
sample and the entire survey frame. In addition, the paper makes as series of recommendation for
further research on the technical support of the survey.

JEL codes: C83, D31
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The Survey of Consumer Finances provides information on household wealth and its
composition and relationship to other variables, on a common basis from 1989 to 2013. Because
wealth is highly concentrated in the U.S., a survey that did not take special account of that
situation would tend to produce very noisy (or even biased) estimates of values strongly
influenced by the upper tail of the wealth distribution, such as means or concentration ratios.
The SCF addresses this issue through the use of a list sample selected from statistical records
derived from individual tax returns, as a supplement to a multistage area-probability sample.

The list sample uses a proxy variable that supports oversampling of very wealthy households.
That proxy and its relationship to net worth measured in the survey are the principal focus of this

paper.

The wealth proxy is a “wealth index” constructed from income flows and other variables
available in the frame data for tax filers. The sample design assumes there is a mapping from the
observed data to a wealth concept close enough to an actual measure of wealth appropriate for
the SCF to be able to provide a statistically efficient sample for wealth measurement and to allow
for adjustments for nonresponse correlated with wealth.

The wealth index model, especially one aspect of it, bears a strong resemblance to an approach
used by [1] to simulate the distribution of wealth in the U.S. for every year since 1913. That
paper makes comparisons of their estimates to ones obtained from the SCF and claims that the
SCF appears to under-represent increases in the concentration of wealth at the top of the
distribution. As discussed by [2] there are a variety of problems to be addressed for the mapping
they assume from income to wealth to be comparable with the estimates available in the SCF.
Further work in that direction seems highly worthwhile, however, if only to enhance the
usefulness of the SCF through extrapolating wealth between survey periods in a very cost-
efficient way or through supporting lower-variance (and potentially less biased) estimates of the
extreme upper tail of the wealth distribution.

The SCF also faces problems in measurement. Any survey, particularly one with such a
sensitive and difficult core subject matter as the SCF, would have problems with unit
nonresponse and reporting errors. Over time, the SCF has devoted substantial resources to trying
to understand and address as well as possible the most pressing problems. This paper fits in that
mold. The goal here is to evaluate the performance of the SCF list sample within the top 1
percent of the wealth distribution, as viewed directly from the survey or as inferred from the
wealth index models that sustain the sample design. This investigation may also shed light on
some concerns about the approach taken by Saez and Zucman in [1].

The first section of the paper reviews the structural elements of the SCF that are needed to
understand the technical support for estimates of the wealth distribution from the survey. The
second section discusses the measure of wealth used in the paper and compares values from the
survey with seemingly comparable values available in other sources. The third section presents a
time series of estimates of wealth distribution and supporting portfolio structures observed in the
survey and it highlights the importance of the list sample in the estimates. The fourth section
looks more narrowly at the correspondence of measures of concentration at the top of the wealth
distribution resulting from the survey measures with comparable estimates using the proxies for
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wealth estimated using statistical records derived from individual tax returns; the section also
addresses the effects of nonresponse and sampling on these measures. The final section
concludes and points toward further research.

l. Background on the SCF

It is impossible to have a clear understanding of how reliable estimates with a survey might be,
without having at least some knowledge about the supporting technical framework. This need is
greater than usual when the estimates in question concern descriptions of a rare population that is
difficult to interview and that tends to have unusually complicated circumstances—as is the case
for very wealthy households in the SCF. This section reviews much of the technical framework
of the SCF, with a particular focus on the special sample that provides the survey with the most
information on this population.

The SCF is specifically designed to provide reliable estimates of wealth and income for
households.! Its questionnaire collects detailed information on assets, liabilities and income,
along with a wide variety of related attributes.? Questions are carefully sequenced and framed to
support a clear understanding of concepts by survey respondents. The implementation of the
questionnaire as a CAPI (computer-assisted personal interviewing) program supports a variety of
real-time data checks as well as a facility for capturing information on ranges around dollar
values when the respondent is unable to provide a more precise estimate. The program also
includes a means of recording auxiliary comments helpful in understanding or evaluating the
information provided in each interview.

Field work for the survey is typically concentrated between spring of the survey year and the end
of the year, though sometimes attempts at data collection for a small fraction of cases continues
into the following year. Since 1992, the survey has been conducted for the Federal Reserve
Board by NORC at the University of Chicago. Intensive training is undertaken to ensure that
interviewer are able to identify and persuade the appropriate respondents, navigate the survey
instrument, and assist the respondents in providing reliable data. A typical interview takes about
90 minutes, often over more than one session. Missing data in the survey are addressed with
multiple imputation, which allows one to estimate the variability of results as a consequence of
item nonresponse.®

! Strictly speaking, the SCF organizes its data collection around a “primary economic unit,” not the household. That
unit is defined as a person or couple economically dominant within the household (or a specifically designated
person or couple assumed to be economically dominant, in the case of the list sample) and all others in the
household economically interdependent with them. For people in a household not included in this group (e.g.,
roommates, economically independent parents or children of the core person or couple, etc.), summary information
is collected; that information is not ordinarily included in calculations of wealth from the SCF, as is also the case in
this paper.

In some cases, partnered survey respondents report that they hold their assets independently of their partner; for SCF
purposes, respondents are asked to provide answers that include the partner and to involve the partner in answering
the questions, where possible.

2 See [3] for information on the most recent survey at the time this paper was written.

3 See [4] for a description of the approach to imputation in the survey.
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Wealth is highly skewed in the U.S. For that reason, a sample design that did not make some
allowance for targeting wealthy households would include few of them, and the consequent
sampling variability of wealth estimates dependent on the upper tail of the distribution, such as
means or concentration estimates, would tend to be very large. Wealthy households also tend to
be more difficult to get to participate in surveys.* In some cases, wealthy households express
strong reservations about their privacy, but this view is also often expressed by other households.
Two of the largest sources of difficulty in interviewing wealthy households are gaining access to
be able to persuade the respondent to participate and then finding a time when they will agree to
be interviewed. The amount of effort involved in this process of contact and persuasion can be
far more than what is required in other cases. A survey that did not have some means of at least
approximately segmenting the sample by wealth levels to be able to target effort to gain
sufficient participation across all groups would suffer from differential nonresponse; unless there
were some means of adjusting for those differences through weighting, upper-tail-dependent
estimates would be biased.

Data collected in the SCF are subjected to a thorough review, driven primarily by comments
recorded by interviewers and an algorithmic inspection of the data.®> This editing exercise results
in some substantial shifts in the estimated distribution of wealth.® The practice of the survey is
to flag data edits to allow users of the data to identify values that have been changed in this way.
Because editing is so labor intensive, there has never been a systematic attempt to perform
sufficient double-blind work to gauge the variability in decisions and the possible consequences
for estimates using the data. Nonetheless, it is at least clear that a failure to edit at all would
result in many highly distorting data values remaining in the data set.

The SCF employs a dual-frame sample design, including a national area-probability sample to
provide robust coverage of households with characteristics broadly distributed in the population,
and a specially designed list sample to select wealthy households disproportionately.” The area
sample derives from a systematic process for selecting housing units and households within
units.® The list sample is selected from statistical records derived from tax returns, under an
interagency agreement with the Statistics of Income Division (SOI) of the Internal Revenue
Service, which requires strong provisions aimed at protecting the privacy of sample members
and the confidentiality of their information.® The records available for selection in the SOI data

4 See [5] for an analysis of relevant paradata on the participation of wealthy households in the SCF.

5 See [6].

6 See [7].

7 See [8] for a description of the area-probability sample and [9] for a discussion of the use of address sequences
from the U.S. Postal Service for replacing field listing of dwellings for the sample selection. See [10] for a detailed
description of the overall sample design for the SCF and how it integrates with the area-probability and list samples.
8 The total number of cases in the area-probability sample (number of participants/out-of-scope sample cases) has
varied over time: 1989: NA (2,937/NA); 1992: NA (2,456/NA); 1995: 4,756 (2,780/561); 1998: 4,921 (2,813/651);
2001: 4,993 (2,917/705); 2004: 5,339 (3,007/963); 2007: 5,227 (2,915/701); 2010: 8,651 (5,012/1,338); 2013: 7,900
(4,568/991). For the area-probability sample, out-of-scope cases include ones where the dwelling was vacant
(including seasonal dwellings), demolished, no longer used for a residential purposes, or where there was no
occupant aged 18 or older or the original listing of dwellings used in the sample selection was in error.

% Federal Reserve staff are never given the name of any of the taxpayers; the survey contractor is given name an
address information necessary for contacting the sampled unit, but the contractor never receives information about
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are tax units—that is, individuals or married couples.*® Although there is an attempt to adjust for
the possibility of multiple tax filers in a given household and to adjust the SOI weights to
account for married taxpayers filing separately, the procedure is imperfect; however, the
approach appears most reliable among the wealthiest few percent of households that are the
primary focus of the list sample.'! Thus, the two samples are complements, each providing
strength where the other is weak.

For reasons related to cost control, the area-probability sample is selected to include a limited
number of high-level geographic areas, which are selected in a multi-stage process. These areas
include the largest metropolitan areas (such as the New York consolidated metropolitan
statistical area) with certainty and a probability sample of other metropolitan areas and non-
urban counties. Despite the fact that more such areas are selected than there are states in the
U.S., not every state is present in the sample; the stratification involved in selecting the areas
provides a balanced representation of characteristics of geographic areas within regions.

Because much of the analytical content of this paper turns specifically on the design of the list
sample, it is worthwhile here to provide a higher level of detail about its design. The SOI data
that serve as the frame for the list sample are themselves based on a sample from the universe of
all individual tax returns.'? Fortunately for SCF purposes, the sampling rate in the SOI file
among the population most relevant for the list sample is sufficiently high that sampling error
from that source is not a serious concern. The SOI sample that defines the population for the list
sample is derived from individual tax returns filed in the year before the SCF.*® Almost always,
the income in the tax return is that for the prior tax year—that is, for the 2013 SCF, the SOI
sample used to define the list sample universe predominantly contained income for 2011.

income; SOI is never told who among the sample actually participated and they are given no link between the survey
participant and tax data. Unlike the case of respondents in the area-probability sample, list sample respondents are
given an opportunity to decline participation before they are ever contacted by an interviewer. After the completion
of the survey, the contractor is obliged to destroy all information on the names and addresses of the list sample
respondents. The total number of cases in the list sample (number of participants/out-of-scope sample cases) has
varied over time: 1989: NA (866/NA); 1992: NA (1,450/NA); 1995: 5,720 1,519/54); 1998: 5,762 (1,496/45); 2001:
5,200 (1,532/34); 2004: 5,162 (1,515/29); 2007: 5,151 (1,507/35); 2010: 5,164 (1,480/53); 2013: 5,155 (1,458/43).
Out of scope cases for the list sample include ones where the listed name (or names) is deceased and there is no
surviving spouse or the listed name (and spouse, where relevant) is no longer a U.S. resident.

10 Where the originally selected filer was a couple filing a joint tax return who became divorced or separated by the
time of the SCF interview and maintained separate finances, both parties are treated as separate units for statistical
purposes and an adjustment is made to their wealth index values to approximate a division of assets.

1 See [11].

12 See [12] for a current description of the SOI individual sample design.

13 The list sample frame does not include households that do not file an individual income tax return. Although
some very low-income households do not meet the requirement for filing a return, they may nonetheless file in order
to receive a refundable tax credit. Some other with low income, such as some people receiving only income from
Social Security may not file a return. While the SCF is designed to cover the full range of filers, its sampling rate at
the bottom of the distribution used for sampling is low, and the shape of the wealth distribution of the least wealthy
part of the distribution is almost entirely determined by the area-probability sample.

14 A relatively small number of cases in the SOI file represent returns for earlier years, typically amended returns. In
processing the data for the SCF sample, only the most recent return for a given taxpayer is retained.
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Some initial pruning of the SOI sample is preformed to align it as well as possible with the target
population. Filers younger than age 19 are deleted from the sample, under the assumption that
they are secondary filers in another household; such deletions are monitored for signs that the
filer has substantial income. In addition, only cases corresponding to filers from the 50 states
and the District of Columbia are retained and an effort is made to combine records likely to
represent members of single household at one address. Again for reasons of cost control, the list
sample selection is restricted to the complete set of counties composing the high-level areas
selected for the area-probability sample. Earlier research has indicated that wealthy households
are not distributed geographically in the same way as other households.'® Wealthy people
appear to be more concentrated in the largest metropolitan areas than the population in general,
though there also appear to be areas of disproportionate concentration across the country, often
in the location of a formerly important industrial or similar activity or an area usually associated
with retirement or entertainment. The list sample selection is always monitored to look for
unusual shifts in the geographic distribution of potential sample members across the areas
excluded at this stage, and growth in some such areas has led to some additions over time to the
areas beyond those included in the area-probability sample.

An additional geographic complication with the list sample concerns the mobility of wealthy
people.'® The available evidence suggests that the wealthiest people are much more likely than
others to live in multiple homes or to travel for extended periods for work or pleasure. This
tendency further complicates the task of locating a respondent and persuading them to participate
in the survey. Such mobility also suggests that sub-national estimates of characteristics strongly
influenced by the upper tail of the wealth distribution may be less meaningful than is the case for
other types of estimate.

An important definitional consideration for the list sample that might appear particularly
important for this paper is the exclusion of members of the Forbes list of the 400 wealthiest
Americans. This exclusion is motivated by practical concerns. Experience suggests that the
wealthier a household, the more likely it is to be difficult to reach for any reason. The wealthiest
SCF respondents are often surrounded by a large number of “gatekeepers”—assistants, attorneys,
guards, servants, and sometimes literal gatekeepers—each of whom is tasked with protecting the
privacy of their employer. Not surprisingly, the level of success in contacting such respondents
is not high. Attempting to reach people even more protected would be prohibitively expensive,
particularly in light of the slender prospect of obtaining an interview. In addition, because
members of the Forbes list are so well known, it would be extremely difficult to release data
from an SCF interview without either compromising their confidentiality, and masking the data
to a sufficient extent via statistical techniques would greatly reduce its value. Nonetheless, it is
often the case that the SCF includes participants whose wealth would be sufficient to place them
in the Forbes list, but who were not present in that list.*’

15 See [13].

16 A further complication is that, contrary to IRS instructions to report a home address on an individual tax return,
many returns are filed using the address of an accountant, lawyer or some other professional advisor.

7 These observations are suppressed in the public version of the data.
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Table 1 provides a time series of the ratio of the total wealth of the Forbes list to the total of
household wealth as estimated from the corresponding year of the SCF.*® The ratio ranges from
about 1.5 percent in 1989 to 3.1 percent in 2013. For at least two reasons, these figures may
overstate the wealth omitted from the SCF. First, as noted further in the discussion of SCF
weighting below, the adjustment of the list sample at that stage takes account of the full
distribution of the observations in the SOI file, including any members of the Forbes list.
Second, the Forbes estimates are based on self-reports, public records of ownership and other
sources, and the estimates sometimes refer to extended families or other funds held through such
structures as foundations; for such reasons, those estimates may differ materially from what
ideally would be recorded in the SCF for the Forbes list members.

The list sample is stratified by a “wealth index” defined using data available in the SOI data. In
the 1989-1995 SCFs, the index (WINDEXQ) was based only on a capitalization of income flows
in the SOI data, similar to the approach of [1].*° The model is described in the equation below,
where Yi is capital income of type i, ri is the corresponding period-specific average rate of return,
K is the absolute value of total capital gains or losses, and H is an average housing value
estimated for a range of income classes from the previous SCF and adjusted to the year of the
SOI data that determines the list sample universe (observation-specific subscripts are suppressed
for clarity). For each survey, the rates of return are taken from published period-specific sources.
Strictly speaking, capital gains do not have an obvious place in a capitalization model of wealth;
the intent is to capture some indication of assets that are held largely for realized gains and that
do not yield appreciable dividends or other returns.?’ The model does not include any allowance
for debts; because according to SCF data, average debt is a far smaller proportion of average
assets among the wealthiest households than is the case for other households (about 2.5 percent
for the wealthiest 1 percent, vs. about 14.6 percent overall in 2013), this omission seems unlikely
to be a serious source of distortion for the intended purpose.

n
Y.
WINDEXOQ = ZT—‘+K +H
=1 ¢

Beginning in 1998, a more elaborate version of the wealth index (WINDEXM) was introduced.
This model combines the original index with another index (WINDEX1) derived from a
regression of wealth observed in the preceding survey on the income and other characteristics
available in the SOI data used in the design of that sample.?! The value of WINDEX1 for the
next survey is obtained by projecting the model estimates on the values in the more current SOI
data. An advantage of this approach is that it allows for a more complicated to modeling
allowing implicitly for some differences in rates of returns, patterns of holdings of debts or assets
that do not yield returns and other factors, that may be correlated with the information available

18 See [14] and the October issue of Forbes for a discussion of the methodology used in constructing the Forbes 400.
19 115] followed a similar approach for estimating the wealth distribution from tax-based data.

20 Obviously, the model would not be able to reflect gains-focused assets that are intended to be bequeathed.

21 The match of the SOI data with the information from respondents is purely for purposes of estimating this model
and it was done in such a way that identifying information was not included in the data set used for the regression.
The regression is estimated using logarithms for net worth and other dollar values and converted to levels thereafter.
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in the SOI data including the income variables used in the WINDEXO model and others such as
the age of the tax filer or the amount of wage income, property taxes or charitable deductions. A
defect of WINDEX1 is that it implicitly embeds rates of return in the estimated model
parameters; unlike the case with WINDEXO, there is no direct way of updating rates of return to
the time of the later sample selection. Thus, in times of changing rates of return, WINDEX1
would be expected to provide a noisier indication of the relative position of sample elements in
the wealth distribution. In addition, WINDEX1 also embeds any biases present in the previous
survey reports. To mitigate the risks of misclassification in the use of either index, WINDEXM
is computed as a weighted combination of the two, where the two indexes are standardized in
levels to have the same median and interquartile range.?> WINDEXM is then divided into seven
strata corresponding to fixed percentile points of its distribution.?® Five of the strata apply to
only the top 5 percent of the WINDEXM distribution and three entirely to a group smaller than
the 0.5 percent at the top of the WINDEXM distribution. Until 2001, the 100 highest values of
the index were excluded from the possibility of being selected into the sample. The motivation
for the exclusion was to eliminate at least some number of members of the Forbes list. In all
years, the full set of selected observations has been reviewed by SOI staff to remove any
members of the Forbes list and some other prominent people.?*

Typically, in planning the list sample for each survey, the performance of the model is evaluated
against its ex post performance in classifying wealth measured in the preceding survey. Wealth
observed in the SCF is always highly correlated overall with WINDEX1 and WINDEXQO, but it is
more strongly correlated with WINDEX1. Although the observed wealth levels of sample
elements in each of stratum overlap, sometimes substantially, the available evidence supports the
claim that the design does achieve an oversampling of wealthy households. How the sample
aligns with distributional characteristics at the top of the wealth distribution is the subject of the
fourth section of this paper.

Income may vary from year to year in response to transitory events. Evidence suggests that there
is substantial variability of sources of capital income among people who are at least periodically
in the upper reaches of the income distribution. Thus, basing the stratification model for the list
sample on only a single year of data would tend to be noisier than basing it on more than one
year of data so that transitory variations could be smoothed. Beginning with the 2001 survey, the
SCF list sample has employed multiple years of data to compute weighted averages of the values
used in calculating the wealth indices.?® In recent surveys, the weighted average has attributed

22 QOriginally, WINDEXM weighted WINDEXO0 and WINDEX1 equally. To reflect the better ex post predictive
power of WINDEX1, as discussed in the text, the weighing was adjusted starting in 2004 to give more weight to
WINDEX1.

2 The design in 1989 included only 6 strata; the 1992 and subsequent designs further segmented the top of the
distribution.

24 Earlier examination of the relationship of the income and wealth of the Forbes list reported in [10] indicated that
many such people did not have the levels of income that might be expected at the level of wealth reported by
Forbes.

% See [16] for details. The 2001 and 2004 surveys employed two years of data and beginning with the 2007 survey
the number of years was expanded to three. Although there is an attempt to match observations included in the SOI
file that determines the list sample universe with observations in earlier versions of that file, or with information
from the IRS Masterfile of individual returns in order to construct an approximate equivalent, sometimes it is not
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50 percent of the weight to the most recent data, 30 percent to the previous year of data and the
remaining 20 percent to the data from the year preceding that. This choice represents a trade-off
between reflecting the most current information available about a case and minimizing
distortions as a result of lumpy realization of some types of income.

The SOI sample that underlies the SCF list sample is itself formally cross-sectional. But
primarily for reasons of minimizing sampling variation in estimates of changes, the SOI sample
is constructed in a way that there is much greater than random persistence of observations across
years.?® This persistence is strong in the population most relevant for the SCF list sample. Thus,
there is a chance that the same household could be selected for multiple waves of the SCF. In
order to avoid placing undue burden on respondents who tend to have the most lengthy and
difficult interviews, participants in either of the two surveys preceding a given SCF are not
allowed to be selected; people who refused participation in the preceding survey are also
excluded. For example, about 25 percent of the base SOI sample for the 2007 SCF in the highest
WINDEXM stratum were interviewed in the 2004 or 2001 surveys or declined to participate in
the 2001 survey. The comparable figures for the next two lowest strata were about 6 percent and
2 percent, respectively.

The ability of the list sample to describe the reality of the wealth distribution is perhaps most
obviously challenged by nonresponse to the survey.?’ By agreement with SOI, all list sample
respondents selected are given a right to refuse participation in the survey before they are ever
contacted by an interviewer. Since the 1998 SCF, about between 10 to 13 percent of list sample
respondents have so refused participation. In earlier years of the survey, the rate of such refusal
was much higher—as high as 38 percent in 1989—perhaps in part due to later changes in the
presentation of the option or to changes in the extent to which people open or respond to mail
from unrecognized sources. Generally in the surveys beginning with the 1998 SCF, the use of
this option to decline participation has been tended to be lower, the higher the stratum of
WINDEXM; still, for the highest stratum, the rate since 1998 has ranged from about 7 to 8
percent.

Despite intensive efforts to reach respondents who do not exercise their right of prior refusal, the
rate of other incomplete cases (very largely refusals to participate) has been about 80 percent or
more for the wealthiest stratum since 1998; taken together with prior refusals, this implies a
response rate of between 8 and 12 percent over this period.?® Although the overall response rate
is progressively higher for lower WINDEXM strata, the refusal rate is still substantial; for

possible to make a match. A given observation may have changed marital status over years, it may not have filed an
individual tax return in some year, or there may be errors or other difficulties in the matching. Where a match
cannot be made, the base year information is substituted. All dollar values are adjusted to the reference year of the
base data. In computing the wealth indices, a weighted average of value of each dollar value is used.

26 See [12] for a description of the sample design.

2" Throughout the history of the SCF, it has been recognized that it is critically important to monitor and understand
to the extent possible the patterns and implications of nonresponse in the survey. More recently, [17] guidelines on
surveys impose a more formal obligation to study potential nonresponse biases.

28 Typically, a very small fraction of observations is detected to be ineligible—because they live outside the U.S. or
because they are deceased with no surviving spouse.



example, in the 2013 SCF, the response rate aside from the top WINDEXM stratum ranged
between about 12 and 56 percent.?

To some degree, these low response rates are driven by a system of quotas for completed cases.
Each stratum has a target number of completed cases. Although there may be some degree of
“work to quota” in the lower WINDEXM strata, it is clear from detailed examination of the
associated information in the series of data maintained for each observation on contact attempts,
that the overwhelming explanation of nonresponse in other parts of the list sample is the
difficulty of reaching and persuading a respondent to participate.

While the SCF has been criticized for having such low response rates among wealthy
households, unlike other surveys in the U.S. it also has the means of identifying and making
adjustments for at least some aspects of the problem, through the design of the list sample and
the associated frame data. Nonetheless, it would be naive to assume that any set of simple
adjustments would be capable of erasing all differences between the population and the set of
participants. The more realistic hope is that weighing adjustments may reduce biases in
estimates based on measures closely related to wealth to a degree acceptable for the core
purposes of the survey.

The weighting process in the SCF entails separate adjustments to the area-probability and list
samples; both sets of adjustments involve post-stratification and raking over a small number of
variables.®® The two samples are combined using a post-stratification procedure that weights the
contribution of the list sample more heavily at the top end of the wealth distribution and the area-
probability sample more heavily elsewhere; this treatment corresponds to the relative strengths of
the two samples. The top of the wealth distribution is very largely determined by the list sample.
Because this paper focuses on the performance of the list sample in estimates of the highest parts
of the wealth distribution, only the construction of the separate weights for the list sample is
discussed here.

Ideally, weighting adjustments for a repeating cross-sectional survey would be based on a stable
set of characteristics across all surveys and any deviations would be minimal. Particularly when
adjusting a population with such extreme skewness, as is the case with the wealth represented by
the SCF list sample, small changes may have large effects on distributional estimates. For the
1989 survey, the response patterns in the SCF list sample were examined to look for
characteristics that may be correlated with nonresponse or for changes in such characteristics,
and these results have been reviewed for subsequent surveys.3! From this work, a small set of
characteristics was selected as the framework for weight adjustments. A set of consistent
analysis weights based on this framework is available for all of the cross-sectional surveys
beginning with 1989. In brief, the adjustment process includes a ratio recalibration of the initial

29 Although much higher than the response rates for the highest strata, the response rates for the lowest WINDEXM
strata are much lower than that of the area-probability sample, the great majority of which corresponds economically
to these WINDEXM strata. Part of this difference is explained by the fact that the area-probability cases tend to be
much more highly clustered than the list sample cases, which range randomly across an entire metropolitan area.
Such dispersion leads to serious operational inefficiencies.

30 Kennickell and Woodburn [18] for a detailed description of the weighting methodology.

31 See [11] for a discussion of the first such investigation.
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sampling weights of individual observations within each WINDEXM stratum to the relevant
population totals computed from the entire file that served as the frame for the sample; from that
base, the weights are further post-stratified to regional totals, and a raking procedure is defined
around the WINDEXM strata, a set of categories of “financial income” and a categorical variable
representing Census regions crossed with a binary measure of a high degree of urbanicity.
Financial income, which is defined as the sum of dividend and taxable and nontaxable interest
income, has been a consistently important predictor of nonresponse. Certainly, other approaches
could be considered. The process deliberately avoids deeper intervention, both to support a
procedure that can be applied consistently across all the surveys and that does not induce
extreme variations in weights that would inflate the sampling error. The set of adjustment
factors used at each stage of adjustment is captured in the weighting process and this information
is recorded and inspected for each survey; adjustments that differ notably from those in prior
surveys are investigated.

The information presented above in this section highlights the sequence of approximations and
adjustments made in an attempt to define a frame for the list sample, select the sample and align
the set of participants with the a measure of the true population. Because the wealth distribution
is so highly skewed in the region most intensively covered by the list sample, small irregularities
in that process may lead to relatively large shifts in estimated wealth levels. Comparisons with
other sources of data, given in the next section of this paper, provide comfort that the survey
estimates and high-level aggregates are in a reasonably near vicinity of each other, but
differences remain and the differences fluctuate through time.

Only some of those differences are potentially explained by differences in procedure or concept.
Undoubtedly, some of the differences are due to sampling error and various sources of
nonsampling error, as well as possible sources of bias in the treatment of the list sample. The
SCF provides a means of estimating sampling error through the use of replicate weights.*? For
the SCF, there are 999 replicate samples of the cases actually completed, selected from that set in
a way that mimics the high-level selection of the area-probability and list samples; the associated
replicate weights for each replicate are constructed for the list sample cases, the area-probability
cases and both types of cases. However, the replicate weights (and the main weights as well)
condition on the assumptions used in constructing the final frame for the sample selection, the
selection process, and a fixed model of weight adjustment aimed at addressing coverage and
nonresponse. That is, all variability from the replicate weights stems only from the extent of
randomization in the selection from the completed observations. ** Thus, confidence intervals
for estimates strongly affected by the presence of the list sample are likely to under-state the true
confidence intervals by an unknown amount. Among sources of nonsampling error, there is
currently only the means to incorporate directly some element of uncertainty due to item
nonresponse, through the use of multiple imputation.

32 See [19] for a discussion of the most recent revision of the bootstrap weight construction.
33 An alternative approach would be to sample from the complete set of sample cases, not just the set of participants.
Such an approach might provide a better representation of the variability introduced as a result of unit nonresponse.
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In addition to unmeasured sources of variability, there is always the possibility that undetected
bias in some dimension(s) remains in the final representation of the list sample participants after
the weighting adjustments. Except in trivial examples, it is not reasonable to think weights can
“correct” for deviations from the true population across all dimensions as a result of coverage or
response problems, and do so across the entire range of those dimensions. Moreover, the
relevant population controls (or similar factors used as weighting targets) also may be subject to
error or variability. Such possibilities for error exist for virtually any survey, though again, the
amplification effects of extreme skewness in the upper tail of the wealth distribution may make
them more worrisome for the SCF. Holding constant as many factors as possible in the chain of
production of survey estimates, except where evidence strongly motivates a deliberate change,
should help in minimizing extraneous changes in estimates. Thus, any change in design that
affects one of the areas of approximation—particularly the definition of the approximation of the
population by the choice of base year for the SOI data, the eligibility restrictions for selection, or
the weighting adjustments—should be changed only with extreme caution, unless such changes
can also be implemented as revisions to the earlier cross-sectional time series. Any such changes
should be subjected to rigorous evaluation both before and after implementation.

. SCF wealth and its comparison with other sources

“Wealth” is a term used frequently as if it had an unambiguous definition.3* It is sometimes
ambiguous even whether the term is intended to refer to income or to a measure of assets or net
worth. In this paper, wealth is taken to be a particular construction of net worth, defined as
assets less liabilities. That construction itself rests on a variety of assumptions about both assets
and liabilities, in terms of their scope, definition and valuation.®

Here, “assets” is taken to include a set of items of value that are under the control of a household.
That set includes checking or savings accounts of a variety of sorts, certificates of deposit,
money market accounts, other mutual funds, hedge funds, stocks, bonds, the cash value of life
insurance, annuities with a cash value, other “designated retirement assets”, real estate, personal
businesses, vehicles, and miscellaneous assets. Designated retirement assets include tax-
preferred Individual Retirement Accounts, Keogh Accounts and tax-preferred accounts
associated with employment (sponsored by an employer, union or similar association) over
which the owner has the right to make current or future withdrawals.

Importantly, the measure of assets does not include a number of items of value that are not under
the direct present or future control of the person owning or entitled to benefits from the item.
Such items include defined-benefit pension plans from which the beneficiary has only the
prospect of future income, other annuities that cannot be liquidated, other future income benefits
such as Social Security, and other contingent or expected benefits or income that cannot be sold,
such as lifetime rights to live in a dwelling without cost or lifetime income rights in a trust. Such
excluded items may have a substantial economic value to some people, either in the present or
the future. Human capital, the embodiment of future earnings possibilities, might be consider the

34 See [20] for one such framework specialized to what can reasonably be expected to be measurable in a survey.
% The assets and liabilities included in the net worth measure here are more precisely defined in Bricker et al. [3] or
more briefly in appendix table A3.
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largest asset for many people. One approach might be to capture such values through a present
value calculation. Unfortunately, the amount of information required to for such a computation
is often large and inevitably many assumptions, such as future rates of interest or inflation, future
work decisions, or life expectancy are needed. Because there is no standard set of such
assumptions to rely on, even if the necessary data were available, it would be necessary to
consider a variety of possibilities for the necessary assumptions to give a reasonable indication of
the sensitivity to the assumptions. The complexity of that task is beyond the scope of this paper.
There many other, more peripheral possibilities for valuation, such as future inheritances, the
insurance value of social relationships, and participation in public goods (clean environment,
safety, transportation systems, etc.) that are also excluded in the definition of assets here.

In principle, survey respondents report the value of each of the assets of their household as of the
time of the interview.3® For some assets, such as bank accounts or publicly traded securities or
funds, there is generally an unambiguous current value that would be available to a survey
respondent willing to consult the appropriate source. In the 2013 SCF, 42 percent of respondents
reported checking records for the report of some value during the interview; among the
wealthiest one percent of respondents as estimated in the survey, 54 percent did so.

Undoubtedly, many respondents make their own estimates. Such estimates may be particularly
difficult where the relevant asset does not have a clear, current market value—as is generally the
case, for example, with houses or personal businesses. The survey asks what the household
would get if it sold such an asset. To obtain a definitive value, a survey respondent would most
often need to take the extreme step of putting the asset up for sale. Although respondents may
have a personal expectation of the value, that expectation may be influenced by a variety of
factors, and there may be more of a range of subjectively plausible values than a single value.
One factor that may introduce variance (or perhaps bias relative to some standards) in the
expectation is the underlying search process assumed. For example, a value might be reasonably
be taken to be relatively high if a potential seller is willing to wait for someone with a higher
than average draw from the distribution of potential bids. For someone with no interest in
selling, there might be a relatively high reservation price. In addition, there may be non-
pecuniary aspects of such assets or idiosyncratic aspects of value to the owner that would lead
them to hold a reservation price that would exceed any reasonably expectable offer price. In
some cases, SCF respondents report values as ranges, rather than a single value, and this
response behavior may reflect their evaluation of the true underlying range of possibilities, rather
than simply uncertainty about the exact value. Overall, it seems likely that the variability
attributed to estimates based on reported values understates the true variability and if there are
systematic differences between reported values and values that might be computed as an average
on the basis of fundamentals, there might also be bias in the estimates from that perspective.

The term “liabilities” in this paper is taken to encompass debts directly associated with assets—
including mortgages, home equity lines of credit, vehicle loans, margin loans, loans against cash

3 Respondents are encouraged to consult other household members when that might help in providing more
accurate responses. For example, credit card use, work history and pension rights are often thought to be best
known at the individual level. Unfortunately, the survey contains no systematic information on when someone other
than the respondent provided information during an interview.
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value life insurance, and loans against pension accounts—as well as debts not tied to assets. The
latter type includes credit card balances, unsecured lines of credit, education loans, other types of
consumer loans, and miscellaneous debt, such as loans from friends of family. The SCF also
collects information on loans to or from a personal business, but for present purposes, such
businesses are treated as having a value net of such loans. Similarly, mortgages for
nonresidential real estate are netted against the value of such properties.

With the exception of credit card debt, the value of each debt is taken to be the amount
outstanding as of the time of the interview. For credit cards, the value is taken to be the value as
of the time after the payment on the most recent bill. For all except the most miscellaneous
personal debt, there should usually be a reasonably current statement of loan balances available
in principle. However, there is a subtle way in which the treatment of the valuation of debt is not
parallel to that for assets, which have a value that is, at least in principle, determined by the
current market. One could also consider the value of debt without a floating interest rate to be a
function of the current relevant interest rate, as would be appropriate for a debt security. In that
scenario, a rise in market rates for a fixed-rate loan held by a household would lead to a decline
in the value of the debt. Although interest rates are recorded for most debts in the SCF, the
appropriate reference rate equivalent for the period is often not clear. In addition, there are
generally not common instruments most consumers would turn to directly in order to realize any
gains or losses under this valuation approach, and it is clear that some consumers do not
refinance debt even when there appears to be a substantial current benefit to doing so.

As is the case with most surveys, there is no readily available external source of information for
validating directly the survey responses on wealth in the SCF. However, something may be
learned from comparing results with the estimates of aggregates from national accounts or with
estimates from other surveys. [20] compares SCF estimates with aggregate estimates for the
household sector in the Financial Accounts of the United States (FAOTUS).®” The paper finds
that SCF and FAOTUS levels of total net worth (defined over comparable items) are very close
from 1989 to 1998, but beginning in 2001 the SCF estimated total net worth begins to exceed the
FAOTUS estimate. This shift is driven largely by higher SCF estimates of owner-occupied real
estate and noncorporate businesses and lower SCF estimates of consumer credit. Conceptual
differences explain some of these differences. The value of financial assets was substantially
understated in SCF relative to FAOTUS in the years before 2001; the direction of difference
reversed in 2001 and then the difference declined to a moderate level of understatement.
Holdings of financial assets may be particularly affected by the inclusion of nonprofits in the
household sector of FAOTUS. There are more substantial differences in some disaggregated
categories, but a variety of factors make it difficult to draw a firm conclusion about the source of
the differences. However, the two sources show generally similar trends.

Survey reports of detailed types of income may also provide insights into the extent to which the
survey sufficiently represents economic reality. Part of the SCF collects income using a
framework that is designed to be comparable to that of an individual income tax return. [23]
compares SCF income reports with SOI estimates for the period covered by the 1989 to 2004

37 See [22] for a critical discussion of the FAOTUS.
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SCFs.® The paper finds that the SCF tends to over-estimate total income relative to the IRS data
by somewhat less than 10 percent, but categories of income other than wage and salary income
show more substantial differences. The SCF estimates tend to understate interest and dividend
income and income from pensions, annuities and Social Security by varying fractions, and to
overstate similarly a broad measure of business income, unemployment insurance and alimony,
and a miscellaneous category of other income. Some conceptual differences in the survey,
variations in the use of records by SCF respondents, and other misclassifications of income may
explain some of these differences.

The ability of the SCF even to come close to aggregate estimates of wealth or income is critically
dependent on the list sample. Without the list sample, the SCF would, in effect, provide
significant information on the full population less approximately the wealthiest one percent.3®
This wealthiest group holds approximately a third of total net worth, so under-representation of
that group would yield very large differences and results would be subject to large sampling
error and potentially other sources of error. [25] compares a variety of wealth estimates for the
SCF and the Panel Study of Income Dynamics. That paper finds that the list sample explains the
largest difference between the estimates and that away from the top of the wealth distribution,
the surveys give reasonably comparable results.

I11.  History of wealth and income distributions in the SCF

The SCF data have often been used to study the distribution and composition of wealth and
income.*® This section updates an earlier series of estimates of wealth and income shares and
discusses the role of the list sample in supporting those estimates.

For the surveys from 1989 to 2013, table 2 shows the fraction of households estimated to have
negative net worth, zero net worth or positive net worth, using the combined area-probability and
list samples or the area-probability sample alone. From 1989 to 2007, the data for the combined
samples show a fairly steady proportion of households, from about 7 to 8 percent, followed by a
jump to over 11 percent in 2010 and 2013, following the Great Recession. Over the full period
covered, the proportion with exactly zero wealth tended to decline. Although there may be some
error in classifying households with zero or negative wealth, even when the two groups are taken
together, there is still a jump in 2010 that persists in 2013.

Table 3 shows estimates of the proportion of wealth held by various percentile groups over the
same period covered by table 2. The shares of wealth held by the groups covering the least
wealthy 90 percent of households declined significantly in 2013 relative to the shares measured
in the surveys from 1989 to 2007; there was little change for these groups from 2010 to 2013. A
logical consequence of the changes for the least wealthy 90 percent are offsetting changes for the
wealthiest 10 percent; changes for the subgroups within that wealthiest group, however, are less
clear. For example, only the 1989 and 1992 shares for the wealthiest 1 percent are significantly

38 Each survey contains information on income for the preceding calendar year.
3 See [24].
40 For example, see [1], [26], [27], [28], [29] and [30].
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lower than the corresponding share in 2013 and only the 1995 and 1998 shares of the next
wealthiest 9 percent are significantly lower than corresponding share in 2013.

Figures 1 shows a relative quantile-difference plot for net worth from a 1989 baseline to 2007,
2010 and 2013.** The figure shows clearly the advances made across the broad middle of the
distribution from 1989 to 2007, despite the much larger percentage gain at the top of the
distribution. It also shows the diminution or loss of those gains across the middle by 2010 or
2013, but with some gains relative to 1989 still surviving for the group above the median.

The comparable story for total pre-tax household income, shown in table 4, is similar in some
ways, but there are notable differences. This difference from the pattern seen for wealth may
reflect systematic factors in the weighting of income components in the wealth indexes, changes
in income since the time of the data used for the list sample design, conceptual differences in the
ways survey respondents conceptualize or report their incomes, or other technical factors.

Figure 2 shows a relative quantile-difference plot for total household income, comparable to the
figure 1 for net worth. The data show a U-shaped pattern of largely positive changes from 1989
to 2007, 2010 and 2013, with the figure being roughly nested in chronological order and the
change to 2013 being closest to the zero line. The center of the distribution from the 20™" to the
60" percentile saw approximately no change from 1989 to 2013.  Estimates for the top few
percent are strikingly lower for the change from 1989 to 2010.

Underlying the differences in the wealth concentration estimates are many differences in the
estimated portfolio structures of households across the wealth spectrum. For each survey,
starting with 1989, appendix tables A1.1-A1.9 break out full-sample estimates of the amount and
share of various assets and liabilities for each of the wealth percentile groups in table 3 and
appendix tables A2.1-A2.9 provide estimates of the percent of households within each of the
wealth groups holding the assets and liabilities.

According to the full-sample estimates, the wealthiest one percent hold a strongly
disproportionate share of every type of asset or liability considered, except credit card debt.
Business assets figure particularly strongly in the assets of the group: the great majority of the
group owns a non-publicly-traded business (80.5 percent in 2013) their holdings are well over
half of the total value of such businesses (64.1 percent in 2013). They also hold near half or
more of bonds, stocks, mutual funds other than money market funds, and managed assets such as
trusts or managed investment accounts. Although the group tends to have the highest rate of
ownership of account-type retirement accounts (88.7 percent of the group, compared with 49.2 of
families overall in 2013), their share of the total was much less than 20 percent, as might be
expected from the limits imposed on contributions to such plans. They have near universal

41 The plot shows the percentage difference in the value at each quantile of the distributions (the value for a given
year minus the value for 1989) as a percent of the 1989 value. All dollar figures reported in this paper are given in
2013 dollars, adjusted where necessary by the CPI-URS price series. The figure suppresses the range below the 20™
percentile; in this range, small absolute changes yield such large proportional changes as to make the figure difficult
to interpret. See [31] for a detailed discussion of the wealth of the lower half of the wealth distribution. The dots
around the black line in the figures indicate the 95 percent confidence intervals around selected percentiles for the
change from 1989 to 2013.
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homeownership (97.0 of the group, compared with 65.1 of families overall in 2013). The group
is less likely to have debt overall (66.3 percent of the group, compared with 74.5 percent of
families overall in 2013) and the share of the total is disproportionately less (5.4 percent in
2013).

Most the remaining assets and debts are held by the rest of the top half of the wealth distribution.
Houses become a much larger fraction of assets for these groups. As noted earlier, the least
wealthy 10 percent is typically dominated by families with negative net worth; though houses,
retirement accounts and vehicles are common assets for that group, they tend to be outweighed
by debts.

IV.  Comparison of SCF and tax-based wealth estimates

There has been a growing sense that as surveys become more expensive and more problematic,
particularly in terms of the difficulty of persuading people to participate and to provide good
answers, various forms of alternative data, often administrative data, may provide timelier and
less expensive estimates to supplement or even replace surveys. But often such sources are
based on a different reference population and/or a different conceptual basis for the variables of
most interest. Typically, the most immediately pressing questions in using alternative sources
concern whether the reference population can be “inverted” or otherwise mapped with minimal
error into a desired framework and whether there is some stable or otherwise reliably measurable
method of mapping of variables into the desired conceptual framework.

Of relevance to this paper, [1] uses SOI micro data on personal income to estimate a time series
of net worth distributions starting in 1913, by applying a set of fixed capitalization factors for
each year to apply to the various components of capital income. Taken at face value, their
impressive results suggest that the SCF understates the concentration of wealth at the very top of
the wealth distribution. However, like the SCF their results rest on a set of approximations and
assumptions. The capitalization factors they use are developed from FAOTUS data on
household wealth components and SOI income figures. They also argue for a series of
adjustments to address wealth not reflected in reported income. In the process of creating their
simulated distributions, they do not appear to make any adjustment for the unit of observation.
Although the resulting series refer to estimated characteristics of tax filers, the authors compare
wealth concentration estimates for with those obtained from the SCF, which provides such
estimates on a household basis.*> The tax-income-based estimates appear to include filers who
are not U.S. residents. In addition, as [2] notes, because the number of tax filers is substantially
larger than the number of households, the quantile points of the estimated distribution do not
necessarily align with those that would be obtained from tax data aggregated at the household
level, without further adjustment. As noted earlier in this paper, because very high income filers
are much less likely to file their taxes as married filing separately than are other households, the
99" percentile of taxpayers corresponds to a percentile below the 99" percentile of households,
and that point may vary over time as a function of changes in filing arrangements. In a revised

42 Saez and Zucman approximate the wealth of nonfilers as zero.
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version of their calculations, Saez and Zucman account for this difference and continue to find an
understatement of wealth concentration at the very top of the wealth distribution as measured in
the SCF.

The mapping from income to wealth may also raise issues. Although the authors do an
admirable job of testing the robustness of their assumptions, they do not give a measurable
indication of the inherent range of plausible assumptions and their effects on the level of
estimated variability of estimated wealth values at the observation level or overall. Good
estimates of variability may be particularly important in light of the possibilities for very large
distortions in capitalizing such highly skewed capital income data. [2] also questions specific
adjustments and capitalization factors, some of which may have a substantial effect on estimated
wealth values and their distribution. They also note that Saez and Zucman might obtain
somewhat different results if they smoothed the data over multiple years, as is the caser for the
SCF list sample design.

Whatever problems or concerns there may be with the approach of Saez and Zucman, it does
seem intuitively sensible that there is substantial information in the SOI data that should be
exploited, especially if that information could be augmented with other data matched at the
micro or small-area level that could help with more record-specific estimates of wealth. For such
an approach to have greater appeal, further work is needed to test estimates against observable
wealth and to develop a means of estimating or approximating the variability of the estimates.

This section of the paper does not pursue such work directly, but it does provide insights into the
relationship between net worth measured in the SCF and the wealth indices based on tax data
that support the SCF list sample. The WINDEXO measure that is one component of the list
sample stratifier is similar in concept to the Saez and Zucman measure, though the WINDEXO
capitalization factors are taken from various market sources, rather than estimates made
indirectly. Unfortunately, the “true” measure or wealth is not known in general. So the results
of this section reflect as much on the SCF measurement process (particularly reporting error,
nonresponse and sample design considerations) as they do on income-based projections of
wealth. The available data at least make it possible to provide sufficient information to suggest
some explanations for differences between survey-based and tax-based wealth estimates.

Ideally, the survey would support estimates of the wealth distribution via a sample constructed
using observable characteristics that have a mapping with minimal variance to a conceptually
unambiguous measure of wealth, and that clear structure would not be disturbed by problems in
implementation, such as unit nonresponses or misreporting answers. In practice, we have an
approximate indication of wealth from the wealth index models, the appropriate measure of
wealth is subject to a variety of interpretations, and unit nonresponse is non-negligible;
moreover, as noted earlier reporting errors large enough to have substantial effects on the
estimated wealth distribution are not rare. Problems about potential bias and lack of statistical
efficiency might well be expected in such circumstances.

It is important to note that the design of the list sample in itself is only a framework for
identifying pools of observations that are then sampled. If the sampling mechanism simply
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misclassifies observations in some way relative to the desired measure of wealth, that on its own
would only make estimates of the observed wealth distribution less statistically efficient—it
would not directly induce bias. It is possible, however, that imperfect stratification could result
in bias due to less adequate adjustment for nonresponse in the construction of the analysis
weights, owing to the apparent differential nature of nonresponse over wealth groups.

The most obvious sources from which bias may arise in this context are errors in reporting
answers in the survey, mis-coverage of the population (under-coverage, over-coverage, or
elements of each), and nonrandom unit nonresponse along with inadequate or inappropriate
weighting adjustments.*® Reporting errors may include mistaken answers, answers based on
inattention to the questions, deliberately incorrect answers, or use by respondents of a conceptual
framework that differs in important ways from that intended in the survey design. Imputation
may fail to address item nonresponse adequately if there are systematic factors related to the act
of nonresponse that are correlated with the unreported value. For example, respondents with
unusually valuable assets mighty be differentially unwilling to reveal the fact; unless some other
observed factors correlated with this behavior are available for all cases along with correctly
reported wealth for some cases, imputations in such circumstances would tend to be too low
relative to the true values.

Coverage errors may arise from the dated nature of the list sample frame relative to the time of
the interview, from approximations made in the attempts to align the list sample frame as much
as possible with a concept of U.S.-resident households, or from errors in filing or processing the
individual tax returns that form the basis of the statistical records used for the list sample. There
may be undetected instances where incorrect households were interviewed, but treated in the
processing of the survey weights as identical to the cases actually selected. ** As noted earlier,
unit nonresponse is very substantial for the SCF list sample, and for good reasons, only a few
controls are used in the weighting adjustments intended to ameliorate this problem. If the
nonrespondents differ from the survey participants in a systematic way that is not captured
through the weighting adjustments—for example, by disproportionately having high levels of
wealth in categories that generate no or very small corresponding incomes—there will be bias in
the estimated wealth distribution.

Another issue that may be important for the rarefied extreme upper tail of the wealth distribution
is the granularity that emerges for that group. Typically, we think of sampling from a population
dense with comparable population elements. When similar elements become sufficiently rare,
heterogeneous or otherwise “far apart” in the population, it becomes more likely that important
areas may be missed misstated, either as a result of sampling or nonresponse. Such problems
may be especially severe in the final, open-ended stratum used in the selection of the list sample,

43 There might also be a variety of problems related to administration of the survey in the field or processing of the
data after collection.

4 In principle, data fabrication (“curbstoning”) is an additional potential source of error, but this appears not to be an
important factor for the SCF.
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for which unit nonresponse is highest. ° Even aside from the potential for bias, estimates of
variability based only on the observed data may be inadequate.

A substantial research paper would be necessary in order to dig into each of these issues in detail.
The point of this paper is to look more narrowly at the implications of the design, execution and
processing of the SCF list sample on estimates of the distribution of wealth and the variability of
those estimates. In what follows, the paper explores differences in the distributions of measured
wealth and the wealth indices, in an attempt to identify potential biases or sources of variability
that may not currently be accounted for. The focus is on the top 1 percent of distribution of net
worth or of one of the wealth indices; this is the region within which the list sample is most
dense and thus where it makes its greatest contribution to the combined-sample estimates.*°

To start, it is useful to compare the ordering of individual observations within the distributions of
net worth and the wealth indices. This approach abstracts from any differences in levels across
the distributions or the relative size differences within distributions. For each SCF cross-
section from 2001 to 2014, table 5 shows the mean and standard deviation of the percentile of the
distribution of the various wealth classification schemes, given that an observation is in a
particular one-tenth percentile group of the top one percent of another of the classifiers.” For
example, the first column of the table shows the mean and standard deviation of the estimated
percentile of entities in the distribution of WINDEXO, by its position in the estimated
distribution of directly measured net worth. There is clearly substantial agreement in the
ordering of observations under the different classifiers overall, in that the great majority of the
means are at least above 99. But there are still some notable differences, with some figures
substantially below 99 and with a lack of clear monotonic increases in the figures with increasing
wealth classification groups.

Generally, the rank of survey net worth and the rank under the wealth indexes appear to be more
closely aligned in the top half percent in the distribution of net worth than in the lower half of the
group. One might expect that there to be some variability in the ordering between net worth and
the wealth indices, if only because net worth is observed at the time of the survey, whereas the
income figures used in computing the indices are for an earlier time. However, there is also
substantial variability in the classification between WINDEXO0 and WINDEX1, which overlap at
least in terms of common income inputs.

Some part of the differences in ordering is surely due to deviations in the parameters of the
WINDEXO0 and WINDEX1 models from the specific values appropriate for the values observed
for individual tax filers in the SOI data. Rates of return may be idiosyncratic. In extreme cases,

% Indeed, at a certain level of population granularity, there may be a strong argument for selecting such units with
probability one. However, with unit nonresponse among such cases, it is not clear what, if any, weighting
adjustment would be appropriate.

46 It might be desirable to look more broadly at this group in the context of the entire wealth distribution observed in
the list sample, but the number of observations below the estimated 95™ percentile is too small for such a
comparison to be meaningful.

47 The analysis in this section focuses on the 2001-2013 SCF cross-sections, because the sample construction is
most similar over that period, as discussed in the second section of this paper. The percentiles are computed using
the relevant weights, but the means and standard deviations reported in the table are unweighted.
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an asset may lose its value entirely or increase in value at a rate far beyond average returns for
the asset class. Even well within those extremes, the data collected in the SCF on assets and
their associated income indicate great variation in rates of return implied by those related pairs,
and this is particularly so for relatively wealthy households.*® As noted earlier, the model
underlying WINDEXL is a regression of wealth observed in the previous survey on income (and
other characteristics) from the SOI data used in creating the sample for that survey. As also
noted earlier, while flexibility in that regression allows some implicit accounting for variations in
rates of return across observations, those returns are particular to the estimation period; because
the regressions coefficients are a combination of rates of return and other factors, there is no
obvious direct way to “update” them for the succeeding survey. In addition, the rates of return
assumed in the WINDEXO model are specific only to the reference period of the SOI data.
Because rates of return are embedded in the fundamentals that underlie many asset values,
changes in relative returns between the reference time for the SOI data and the time of the survey
may lead to WINDEXO values that imply a different distribution of wealth than that in the period
of the survey, and thus a different ordering.

Of course, even fair agreement across the measures on the ordering of observations does not
necessarily imply that the various distributions agree as well on the relative concentrations of
amounts. As a primary exploratory device, the paper uses a variety of estimates based on Lorenz
curves to examine measurement at the extreme right-hand tail of the wealth distribution. A
Lorenz curve plots the cumulative percentage of an item held by a population against the
corresponding cumulative percent of the population. Loosely speaking, a Lorenz curve close in
its midsection to the 45-degree diagonal reflects a more equal distribution than one further from
the diagonal. Like the investigation of ordering, this approach offers the benefit that
comparisons are independent of overall differences in levels across the wealth measures. Like
the earlier results on ordering, the Lorenz curves shown in figures 3 and 4 for net worth,
WINDEXO0, WINDEX1 and WINDEXM for 2001 and 2013 also include data only for the top
one percent of list sample participants.*® The estimates for each wealth measure are made using
the nonresponse-adjusted weights computed for the list sample, as described earlier in this paper.
Table 6 provides supporting information on the shares of the overall top one percent of net worth
and the wealth indexes of the top one percent, attributable to each of the one-tenth percentile
groups between the 99" and 100" percentiles.°

It is clear from the figures that the curves for net worth and WINDEX1 are most similar and they
are mostly distinctly to the left of the curves for WINDEXO0 and WINDEXM, which are also
similar to each other. Because the WINDEX1 model is based on a regression of observed survey
wealth on variables available in the sample frame, it might be expected to be at least somewhat

48 Of course, some of this variation may reflect reporting error in the survey or instances where the household chose
to consume or give away assets since the reference period of the survey measure of income.

9 The one-percent group is defined separately for each curve.

%0 Appendix table A4 provides similar information for the combined area-probability and list samples. Note that the
population defining the top one percent is different in this case. The figures for the list sample in table 6 are based
on the population of tax filers modified as described above, whereas the population in table A4 is the full set of
households. The standard errors with respect to sampling shown in the table reflect only variability of the shares
taking the share of the top one percent as given.
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more aligned on a conceptual basis with measured wealth than WINDEXO0. The results imply
that for the set of survey participants, the distributions described by observed net worth and
WINDEX1 tend to be less concentrated than those implied by WINDEXO0 and WINDEXM. In
addition, there are substantial differences in the spreads of these curves in the two years.
Moreover, there does not appear to be any tendency toward a smaller spread of the curves over
time, as indicated by inconsistent variation across comparable plots for 2004, 2007 and 2010 (not
shown).

A defect of a Lorenz curve is that it displays the relevant information in only a small space of the
plot, and it is difficult to make comparisons across curves. To facilitate further exploration of
sources of variation relevant for understanding the measurement of the upper tail of the wealth
distribution in the SCF, the remaining analysis focuses on the differences between a Lorenz
curve for a given wealth index and sample group and the Lorenz curve for net worth for the
survey participants (“Lorenz difference curve”). Figures 5 and 6 provide such estimates
corresponding to the curves for survey participants, shown in figures 3 and 4, respectively. %' By
construction, each line in the figure is zero at the 99" percentile and the 100" percentile.

Positive (negative) values indicate that the relevant wealth index is more (less) heavily
concentrated at higher percentile values than is the distribution of net worth, as estimated for the
survey participants. An upward (downward) sloping curve to the right indicates that the wealth
index is becoming more (less) concentrated than net worth. For 2013 (2001), the figure shows
that at the 99.5" percentile, about 2.5 (5) percent more of the total of WINDEXO was held by
wealthier households than was the case for net worth.  Although the population examined here
for each estimate differs somewhat, within each year they all derive from the same set of survey
participants and they are very largely the same cases, as is clear from the results above on rank
ordering. Thus, sampling error is unlikely to be an important explanation of differences across
wealth measures within a given period.

There are three primary potential explanations for the persistent differences in distributions of
wealth measured in the survey and the corresponding WINDEX distributions within each of the
surveys. (1) Itis possible that conceptual differences or ambiguities in wealth measures are an
important source of difference. For example, all the WINDEX measures use a measure of
income reported for tax purposes to estimate an underlying wealth component. In practice, as
discussed earlier not every type of asset generates income of a sort that would be reported for tax
purposes, and information on debts is generally limited at best. % In addition, some elements of
wealth do not have a well-defined and objective value (such as personal businesses or even
houses), short of testing the marketplace with an actual transaction. However, for such factors to
explain the differences in concentration would require that conceptual differences have a
differentially larger effect on the very highest parts of the distributions of net worth and the
wealth indexes. As noted earlier, there also may well be a substantial variation in the returns
associated with different assets even within the same asset class. Loosely speaking, for such

51 The value shown on the Y-axis is the value of the Lorenz curve for net worth at each percentile point minus the
corresponding value of the Lorenz curve for each of the wealth indexes.

52 In addition, very wealthy individuals may have a greater ability than others to determine the extent to which their
assets yield taxable income or the timing of income realizations.
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differences to explain the persistent differences in concentration would require greater
understatement of rates of return relative to the true value at the top of the distribution.

(2) At least some of the differences are surely due to deviations in survey responses from
precisely correct answers. Some such deviations are ones that may have a random component,
as would be the case with ignorable item nonresponse.>®* More difficult to address are the effects
of reporting error, in the underlying tax data or in the survey. For present purposes, it seems
unlikely that clear errors in the tax data are a dominant factor, particularly given the importance
of the tax returns of very high-income taxpayers within the tax collection process. Nonetheless,
there may still be interpretations of reportable income derived from specific understandings of
the tax code that lead to idiosyncratic reporting behavior that functions in the context of this
analysis like reporting error.

Errors in the survey reports almost surely at least contribute to the differences between directly
measured wealth and the WINDEX estimates. Because it is not feasible to conduct an exact
evaluation study for the SCF, the primary evidence in this area derives from the survey editing.
As noted earlier, examination of that process shows that editing leads to very substantial
differences in the estimated wealth distribution. While the SCF editing process is based on
principles, the execution is often not exact and, consequently, the process adds noise to
measurement that is very difficult to quantify. Moreover, it may also introduce error not initially
present, either because of misinterpretation of the situation or because of the application of rules
with embedded biases, such as might be the case for rules for selecting values to edit based on
the saliency of data items. It should be noted that even if this process introduces no bias, it
remains an unaccounted source of variability in estimates.

(3) As discussed earlier in this paper, the date of the survey wealth measure is generally as of a
point two years or more after the latest reference period for the relevant income measures.
Despite the approach to smoothing values across multiple years of tax-based data, large transient
changes in income may still lead to important distortions in WINDEX measures relative to an
ideal measure relative to wealth at the time of the survey. In periods where capital gains or
losses occur relatively rapidly and differentially across asset classes, there may also be
corresponding distortions in the WINDEX measures. Moreover, in the case of WINDEX1, the
model estimates implicitly embed period-specific interest rates that cannot be adjusted in any
straightforward way, in contrast to the case of WINDEXO. Nonetheless, the consistency of the
general patterns of difference across periods with very different patterns of change in incomes
over the preceding period suggests that while such factors may add to variation in the difference
over time, they are likely to be less important than other factors in explaining relatively greater
concentration of the WINDEX measures compared with the survey measure of net worth.

%3 In principle, imputation error may be estimated. In practice, it is sufficiently difficult to estimate such error for
present purposes that it is beyond the scope of this paper and left for future development. Past experience suggests
that error attributable to that source is unlikely to be important relative to the differences observed here. In this
paper, the emphasis is on directions of change and their consistency over time and with respect to the sampling or
unit response processes.
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Figure 7 shows wide variation in the Lorenz difference curve for WINDEXM, the wealth index
used directly in the sample selection, over the five surveys between 2001 and 2013. Unlike the
case of the plots within figures 5 and 6, here sampling error may explain some of the differences
across years; each of the samples is selected independently.>* But as indicated by the figures in
table 6 for ownerships shares by one-tenth percentiles of the top one percent, the estimated
standard error due to sampling for share estimates for net worth and the wealth indexes averages
between about 5 and 8 percent of the estimate (not percentage points of the estimate).>® Thus,
while the estimated sampling error may understate the true sampling error, the results suggest
that straightforward sampling explains a relatively small part of the observed variation.

Other possibilities to explain the variation in differences include time-dependent conceptual
differences in measured net worth and WINDEXM, nonstationary errors in the survey
measurement, or true changes in economic conditions from the time frame relevant for the
construction of WINDEXM to the time of the survey measurement. Addressing the first two
possibilities would be quite difficult, but at least for the third possibility we may gain some
insights from changes in income and asset prices over the relevant periods. The curves show the
smallest differences in the Lorenz curves for net worth and WINDEXM in 2001, 2007 and 2013.
One might argue that there were fewer disruptions in the relationship between wealth and the
income processes that underlie WINDEXM from the reference time of values reported in the
frame data to the time of the interview than was the case for the other survey years considered
here. The fact that the major stock market declines in 2007 began only after the great bulk of the
2007 SCF interviews were already completed could explain the relatively low difference for that
survey. Similarly, the much larger differences in 2010 may reflect disturbance from the Great
Recession and the large differences for 2004 could reflect unusual reporting of capital income as
a result of changes in the tax code generally seen as favorable to dividends and capital gains.

Ultimately, we care about the concentration of net worth for the entire relevant population, not
just the set of participants. Distortions may be introduced by nonresponse and issues related to
survey administration or even by artifacts in the sample design that affect the coverage properties
of the sample. We have no direct information on net worth for either the entire list sample frame
or full set of selected list sample respondents; but we are able to observe WINDEXM for the
participants, the members of the full sample, and the members of the entire frame. Comparison
of Lorenz difference curves for net worth participants and the wealth index values for the full
sample can reveal differences due to nonresponse and comparison with estimates for the entire
list frame can show differences relative to the closest approximation to the true target
population.>®

% There is some small dependence of samples between surveys as a result the exclusion of cases that had contact
with interviewers in a preceding survey, as discussed earlier in this paper.

%5 Note that the sampling error estimate here is defined only on the variability within the top one percent. Of course
in the context of the broader sample, the share of that group overall has variability.

%6 For this purposed, the entire frame is taken to be the full SOI sample adjusted to provide the basis for sampling, as
described in the first section of this paper. The adjustments exclude the restriction in applied in the sample selection
to allow only cases in pre-selected areas of the U.S.
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A potentially important difference in comparing the concentration of wealth measure for the
survey participants with the WINDEX measures for the full sample and for the entire frame is
that the latter two populations potentially contain members of the Forbes list of the 400
wealthiest people in the U.S., while the set of participants by construction does not. To address
this concern, table 6 for the survey participants, table 7 for the full sample, and table 8 for the full
frame include concentration estimates for the top ten one-tenth percentiles groups, excluding the
400 top elements, as well as the corresponding unrestricted estimates.®” Although the population
adjustment has some effect on reducing differences in the concentration estimates based on the
participants and those based on the other two groups, the effect is generally relatively small.

This result highlights additionally that the overall results are not determined by a small number
of extreme outliers. For simplicity, the remaining analysis here focuses on the unrestricted set of
cases in each group.

Under both of the broader group definitions and across the all the survey years considered here,
WINDEXM remains more concentrated than net worth. As shown in figures 8 and 9 for 2001
and 2013 respectively, WINDEXM is even more highly concentrated than net worth for the full
sample and for the entire frame than is the case for just the set of participants. However, this
result does not hold for all other years (not shown): for 2004 and 2010, the difference in the
concentration of WINDEXM and net worth is greatest for the set of participants. For all the
years of the surveys considered except 2010, the degree of difference of concentration is greater
for the entire frame than for the full sample; for 2010, they are about the same, as one might
expect to be the case on average overall, absent distortions in the sampling process. This result
suggests that it may be worthwhile to reconsider some of the geographic and other restrictions
imposed in the sample selection or the approach to weighting.

The time series of differences for the full sample shown in figure 10 gives a similar ordering of
differences over years as that for the set of participants, as shown in figure 7. It also shows a
more compressed range of differences across the years. The most notable change from the
ordering in the earlier figure is the greatly reduced difference for the 2004 data. In contrast, the
comparable estimates for the entire frame, shown in figure 11, show larger differences, more on
the order of those in figure 7; it also yields yet another order of differences, with the greatest
difference being between the concentration of 2001 net worth for participants and WINDEXM
for the entire frame. Thus, the possible macroeconomic explanation of some differences offered
in the case of the participant group does not appear to be sustained as well here.

Although the evidence for consistent differences attributable to unit nonresponse or the sample
design is not definitive, the results strongly suggest that there is at least another dimension of
variability that may be substantial and that is not fully accounted for in the existing methodology
of variance estimation. More work is needed to understand the differences.

5" The 400 elements are defined here using the relevant weights to exclude a conceptually more comparable group.
As noted earlier, the Forbes 400 group is not, in fact, necessarily among the top 400 in terms of net worth of the
wealth indices. For the full list sample, the selection weights are used for the estimates reported, and for the full
frame, the weights developed for the adjusted SOI data are used.
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Although some of the differences observed in the survey and wealth index distributions
examined here are substantial, it should be kept in mind that those differences apply only to the
distribution of the wealth of the top 1 percent. Because this group holds roughly one third of the
total wealth, according to the SCF full-sample estimates, the differences should be considered in
that more reduced context. The list sample appears to make a very substantial contribution
toward anchoring the upper tail of the wealth distribution in a way that avoids unbelievably
extreme jumps across the surveys. Nonetheless, pending future research to formalize additional
sources of variability, the results still seem to argue for modesty in making SCF-based claims
about the wealthiest one percent or, a fortiori, narrow subgroups of that one-percent group over
time.

V. Conclusions and future research

This paper presents a comprehensive review of the SCF list sample, which traditionally has been
argued to distinguish the SCF most essentially from other surveys that collect wealth data based
on sample designs without a comparable tie to income or wealth. The bulk of the list sample is
aimed at the top one percent of the wealth distribution, a group very difficult to include in
surveys, but also critically important for the accuracy and precision of estimates of right-tail-
dependent statistics related to wealth, such as means or concentration estimates.

The list sample design is based on proxies (“wealth indices”) for net worth, generated using
statistical records derived from individual income tax returns. One of those proxies is very
similar to one used by [1] to make a time series of estimates of the wealth distribution. If a
correspondence of such estimates with SCF estimates—or with a closer representation of actual
wealth—could be clearly established, it might be possible to use that information to provide
better and more regular estimates of wealth at a high level and to increase the accuracy and
precision of SCF estimates, which are important for understanding the more detailed
compositional effects for wealth. Unfortunately, we do not yet have sufficient grasp of the
relevant “true values” to be able to say with assurance that a particular path is the right one.
More research is clearly needed and would be a valuable contribution.

Based on comparisons of SCF estimates of aggregate wealth with external estimates, it appears
that the survey does a good job of reproducing the important outlines of changes in wealth in the
economy. However, there are differences in those comparisons and some of them may turn on
artifacts of measurement in the very rarefied extreme upper tail of the wealth distribution. In the
observed range, the wealth distribution has a fractal-like nature, with a small “wealthiest”
fraction holding a very disproportionate share of the total even within progressively smaller
slices of the top of the wealth distribution—seemingly up to the point that all that is left is a
small group of extraordinarily wealthy people. Because it is clear from patterns of nonresponse
in the survey that there is progressively greater nonresponse with greater values of the wealth
index used for sampling, it seems very likely that some important share of wealth will surely be
not be meaningfully represented—weighting at the very top cannot compensate, because there
would be no similar cases to up-weight.
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This paper looks in detail at the performance of the survey among the top one percent of the
population by several wealth measures. The evidence presented indicates that the survey-based
estimates of wealth concentration among the top one percent is generally less concentrated than
would be expected from the wealth proxies based in part on capitalized income flows, which
serve as the stratification basis for the SCF list sample. Moreover, the results also suggest that
unit nonresponse and some aspects of the restrictions imposed in the list sample design may
affect the accuracy or precision of concentration estimates.

In this light, the following areas of research seem most important for understanding the
underlying differences and for plotting a path toward better estimates. First, it may be helpful to
undertake a systematic evaluation of survey cases whose position in the estimated wealth
distribution differs substantially from what would be expected on the basis of the wealth index
employed in the SCF sample design. This exercise might give additional insights into the nature
of reporting errors in the survey as well as a sense of any important distortions in the
construction of the wealth index. Improvements might be identified for the data collection or
processing efforts or for the design of the wealth index. Second, an effort should be made to
obtain the necessary data to compute a version of the wealth index that corresponds to the same
year as the survey measurement and potentially the intervening year as well; the data used in the
list sample design generally predate the data collection by at least two years. A temporally
parallel estimate of the wealth index might help explain further differences in classification in
terms of measured wealth and the wealth index used for sampling.

Third, some reconsideration of the survey weighting protocol should be undertaken. The
weighting adjustment for the SCF might be thought to bring the estimated wealth distribution of
key frame variables for the survey participants into line with the estimates from the entire frame,
but it is a virtual impossibility to create a perfect alignment in every dimension. The adjustments
made surely do align a number of important characteristics. The extent to which the distribution
of net worth and the wealth index are aligned as a result depends critically on the broad
conceptual correspondence of measures, the lack of systematic bias in the survey data and the
adequacy of the weighting adjustments. The temporally parallel estimate of the wealth index, as
described above, might also provide the basis for a further weighting adjustment within the
existing framework, with the potential to reduce the variance of estimates and possibly to
identify or address some aspects of bias. It is an open question whether it would be advisable to
align other aspects of the survey observations more tightly with the frame data—for example, a
the relative concentration of the wealth index might be imposed on the survey to yield common
concentration estimates. Even if there are such important conceptual differences that complete
alignment would not be advisable, there might be some advantage in a least a partial alignment,
if only as an experimental alternative to be studied over time.

Fourth, further attention should be given to the effects of some restrictions imposed in the design
of the list sample. The exclusion of most geographic areas not included in the SCF area-
probability sample and the exclusion of past sample members may be the most pressing points to
consider, but it may also be advisable to review the adjustments imposed to transform a file
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defined in terms of tax units to a frame purporting to represent households containing at least one
of filer of an individual tax return.

Fifth, in light of the time series of information available on nonresponse for the list sample, it
would be worthwhile to undertake additional modeling with the frame data together with other
information to improve or update understanding of unit nonresponse. Consideration of changes
across the multiple years of observations combined in each year of the frame data since the 2001
survey may be especially informative. Some of the resulting information might affect the
strategy for adjusting the analysis weights to compensate for nonresponse, but there may also be
useful lessons for the survey administration.

Finally, even if no changes are decided for the survey design and execution, the available
evidence gives weight to the thought that there may be sources of variability particularly
important for the extreme upper tail of the wealth distribution that are not currently captured in
the variance estimation methods developed for the SCF. A methodical review should be
undertaken to ensure that variability is not seriously misstated for right-tail-dependent SCF
estimates or other important estimates.

For any change that would touch as deeply into the heart of the SCF measurements as one in the
sample design or related technical matters, it would be important to make a very strenuous effort
to bridge any period of change. Ideally, any such bridging would be made available for as many
waves of the survey as possible, but at a minimum there should be an overlap of methods for at
least one survey. Obviously, any serious changes should be subjected to a rigorous process of
evaluation both before and after implementation. But where a change is one that cannot be
bridged, even greater care should be exercised.

The results of the paper can be taken to argue that, at least pending additional research, there
should be an extra degree of modesty in interpreting SCF concentration estimates and similarly
right-tail-dependent estimates, and their changes over time. Because the “truth” is not known,
the same point might be argued for wealth estimates simulated directly from tax-based data.
Better versions of particular estimates often may be had by pooling or otherwise leveraging
alternative approaches or data, if we can understand the respective strengths of the sources so as
to be able to weight their contributions appropriately. The SCF has already gone further than
most surveys in exploiting alternative data and undoubtedly it can go further.
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Table 1: Percent ratio of total Forbes 400 wealth to total SCF wealth, by survey year.

1989

1992

1995

1998

2001

2004

2007

2010

2013

1.48

1.63

1.79

2.39

2.13

1.92

2.35

2.3

3.08

Table 2: Percent of households having negative, zero or
positive net worth, by sample group, 1989-2013
Year Area-probability and list samples
Negative Zero | Memo: <=0 | Positive
1989 7.3 3.9 11.1 88.9
1992 7.2 3.2 10.4 89.6
1995 7.1 2.6 9.7 90.3
1998 8.0 2.5 10.4 89.6
2001 6.9 2.6 9.5 90.5
2004 7.1 1.7 8.9 91.1
2007 7.8 1.9 9.7 90.3
2010 111 2.0 13.1 86.9
2013 11.6 1.3 13.0 87.0
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Table 3: Shares of net worth held by various percentile groups, 1989-2013 SCFs.

Combined area-probability and list samples
Survey ’
year Net worth percentile group
0-10 10-30 30-50 50-90 90-99 99-100
1989 -02 * 03 * 28 * 29.9 * 37.1 30.1
0.1 0.0 0.2 1.8 2.8 2.3
1992 -03 * 05 * 31 * 29.7 * 36.9 30.1
0.1 0.0 0.2 1.1 1.4 1.4
1995 -03 * 06 * 33 * 286 * 332 * 34.6
0.0 0.0 0.1 0.7 1.0 1.3
1998 -04 * 04 * 29 * 284 * 347 * 33.9
0.1 0.0 0.1 0.9 1.3 1.5
2001 -02 * 04 * 26 * 274 * 37.1 32.6
0.0 0.0 0.1 0.7 1.3 1.4
2004 -03 * 04 * 24 * 279 * 36.2 334
0.0 0.0 0.1 0.9 1.2 1.2
2007 -03 * 03 * 24 * 26.0 * 37.7 33.8
0.0 0.0 0.1 0.6 11 1.3
2010 -0.7 0.2 1.7 24.3 40.0 345
0.1 0.0 0.1 0.7 1.3 1.5
2013 -0.7 0.2 1.6 23.6 39.0 36.3
0.1 0.0 0.1 0.6 1.2 1.4

Note: Estimated standard errors due to sampling and imputation are given in italics below each main
estimate. An asterisk indicates that the value of an estimate is significantly different from the comparable
value for 2013 at least at the 5 percent level.
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Table 4: Shares of income received by various percentile groups, 1989-2013 SCFs.

Combined area-probability and list samples

Survey -
year Income percentile group
0-10 10-30 30-50 50-90 90-99 99-100
1989 3.6 83 * 12.5 408 * 21.2 13.7
0.4 0.6 0.7 1.5 2.1 2.3
1992 4.0 99 = 142 * 418 * 21.6 8.5
0.3 0.4 0.6 1.2 1.0 0.7
1995 4.1 92 = 147 * 407 * 19.9 115
0.3 0.3 0.6 0.9 0.7 1.0
1998 3.8 85 = 131 * 411 * 21.1 12.3
0.3 0.3 0.5 1.0 1.1 1.0
2001 3.1 79 = 11.9 38.1 24.5 14.5
0.2 0.3 0.5 1.2 1.2 2.1
2004 3.6 78 * 12.3 400 * 22.2 14.0
0.2 0.3 0.5 0.9 0.9 0.9
2007 35 75 * 115 36.3 24.7 16.6
0.2 0.2 0.5 0.8 0.9 1.1
2010 55 7.1 12.2 37.1 254 12.6
0.3 0.2 0.4 0.7 1.0 1.0
2013 4.7 6.6 11.2 36.0 25.8 15.7
0.2 0.2 0.4 0.8 1.0 1.3
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Table 5: Mean and standard deviation of percentile of wealth index, by percentile of net worth, WINDEXO0 or WINDEX1;
2013, 2010, 2007, 2004 and 2001 SCFs.

Percentile group Net worth WINDEXO0 WINDEX1

WINDEX0 |[WINDEX1 |WINDEXM |WINDEX1 |WINDEXM |WINDEX0 |WINDEXM
2013
99-99.1 97.55 98.05 97.98 93.83 99.00 98.23 98.65
5.14 2.72 3.83 6.52 0.32 1.28 0.73
99.1-99.2 98.86 97.82 99.08 96.89 99.27 98.74 99.06
1.09 7.54 0.79 5.13 0.21 1.35 0.80
99.2-99.3 98.91 97.55 99.06 93.23 99.28 98.90 99.16
1.33 8.19 1.19 11.47 0.18 1.35 0.69
99.3-99.4 98.83 97.78 98.99 97.46 99.42 99.09 99.34
1.53 4.83 1.28 7.85 0.14 1.33 0.60
99.4-99.5 98.89 98.79 99.04 96.50 99.41 99.05 99.37
1.93 1.49 1.56 4.39 0.09 1.30 0.52
99.5-99.6 99.30 99.28 99.49 96.78 99.54 98.98 99.38
1.00 1.07 0.68 3.56 0.11 1.23 0.56
99.6-99.7 99.32 99.41 99.54 97.56 99.65 99.24 99.53
1.10 1.39 0.65 5.72 0.09 1.03 0.47
99.7-99.8 99.39 99.40 99.49 98.70 99.77 99.48 99.68
1.04 0.86 0.86 2.69 0.09 0.63 0.30
99.8-99.9 99.72 99.48 99.81 98.79 99.88 99.77 99.86
0.48 1.93 0.30 6.40 0.06 0.47 0.15
99.9-100 99.89 99.87 99.93 99.76 99.97 99.89 99.95
0.32 0.74 0.20 1.74 0.02 0.26 0.07
2010

99-99.1 99.01 98.90 99.16 95.94 99.12 98.50 98.92
0.85 1.06 0.62 12.12 0.38 1.27 0.67
99.1-99.2 98.73 99.11 99.04 98.22 99.17 98.44 99.06
1.60 1.10 1.35 1.98 0.30 1.78 0.70
99.2-99.3 98.59 98.81 98.97 97.49 99.19 99.10 99.37
2.10 1.65 1.45 3.35 0.23 1.05 0.56
99.3-99.4 98.81 99.56 99.38 96.40 99.31 98.97 99.30
2.28 0.51 0.87 5.53 0.21 1.00 0.49
99.4-99.5 99.00 99.23 99.28 97.67 99.47 98.74 99.37
1.20 1.44 0.88 4.58 0.13 2.25 0.55
99.5-99.6 99.04 99.43 99.42 98.28 99.57 99.36 99.55
1.50 0.90 1.07 2.93 0.11 0.69 0.32
99.6-99.7 99.33 99.47 99.50 98.37 99.64 99.19 99.54
0.83 0.62 0.58 2.96 0.08 0.84 0.32
99.7-99.8 99.62 99.67 99.72 98.03 99.76 99.40 99.66
0.67 0.54 0.46 4.84 0.08 0.74 0.25
99.8-99.9 99.52 99.63 99.69 99.02 99.88 99.59 99.78
0.89 0.57 0.56 3.13 0.06 0.63 0.18
99.9-100 99.89 99.91 99.92 99.81 99.97 99.92 99.95
0.30 0.27 0.18 0.87 0.03 0.15 0.07
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Net worth WINDEXO0 WINDEX1
WINDEX0 [WINDEX1 [WINDEXM |WINDEX1 |[WINDEXM |WINDEX0 | WINDEXM
2007

99-99.1 98.35 99.12 99.00 98.57 99.21 96.95 98.83
2.84 1.12 1.68 1.74 0.37 4.83 0.95

99.1-99.2 95.68 96.95 96.87 97.71 99.23 97.95 98.81
5.26 3.51 3.36 3.19 0.37 1.78 0.75

99.2-99.3 98.03 98.88 98.62 86.49 99.01 98.28 99.03
2.27 1.38 1.83 18.43 0.20 1.60 0.60

99.3-99.4 98.84 99.05 99.24 94.99 99.41 98.36 99.19
1.52 1.25 1.07 15.14 0.29 1.90 0.62

99.4-99.5 98.79 99.21 99.25 97.75 99.47 98.86 99.41
2.30 1.04 1.28 4.48 0.20 1.28 0.41

99.5-99.6 98.26 99.18 99.02 94.40 99.54 99.03 99.49
2.95 0.97 1.36 11.39 0.15 0.88 0.26

99.6-99.7 99.02 99.44 99.35 98.29 99.67 99.03 99.62
1.77 1.01 1.15 6.31 0.12 1.74 0.24

99.7-99.8 99.48 99.60 99.69 99.20 99.77 99.33 99.73
0.73 0.69 0.39 1.12 0.12 1.08 0.20

99.8-99.9 99.64 99.74 99.80 99.32 99.89 99.65 99.83
1.00 0.40 0.37 2.67 0.08 0.46 0.14

99.9-100 99.87 99.94 99.94 99.90 99.97 99.89 99.96
0.37 0.14 0.17 0.28 0.02 0.39 0.05

2004

99-99.1 98.66 98.17 99.06 97.88 99.19 97.83 98.58
2.08 4.69 0.98 4,59 0.25 2.31 1.19

99.1-99.2 98.59 98.40 98.88 96.46 99.23 98.94 99.25
1.80 1.65 1.28 6.49 0.25 1.29 0.70

99.2-99.3 97.77 98.69 98.75 96.25 99.27 98.35 99.14
2.96 3.18 1.42 6.16 0.20 2.50 0.94

99.3-99.4 98.48 99.06 99.13 97.35 99.42 98.29 99.10
2.35 2.22 1.26 6.10 0.15 2.29 0.82

99.4-99.5 99.11 99.26 99.42 96.68 99.46 98.20 98.98
1.20 1.29 0.75 4.03 0.12 1.62 0.62

99.5-99.6 98.87 98.99 99.05 97.53 99.56 99.24 99.49
2.25 3.08 2.35 4,75 0.08 1.10 0.49

99.6-99.7 99.36 99.58 99.56 98.02 99.66 99.29 99.56
1.01 0.66 0.61 3.44 0.06 1.02 0.40

99.7-99.8 99.45 99.50 99.61 97.84 99.76 99.20 99.58
1.02 1.34 0.82 7.00 0.05 1.31 0.41

99.8-99.9 99.59 99.79 99.74 99.12 99.86 99.66 99.81
0.83 0.30 0.48 3.49 0.05 0.54 0.23

99.9-100 99.91 99.92 99.94 99.78 99.97 99.91 99.95
0.22 0.23 0.13 1.15 0.02 0.25 0.08
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Net worth WINDEXO0 WINDEX1
WINDEX0 [WINDEX1 [WINDEXM WINDEX1 | WINDEXM WINDEXO0 WINDEXM
2001

99-99.1 98.43 97.91 98.88 93.29 98.85 98.93 99.24
244 4.03 1.53 6.13 0.30 1.43 0.71

99.1-99.2 97.99 98.55 98.65 97.43 99.11 98.99 99.28
2.64 1.38 1.47 2.31 0.28 1.42 0.68

99.2-99.3 98.71 98.27 98.96 97.39 99.23 98.74 99.16
1.82 2.85 1.48 3.87 0.22 1.35 0.74

99.3-99.4 99.13 98.48 99.31 98.12 99.37 98.92 99.29
1.63 3.06 1.13 1.96 0.21 1.29 0.63

99.4-99.5 99.11 98.42 99.22 98.34 99.47 99.18 99.43
1.40 3.03 1.20 1.47 0.14 0.98 0.48

99.5-99.6 98.85 98.35 99.01 95.59 99.57 99.13 99.46
2.29 6.05 2.52 7.67 0.08 1.19 0.49

99.6-99.7 99.31 98.21 99.38 97.73 99.66 99.30 99.52
1.89 6.34 2.24 4.08 0.08 0.62 0.32

99.7-99.8 99.42 99.50 99.55 98.98 99.75 99.48 99.70
1.06 1.24 0.97 1.66 0.07 1.05 0.33

99.8-99.9 99.70 99.71 99.78 97.51 99.85 99.70 99.82
0.81 0.51 0.51 6.74 0.06 0.62 0.21

99.9-100 99.85 99.83 99.89 99.19 99.97 99.91 99.96
0.66 0.79 0.53 4.19 0.02 0.30 0.07
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Table 6: Percent of net worth or wealth index held by one-tenth percentile groups of survey participants

between the 99th and 100th percentiles, by sample exclusion and survey year.

Percentile group

Drop 99.0- 99.1- 99.2- 993- 994- 995- 99.6- 99.7- 99.8- 99.9-
400 Variable Year 99.1 99.2 99.3 99.4 99.5 99.6 99.7 99.8 99.9 100
No  Networth 2013 400 432 4.63 5.13 5.53 6.81 7.89 9.47 1291 39.32
No  Networth 2010 397 426 4.64 5.36 6.17 6.84 7.89 9.68 1354 37.65
No  Networth 2007 448 474 493 5.32 5.86 6.92 7.91 9.67 1254 37.64
No  Networth 2004 414 457 4.95 544 6.02 6.92 792 1048 1439 3519
No  Networth 2001 435 454 511 541 6.39 7.21 8.49 1035 13.74 3443
No WINDEXO 2013 333 4.04 3.40 5.40 511 6.39 7.65 991 14.02 40.74
No WINDEXO 2010 2.69 2.96 3.37 3.60 4.20 5.18 6.56 8.48 12.07 50.88
No WINDEXO 2007 3.67 410 3.47 5.79 521 6.35 7.95 9.84 13.46 40.17
No WINDEXO 2004 2.98 3.24 3.52 3.82 431 4.82 6.11 793 12.01 51.26
No WINDEXO0 2001 3.71 3.88 4.09 4.68 5.20 6.24 741 1027 1475 39.78
No WINDEX1 2013 3.96 435 4.82 5.18 6.25 6.79 7.72 9.66 13.97 37.29
No WINDEX1 2010 416  4.66 5.16 5.52 6.06 6.91 7.99 9.54 12.06 37.94
No WINDEX1 2007 3.95 430 4.92 543 6.34 7.03 8.69 1035 13.31 35.68
No WINDEX1 2004 4.32 5.02 5.63 6.32 6.70 7.45 8.57 9.75 13.03 3321
No WINDEX1 2001 4.97 5.36 5.76 6.34 6.80 7.59 8.41 9.63 1232 32.83
No WINDEXM 2013 3.53 3.61 4.13 4.72 5.46 6.38 8.01 1054 1436 39.28
No WINDEXM 2010 3.20 3.33 3.58 3.93 4.32 5.56 7.00 8.69 1250 47.89
No WINDEXM 2007 387 404 422 4.77 5.49 6.69 8.17 9.87 13.61 39.29
No WINDEXM 2004 3.26 3.33 3.74 3.98 4.42 5.07 6.24 8.27 12.63 49.05
No WINDEXM 2001 4.04 416 4.45 4.78 5.06 6.21 7.78 10.71 1460 38.20
Yes Networth 2013 415  4.48 4.79 5.32 5.72 6.98 8.24 9.76 1331 37.25
Yes Net worth 2010 406 437 4.79 5.48 6.21 7.19 799 10.07 1385 3599
Yes Net worth 2007 455 455 5.18 541 6.06 7.04 8.03 9.78 1280 36.61
Yes Net worth 2004| 419 463 491 5.62 6.08 6.96 8.11 1059 1454 3437
Yes Net worth 2001 476  4.66 5.18 5.54 6.51 7.22 8.76 1059 13.94 32.86
Yes WINDEXO 2013 358 421 3.54 557 5.37 6.65 796 10.26 1457 38.28
Yes WINDEXO 2010 2.97 3.26 3.64 404 463 5.68 7.23 9.35 1324 45.95
Yes WINDEXO 2007 383 421 3.69 6.02 5.46 6.63 8.29 1024 1401 37.62
Yes WINDEXO 2004 3.21 3.47 3.80 411 4.63 5.18 6.54 8.52 1285 47.70
Yes WINDEXO 2001 3.62  4.07 4.23 4.79 5.29 6.37 758 1048 15.02 38.56
Yes WINDEX1 2013 406  4.46 4.86 5.38 6.40 6.95 7.90 9.89 1423 35.87
Yes WINDEX1 2010 440 491 541 5.83 6.36 7.27 8.44 10.00 1270 34.68
Yes WINDEX1 2007 405 441 5.04 557 6.45 7.26 8.88 10.62 13.67 34.05
Yes WINDEX1 2004 4.39 5.08 5.73 6.42 6.80 7.52 8.71 9.89 1320 32.28
Yes WINDEX1 2001 5.06 5.45 5.86 6.25 7.05 7.65 8.68 9.74 1252 31.76
Yes WINDEXM 2013 3.66 3.75 424 493 5.67 6.64 8.28 1093 1495 36.97
Yes WINDEXM 2010 3.49 3.64 3.89 4.29 4.71 6.06 7.63 9.47 13.68 43.15
Yes WINDEXM 2007 401 420 4.41 4.96 5.68 6.96 8.49 1024 1414 3691
Yes WINDEXM 2004 3.40 3.62 3.93 4.29 4.72 5.38 6.64 8.79 13.46 45.78
Yes WINDEXM 2001 407 431 454 489 5.17 6.31 791 11.01 1484 36.95
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Table 6: Percent of net worth or wealth index held by one-tenth percentile groups of survey participants

between the 99th and 100th percentiles, by sample exclusion and survey year

Percentile group
Drop 99.0- 99.1- 99.2- 99.3- 994- 99.5- 99.6- 99.7- 99.8- 99.9-
400 Variable Year | 99.1 992 993 994 995 996 997 998 99.9 100
No Net worth 2013 4.00 4.32 4.63 5.13 5.53 6.81 7.89 947 12091 39.32
0.22 0.24 0.27 0.27 0.32 0.42 0.37 0.36 0.67 159
No Net worth 2010 3.97 4.26 4.64 5.36 6.17 6.84 7.89 9.68 13.54 37.65
0.22 0.26 0.30 0.33 0.30 0.26 0.28 0.42 0.52 152
No Net worth 2007 4.48 4.74 4.93 5.32 5.86 6.92 7.91 9.67 1254 37.64
0.27 0.31 0.46 0.41 0.28 0.26 0.24 0.36 0.71 113
No Net worth 2004 4.14 4.57 4.95 5.44 6.02 6.92 7.92 1048 14.39 35.19
0.21 0.23 0.23 0.25 0.24 0.29 0.27 0.41 0.51 1.25
No Net worth 2001 4.35 4.54 5.11 5.41 6.39 7.21 849 1035 13.74 34.43
0.26 0.26 0.26 0.30 0.29 0.27 0.28 0.36 0.65 1.29
No WINDEXO0 2013 3.33 4.04 3.40 5.40 5.11 6.39 7.65 9.91 14.02 40.74
0.36 0.48 0.51 0.60 0.34 0.33 0.32 0.44 0.60 177
No WINDEXO0 2010 2.69 2.96 3.37 3.60 4.20 5.18 6.56 8.48 12.07 50.88
0.29 0.32 0.34 0.39 0.47 0.54 0.66 0.84 1.19 4.61
No WINDEXO0 2007 3.67 4.10 3.47 5.79 5.21 6.35 7.95 9.84 1346 40.17
0.39 0.59 0.69 0.67 0.43 0.41 0.31 0.39 0.67 156
No WINDEXO0 2004 2.98 3.24 3.52 3.82 431 4.82 6.11 793 1201 51.26
0.49 0.41 0.37 0.40 0.42 0.48 0.62 0.77 1.17 454
No WINDEXO0 2001 3.71 3.88 4.09 4.68 5.20 6.24 741 1027 1475 39.78
0.18 0.18 0.19 0.19 0.21 0.23 0.22 0.47 0.49 1.27
No WINDEX1 2013 3.96 4.35 4.82 5.18 6.25 6.79 7.72 9.66 13.97 37.29
0.25 0.27 0.32 0.36 0.41 0.39 0.37 0.49 0.60 1.67
No WINDEX1 2010 4.16 4.66 5.16 5.52 6.06 6.91 7.99 9.54 12.06 37.94
0.26 0.30 0.28 0.28 0.31 0.37 0.38 0.46 0.54 2.22
No WINDEX1 2007 3.95 4.30 4,92 5.43 6.34 7.03 8.69 1035 1331 35.68
0.19 0.25 0.28 0.28 0.29 0.29 0.32 0.34 0.53 1.36
No WINDEX1 2004 4.32 5.02 5.63 6.32 6.70 7.45 8.57 9.75 13.03 33.21
028 035 032 025 023 029 028 030 050 1.45
No WINDEX1 2001 4.97 5.36 5.76 6.34 6.80 7.59 8.41 9.63 1232 32.83
027 028 026 030 029 026 029 034 042 1.28
No WINDEXM 2013 3.53 3.61 4.13 4.72 5.46 6.38 8.01 1054 1436 39.28
0.42 0.47 0.31 0.25 0.22 0.27 0.34 0.39 0.49 154
No WINDEXM 2010 3.20 3.33 3.58 3.93 4.32 5.56 7.00 8.69 1250 47.89
0.27 0.28 0.33 0.33 0.39 0.50 0.57 0.71 1.03 3.97
No WINDEXM 2007 3.87 4.04 4.22 4.77 5.49 6.69 8.17 9.87 1361 39.29
0.17 0.17 0.20 0.20 0.27 0.29 0.25 0.36 0.47 131
No WINDEXM 2004 3.26 3.33 3.74 3.98 4.42 5.07 6.24 8.27 12.63 49.05
0.29 0.31 0.32 0.35 0.38 0.43 0.55 0.74 1.06 4.08
No WINDEXM 2001 4.04 4.16 4.45 4.78 5.06 6.21 7.78 1071 14.60 38.20
0.17 0.17 0.17 0.16 0.17 0.20 0.32 0.42 0.45 1.19
Yes Net worth 2013 4.15 4.48 4,79 5.32 5.72 6.98 8.24 9.76 1331 37.25
0.23 0.25 0.28 0.28 0.33 0.42 0.39 0.37 0.69 155
Yes Net worth 2010 4.06 4.37 4.79 5.48 6.21 7.19 7.99 10.07 13.85 35.99
0.23 0.27 0.30 0.33 0.30 0.26 0.28 0.41 0.52 1.42
Yes Net worth 2007 4.55 4.55 5.18 5.41 6.06 7.04 8.03 9.78 12.80 36.61
0.28 0.32 0.46 0.42 0.28 0.26 0.25 0.36 0.71 1.09
Yes Net worth 2004 4.19 4.63 491 5.62 6.08 6.96 8.11 1059 1454 34.37
0.21 0.24 0.23 0.25 0.24 0.29 0.26 0.42 0.51 121
Yes Net worth 2001 4.76 4.66 5.18 5.54 6.51 7.22 8.76 1059 1394 32.86
0.26 0.27 0.26 0.31 0.29 0.28 0.27 0.35 0.66 117
Yes WINDEXO0 2013 3.58 421 3.54 5.57 5.37 6.65 7.96 1026 1457 38.28
0.37 0.50 0.52 0.62 0.35 0.35 0.33 0.45 0.62 178
Yes WINDEXO0 2010 2.97 3.26 3.64 4.04 4.63 5.68 7.23 9.35 1324 45.95
0.28 0.31 0.33 0.37 0.46 0.51 0.62 0.77 1.13 4.24
Yes WINDEXO0 2007 3.83 4.21 3.69 6.02 5.46 6.63 8.29 1024 1401 37.62
0.40 0.60 0.72 0.70 0.44 0.42 0.32 0.40 0.68 158
Yes WINDEXO0 2004 3.21 3.47 3.80 411 4.63 5.18 6.54 852 12.85 47.70
0.51 0.43 0.38 0.41 0.43 0.49 0.64 0.79 1.20 4.62
Yes WINDEXO0 2001 3.62 4.07 4.23 4,79 5.29 6.37 758 1048 15.02 38.56
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Yes

Yes

Yes

Yes

Yes

Yes

Yes

Yes

Yes

Yes

WINDEX1

WINDEX1

WINDEX1

WINDEX1

WINDEX1

WINDEXM

WINDEXM

WINDEXM

WINDEXM

WINDEXM

2013
2010
2007
2004
2001
2013
2010
2007
2004

2001

0.19
4.06
0.25
4.40
0.26
4.05
0.19
4.39
0.28
5.06
0.28
3.66
0.44
3.49
0.24
4.01
0.18
3.40
0.29
4.07
0.17

0.19
4.46
0.28
4.91
0.29
441
0.25
5.08
0.36
5.45
0.29
3.75
0.51
3.64
0.26
4.20
0.17
3.62
0.32
431
0.17

0.20
4.86
0.32
541
0.28
5.04
0.28
5.73
0.32
5.86
0.27
4.24
0.32
3.89
0.30
441
0.20
3.93
0.33
4.54
0.18

0.19
5.38
0.37
5.83
0.26
5.57
0.29
6.42
0.25
6.25
0.30
4.93
0.25
4.29
0.32
4.96
0.21
4.29
0.36
4.89
0.17

0.22
6.40
0.42
6.36
0.29
6.45
0.29
6.80
0.23
7.05
0.30
5.67
0.22
4.71
0.37
5.68
0.28
4.72
0.39
5.17
0.17

0.24
6.95
0.40
7.27
0.35
7.26
0.30
7.52
0.29
7.65
0.27
6.64
0.28
6.06
0.48
6.96
0.29
5.38
0.44
6.31
0.20

0.23
7.90
0.37
8.44
0.34
8.88
0.33
8.71
0.28
8.68
0.28
8.28
0.35
7.63
0.52
8.49
0.26
6.64
0.55
791
0.32

0.48
9.89
0.51
10.00
0.43
10.62
0.35
9.89
0.30
9.74
0.34
10.93
0.40
9.47
0.66
10.24
0.37
8.79
0.75
11.01
0.42

0.50
14.23
0.62
12.70
0.50
13.67
0.54
13.20
0.50
12.52
0.43
14.95
0.51
13.68
0.96
14.14
0.48
13.46
1.09
14.84
0.45

1.29
35.87
1.67
34.68
1.85
34.05
1.37
32.28
1.40
31.76
1.26
36.97
1.54
43.15
3.55
36.91
133
45.78
4.14
36.95
1.20

Estimated standard errors with respect to sampling are given in italics beneath each share estimate.
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Table 7: Percent of wealth index held by one-tenth percentile groups of full list sample between the 99th and
100th percentiles, by sample exclusion and survey year.

Percentile group

Drop 99.0- 99.1- 99.2- 99.3- 994- 995- 996- 99.7- 99.8- 99.9-
400 Variable  Year 99.1 99.2 99.3 99.4 99.5 99.6 99.7 99.8 99.9 100
No WINDEXO 2013 2.92 3.34 3.75 4.23 5.08 6.00 7.60 990 14.44 4273
No WINDEXO0 2010 3.13 3.43 3.87 4.25 4.84 5.60 6.81 9.07 13.93 45.07
No WINDEXO0 2007 3.46 3.80 4.26 4.80 4.03 7.94 7.70 9.75 13.61 40.65
No WINDEXO0 2004 3.46 3.91 4.21 4.76 5.28 6.10 7.42 9.99 15.06 39.82
No WINDEXO 2001 3.76 3.94 4.33 4.79 5.23 5.88 721 10.01 14.84 40.03
No WINDEX1 2013 3.65 4.10 4.46 4.89 5.41 6.31 8.03 9.81 1343 39.91
No WINDEX1 2010 3.73 3.96 4.34 4.78 5.18 6.10 7.03 8.79 1248 4361
No WINDEX1 2007 3.98 411 4.54 5.01 5.45 6.53 7.63 9.58 1339 3981
No WINDEX1 2004 5.08 4.15 4.66 5.26 6.37 6.77 8.65 9.89 13.79 35.38
No WINDEX1 2001 4.22 4.62 5.00 5.44 6.00 6.91 7.93 9.59 1340 36.90
No WINDEXM 2013 3.37 3.71 4.07 4.37 5.03 5.99 7.51 9.85 1471 41.40
No  WINDEXM 2010 3.45 3.74 411 4.44 4.80 531 6.68 9.24 1372 4451
No  WINDEXM 2007 3.89 4.16 4.43 4.80 5.32 6.12 7.45 9.88 13.62 40.34
No WINDEXM 2004 3.72 4.05 4.43 4.63 5.26 6.08 7.36 998 1551 38.98
No WINDEXM 2001 3.81 4.21 4.50 4.76 5.24 5.55 7.38 1060 1494 39.01
Yes WINDEXO0 2013 3.05 3.49 3.92 441 531 6.27 794 1034 15.01 40.27
Yes WINDEXO0 2010 3.31 3.70 4.09 4.49 5.12 5.90 7.20 958 1472 4190
Yes WINDEXO 2007 3.59 3.95 4.34 5.07 4.19 8.23 785 1031 1414 38.34
Yes WINDEXO0 2004 3.64 3.96 4.43 4.92 5.46 6.30 7.67 10.25 1558 37.78
Yes WINDEXO 2001 3.84 4.20 4.52 5.00 5.44 6.02 7.65 10.44 1548 37.39
Yes WINDEX1 2013 3.77 4.23 4.61 5.06 5.59 6.53 8.27 995 1410 37.90
Yes WINDEX1 2010 3.93 4.17 4.58 5.02 5.48 6.43 7.39 9.25 13.12 40.64
Yes WINDEX1 2007 411 4.25 4.69 5.18 5.63 6.72 7.91 990 13.84 37.77
Yes WINDEX1 2004 5.13 4.33 4.78 5.39 6.53 6.94 8.84 10.16 14.08 33.83
Yes WINDEX1 2001 4.57 4.74 5.13 5.58 6.16 7.07 8.14 9.88 13.69 35.03
Yes WINDEXM 2013 3.51 3.79 4.24 4.63 5.24 6.25 780 10.30 15.27 38.98
Yes WINDEXM 2010 3.65 3.96 4.27 4.78 5.07 5.61 7.03 9.76 14.48 41.40
Yes WINDEXM 2007 4.04 4.32 4.60 4.99 5.50 6.35 7.74 10.26 14.13 38.09
Yes WINDEXM 2004 3.84 4.18 4.49 4.86 5.43 6.25 7.62 10.26 1599 37.08
Yes WINDEXM 2001 3.97 4.38 4.58 5.06 5.46 5.76 767 11.03 1554 36.56
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Table 8: Percent of wealth index held by one-tenth percentile groups of entire frame between the 99th and
100th percentiles, by sample exclusion and survey year.

Percentile group

Drop 99.0- 99.1- 99.2- 99.3- 994- 995- 99.6- 99.7- 99.8- 99.9-
400 Variable Year 99.1 99.2 99.3 99.4 99.5 99.6 99.7 99.8 99.9 100
No WINDEXO 2013 3.37 3.69 4.07 4.52 5.13 5.98 7.08 8.88 1241 44.86
No WINDEXO 2010 3.41 3.72 4.07 4.55 521 6.00 7.08 8.77 1220 45.00
No WINDEXO 2007 3.67 3.98 4.34 4.80 544 6.28 7.40 9.08 1242 4259
No WINDEXO 2004 3.49 3.80 4.17 4.63 517 5.97 7.04 8.76 12.09 44.89
No WINDEXO 2001 3.51 3.80 4.13 4.55 5.10 5.84 6.88 8.48 11.79 4592
No WINDEX1 2013 3.71 4.00 4.34 4.76 531 6.06 7.14 8.87 1235 43.45
No WINDEX1 2010 3.53 3.81 4.13 4.55 5.07 5.80 6.86 8.59 1214 4553
No WINDEX1 2007 3.82 4.08 4.42 4.85 5.39 6.15 7.25 9.02 12,62 42.40
No WINDEX1 2004 3.78 4.07 4.39 4.81 5.36 6.15 7.16 8.98 12,65 42.66
No WINDEX1 2001 3.73 4.00 4.32 4.72 531 6.02 7.09 8.82 1239 4361
No WINDEXM 2013 3.50 3.78 4.14 4.60 5.20 5.98 7.08 8.80 1232 44.62
No WINDEXM 2010 3.45 3.74 412 4.58 5.16 5.93 7.01 8.63 12.14 4525
No WINDEXM 2007 3.72 4.03 4.41 4.87 5.46 6.20 7.26 8.90 1240 42.76
No WINDEXM 2004 3.56 3.86 4.20 4.63 5.24 5.94 6.99 8.73 1210 44.76
No WINDEXM 2001 3.56 3.83 4.17 4.58 512 5.83 6.84 8.32 12.07 45.68
Yes WINDEXO 2013 3.56 3.89 4.29 4.77 5.40 6.31 7.46 9.35 13.07 41.92
Yes WINDEXO 2010 3.60 3.94 4.32 4.82 551 6.36 7.48 9.29 1291 41.78
Yes WINDEXO 2007 3.86 4.19 4.57 5.05 571 6.63 7.77 9.55 13.05 39.62
Yes WINDEXO 2004 3.71 4.01 4.40 4.89 5.46 6.31 7.44 9.25 1277 4176
Yes WINDEXO 2001 3.70 4.02 4.36 481 5.39 6.17 7.25 8.96 1244 4291
Yes WINDEX1 2013 3.85 4.16 4.50 4.94 5.50 6.30 7.41 9.20 1279 41.36
Yes WINDEX1 2010 3.74 4.03 4.37 481 5.36 6.14 7.25 9.09 1282 4240
Yes WINDEX1 2007 3.99 4.26 4.61 5.06 5.62 6.41 7.56 9.39 13.14 39.95
Yes WINDEX1 2004 3.93 4.20 451 5.00 557 6.34 7.40 9.28 13.12 40.64
Yes WINDEX1 2001 3.88 4.17 4.52 4.94 5.52 6.29 7.40 9.20 1297 41.11
Yes WINDEXM 2013 3.67 3.97 4.35 4.83 5.47 6.27 7.43 9.24 1293 41.85
Yes WINDEXM 2010 3.65 3.97 4.35 4.85 5.45 6.26 7.42 9.13 1282 4211
Yes WINDEXM 2007 3.89 4.23 4.63 5.10 5.73 6.50 7.61 9.34 1299 39.97
Yes WINDEXM 2004 3.75 4.07 4.42 4.89 5.52 6.26 7.37 9.19 1273 4180
Yes WINDEXM 2001 3.74 4.03 4.39 4.82 5.39 6.14 7.19 8.79 12.66 42.83
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Figure 1: Relative quantile-difference plot for net worth; changes from 1989 to 2007, 2010 or 2013, full sample.
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Figure 2: Relative quantile-difference plot for total household income; percent changes from 1989 to 2007, 2010 or 2013.
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Figure 3: Lorenz curve for net worth of top 1%; survey participants; net worth, WINDEXO0, WINDEX1 and WINDEXM;
2001.
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Figure 4: Lorenz curve for net worth of top 1%; survey participants; net worth, WINDEXO0, WINDEX1 and WINDEXM;
2013.
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Figure 5: Lorenz curve for net worth minus Lorenz curves for WINDEXO0, WINDEX1 and WINDEXM, for survey
participants, 2001.
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Figure 6: Lorenz curve for net worth minus Lorenz curves for WINDEXO0, WINDEX1 and WINDEXM, for survey
participants, 2013.
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Figure 7: Lorenz curve for net worth minus Lorenz curves for WINDEXM, for survey participants, 2001-2013.
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Figure 8: Lorenz curve for net worth for survey participants minus Lorenz curves for WINDEXM for survey
participants, full list sample and entire frame; 2001.
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Figure 9: Lorenz curve for net worth for survey participants minus Lorenz curves for WINDEXM for survey
participants, full list sample and entire frame; 2013.
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Figure 10: Lorenz curve for net worth for survey participants minus Lorenz curves for WINDEXM for full list sample,
2001-2013.
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Figure 11: Lorenz curve for net worth for survey participants minus Lorenz curves for WINDEXM for entire frame,
2001-2013.
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Table Al.1: Amounts and shares of net worth and components; by net worth percentile group; 2013 SCF.

Percentile of the distribution of family net worth

Item All 0-10 10-30 30-50 50-90 90-99 99-100
Total Share| Total Share| Total Share] Total Share Total Share Total Share Total Share
NETWORTH 65507.4 100.0] -463.1 -0.7| 122.8 0.2 1027.7 1.6| 15472.9 23.6| 25537.7 39.0| 23809.4 36.3
12644 0.0 474 01 37 00 307 0.1 2958 0.6 762.8 12| 12583 14
ASSET 76678.5 100.0, 769.4 1.0{ 614.6 0.8/ 2602.8 3.4| 20391.3 26.6| 27883.3 36.4/ 24417.1 31.8
1292.4 0.0 53.3 0.1 40.1 0.1 77.9 0.1 374.4 0.6 819.4 1.1 1295.9 1.3
FIN 31255.7 100.00 847 03] 69.4 0.2] 4327 1.4 6931.0 22.2| 13289.9 425 10448.0 33.4
803.0 0.0 74 00 47 00 17.8 0.1 1844 08 5189 1.6 7435 1.8
LIQ 4146.6 100.0 27.1 0.7] 30.1 0.7] 1328 3.2 11125 26.8] 1709.7 41.2| 11344 27.4
257.1 0.0 2.0 0.1 1.6 0.1 5.7 0.2 41.7 1.8 184.0 3.5 208.3 4.0
CDS 612.5 100.0 21 03 09 041 139 23 2418 395 2373 388 1165 19.0
63.2 0.0 0.6 0.1 0.3 0.1 3.1 0.6 25.8 4.6 425 5.5 44.5 5.8
SAVBND 78.7 100.0 04 0.5 0.7 0.9 3.0 3.9 39.5 50.3 29.9 38.0 5.1 6.5
74 00 01 01 02 03 06 08 48 5.0 55 5.1 20 2.5
BOND 1012.9 100.0 00 00 01 00 04 0.0 19.1 1.90 4025 39.7/ 590.8 58.3
118.7 0.0 0.0 0.0 0.2 0.0 0.7 0.1 6.4 0.7 83.8 6.7 92.9 6.6
STOCKS 4958.8 100.0 2.9 0.1 1.0 0.0 13.7 0.3 455.0 9.2 2099.4 423 2386.9 48.1
3111 0.0 1.0 00 05 00 27 01 394 09 1964 33 2639 34
NMMF 4637.5 100.0 1.3 0.0 05 0.0 7.2 02 3729 80| 1763.9 38.0 2491.7 537
361.4 0.0 0.4 0.0 0.2 0.0 2.8 0.1 38.1 1.0 166.0 3.4 328.4 3.8
RETQLIQ 12141.2 100.0 44.6 0.4 25.1 0.2] 2111 1.7] 3949.3 325 5749.7 47.4 21614 178
3880 0.0 54 00 37 0.0 13.3 0.1 1208 1.3 2853 1.9 3015 2.1
CASHLI 828.7 100.0 37 05 6.8 0.8 356 43 2417 29.2] 296.3 357 2446 29.5
75.0 0.0 0.9 0.1 15 0.2 4.0 0.6 13.7 2.8 40.5 4.0 62.6 5.4
OTHMA 2370.3 100.0 1.1 000 04 0.0 54 0.2 383.3 16.2 803.4 339 1176.6 49.6
2559 0.0 08 00 03 0.0 16 0.1 394 23 108.2 4.4 2324 54
OTHFIN 468.5 100.0 1.5 0.3] 3.8 0.8 9.7 2.1 1159 247 197.7 42.2 140.0 29.9
84.8 0.0 0.3 0.1 0.6 0.2 13 0.5 19.8 6.0 64.1 9.8 51.6 8.8
NFIN 45422.8 100.00 684.7 155452 1.2 2170.1 4.8| 13460.2 29.6| 14593.4 32.1| 13969.2 30.8
967.9 0.0 490 01/ 387 0.1 695 0.2 2595 0.7 5222 1.1 909.2 15
VEHIC 2390.7 100.0f 125.9 5.3| 173.7 7.3] 3825 16.0f0 1134.7 47.5 4415 185 132.3 5.5
32.0 0.0 7.1 0.3 6.8 0.3 12.2 0.5 25.3 0.9 21.3 0.8 16.4 0.7
HOUSES 20963.9 100.0] 496.8 2.4/348.9 1.7/ 1688.9 8.1| 98757 47.1] 64741 30.9] 20795 9.9
295.8 0.0 36.7 0.2 365 0.2 61.8 0.3 196.0 0.9 252.8 1.0 182.1 0.8
ORESRE 5128.6 100.0 414 0.8 12.3 0.2 52.6 1.0 1131.2 22.1) 21985 42.9| 1692.7 33.0
3128 0.0 152 03 40 01 122 0.2 639 15 1754 3.0 260.4 3.5
NNRESRE 2354.6 100.0 06 00 16 01 9.1 04 4122 175 1095.2 46,5 8359 355
187.7 0.0 0.8 0.0 1.8 0.1 2.1 0.1 39.5 2.2 127.8 4.2 143.0 4.5
BUS 13941.2 100.0 174 0.1 5.0 0.0 252 0.2 7845 5.6 41754 30.0f 8933.6 64.1
7854 0.0 78 01 14 0.0 36 00 658 0.5 3328 2.2 7184 2.3
OTHNFIN 643.7 100.0 26 04 35 05 119 1.8 1219 18.9 208.7 324 2951 458
69.2 0.0 0.6 0.1 1.1 0.2 2.0 0.4 10.4 2.3 29.0 4.4 62.3 5.4
DEBT 11171.1 100.0f 12325 11.0 491.8 4.4 1575.1 14.1) 4918.3 44.0f 2345.6 21.0 607.8 5.4
197.7 0.0 896 07 405 04 589 0.5 1283 11 1389 11 812 0.7
MRTHEL 8242.2 100.0] 596.7 7.2/ 333.4 4.0/ 1231.1 149 3939.4 47.8 1798.7 21.8 343.0 4.2
156.3 0.0 44.6 0.5 357 0.4 52.3 0.6 114.1 1.2 107.7 1.2 58.3 0.7
RESDBT 1003.6 100.0f 48.6 4.8 7.7 0.8 347 3.5 3432 342 3876 386 1817 18.1
761 0.0 217 20 38 04 11.0 1.1 320 30 517 3.5 345 3.0
INSTALL 1458.9 100.0f 518.3 35.5| 125.7 8.6 243.0 16.7 4645 31.8 86.3 5.9 21.1 1.4
60.5 0.0 56.7 2.6 7.7 0.6 105 1.0 21.0 1.7 9.1 0.6 8.1 0.5
OTHLOC 80.7 100.0 35 43 03 04 52 6.4 204 25.3 16.0 19.8 35.2 437
121 0.0 12 15 01 02 18 22 56 6.0 49 53 93 74
CCBAL 267.7 100.0 476 17.8] 21.9 8.2 51.6 19.3 121.1 45.3 240 9.0 1.3 0.5
10.0 0.0 71 220 23 09 29 11 6.1 1.9 34 1.2 05 0.2
ODEBT 118.2 100.0f 178 151 28 23 9.4 7.9 29.8 25.2 33.0 28.0 254 215
145 0.0 6.4 4.9 0.5 0.5 14 1.4 2.7 3.6 10.1 6.7 7.8 5.7
EQUITY 16152.2 100.0 25.5 0.2] 140 0.1 1247 0.8/ 29495 18.3] 69959 433 60425 37.4
596.3 0.0 31 00 27 00 73 00 981 08 356.7 2.0 5175 2.2
INCOME 10679.9 100.0f 499.8 4.7/ 700.7 6.6| 1198.7 11.2| 3849.6 36.0f 2752.3 25.8/ 1678.8 15.7
189.0 0.0 19.7 0.2 16.8 0.2 34.1 0.4 73.6 0.8 117.0 1.0 158.6 1.3
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Table Al.2: Amounts and shares of net worth and components; by net worth percentile group; 2010 SCF.

Percentile of the distribution of family net worth

Item All 0-10 10-30 30-50 50-90 90-99 99-100
Total Share| Total Share| Total Share] Total Share Total Share| Total Share] Total Share
NETWORTH 62866.1 100.0| -457.7 -0.7)125.4 0.2 1051.2 1.7| 15296.7 24.3|125134.5 40.0121715.9 34.5
16225 0.0 352 01 46 0.0 338 0.1 4699  0.7| 1081.9 1.3 1159.0 1.5
ASSET 75207.4 100.0| 1043.2 1.4/ 627.6 0.8/ 2897.5 3.9 20379.4 27.127803.4 37.022456.3 29.9
1694.0 0.0 87.5 0.1 236 0.0f 1015 0.2 571.2 0.7 1153.6 12| 11974 1.3
FIN 285185 100.0, 103.8 0.4/ 86.9 0.3 420.7 15 6321.1 22.2/12630.7 44.3] 8955.4 314
11063 0.0 99 0.0/ 54 00 188 0.1 246.7 09 676.9 1.8 780.4 2.0
LIQ 3781.5 100.0 283 0.7 335 0.9 108.3 2.9 996.1 26.3| 1568.7 41.5| 1046.6 27.7
227.0 0.0 2.3 0.1 2.1 0.1 45 0.2 56.6 2.0 153.1 3.4/ 185.9 3.8
CDS 1117.2 100.0 32 03 15 0.1 12.1 1.1 411.3 36.8] 533.6 47.8 155.5 13.9
103.1 0.0 14 0.1 0.5 0.0 2.1 0.2 33.8 3.7 93.4 4.7 314 2.8
SAVBND 92.9 100.0 0.9 1.00 1.0 1.0 46 49 447 48.1 345 37.1] 7.3 7.8
9.0 0.0 03 03 03 03 1.0 1.1 71 56 6.5 6.2 24 2.5
BOND 1266.5 100.0 00 00 00 0.0 04 0.0 36.1 2.8/ 3406 26.9 889.3 70.2
217.4 0.0 0.0 0.0 0.0 0.0 0.3 0.0 13.0 1.0 61.7 5.1 206.1 5.4
STOCKS 3997.1 100.0 1.9 00 1.7 0.0 84 0.2 328.9 8.2 1559.2 39.0] 2097.0 52.5
316.8 0.0 07 00/ 04 00 24 01 251 09| 1707 38 2771 4.0
NMMF 4264.8 100.0 05 00 04 0.0 56 01/ 3714 8.7 1848.9 43.3] 2038.0 47.8
306.8 0.0 0.2 0.0 0.4 0.0 2.0 0.0 35.6 0.9 204.6 4.0 2575 4.1
RETQLIQ 10877.0 100.0 57.3 0.5 37.0 0.3] 224.0 2.1 3439.7 31.6| 5442.0 50.0] 1677.0 15.4
587.0 0.0 70 01 46 00 129 0.2 1511 1.7 360.5 2.3 3610 2.7
CASHLI 705.2 100.0 53 07 61 09 266 3.8 2828 401 2323 329 1521 215
47.3 0.0 13 0.2 1.2 0.2 3.2 0.5 19.7 3.2 235 2.9 39.0 4.4
OTHMA 1772.6 100.0 21 01 0.8 0.0 94 05 313.1 17.7| 743.4 419 703.8 39.7
2075 0.0 11 01 05 0.0 27 02 323 22 1327 5.6 157.1 6.1
OTHFIN 643.9 100.0 43 0.7 49 0.8 21.2 3.3 97.1 15.1| 327.6 50.8) 188.8 29.3
93.0 0.0 0.9 0.2 1.1 0.2 2.8 0.6 15.6 3.0 81.1 6.8 40.5 5.7
NFIN 46688.9 100.00 939.5 2.0/ 540.7 1.2| 2476.8 5.3| 14058.3 30.1{15172.7 32.5/13501.0 28.9
978.9 0.0 816 0.2 214 0.1 903 0.2 376.6 0.8 6235 11| 757.8 1.3
VEHIC 2418.4 100.0] 134.8 5.6/ 160.6 6.6| 374.0 155 1119.6 46.3| 4715 19.5| 157.8 6.5
40.6 0.0 9.3 0.4 5.6 0.2 12.6 0.6 18.5 0.9 26.0 0.9 24.8 1.0
HOUSES 22163.2 100.0, 737.8 3.3 364.2 1.6/ 19706 8.9 10164.7 45.9 68825 31.1| 2043.4 9.2
394.2 0.0 66.2 0.3 204 0.1 75.0 0.3 2925 1.1 288.2 11 1782 0.8
ORESRE 5226.0 100.0 62.5 1.2 11.0 0.2 61.7 1.2| 11541 22.1] 2318.2 44.4| 1618.6 31.0
2365 0.0 134 03 46 0.1 109 0.2 710 1.2 1522 24| 1678 2.5
NNRESRE 3123.8 100.00 -95 -03 15 0.0f 114 04| 4740 15.2 13073 41.8 1339.2 429
319.7 0.0 5.0 0.2 0.7 0.0 3.6 0.1 39.1 1.8 1327 46| 2953 5.5
BUS 13167.4 100.0 10.7 0.1] 16 0.0 471 04 998.0 7.6| 3942.1 29.9| 8167.9 62.0
707.9 0.0 31 00/ 07 00 74 01 831 0.7 3502 2.3 590.2 2.5
OTHNFIN 590.1 100.0 31 05 18 0.3 120 2.0 148.0 25.1| 251.1 42,6 174.0 29.5
57.3 0.0 0.7 0.1 0.4 0.1 2.0 0.4 15.8 2.7 425 49 315 4.1
DEBT 12341.3 100.0{ 1500.9 12.2| 502.2 4.1| 1846.3 15.0f 5082.6 41.2| 2668.9 21.6| 740.4 6.0
258.6 0.0 1146 09 233 0.2 774 0.6 179.1  1.2| 1634 1.1 82.8 0.7
MRTHEL 91439 100.0f 867.9 9.5/346.8 3.8 1507.6 16.5| 40654 445 1968.3 215 387.9 4.2
214.0 0.0 84.4 0.9 202 0.2 65.0 0.7 161.4 14 126.6 1.2 50.1 0.5
RESDBT 1208.9 100.0f 717 59 101 0.8 345 29 3663 303 534.0 442 1923 15.9
853 0.0 187 16/ 46 04 91 07 321 27 68.5 3.7 38.7 2.9
INSTALL 1373.3 100.0f 476.8 34.7) 110.4 8.0 225.0 16.4 411.3 29.9 80.2 5.8 69.6 5.1
43.9 0.0 27.4 1.8 6.8 0.5 13.6 1.1 15.4 1.3 10.3 0.7 33.2 2.3
OTHLOC 127.2 100.0 52 41 12 1.0 42 33 406 317 26.0 20.6 500 39.3
201 0.0 13 13 05 04 15 1.2 124 9.1 12.2 9.6 15.0 8.5
CCBAL 352.0 100.0 60.1 17.1) 265 75 66.6 18.9 159.4 45.3 38.1 10.8 1.4 0.4
120 0.0 75 200 48 14 60 1.7 79 18 5.6 1.4 0.7 0.2
ODEBT 135.9 100.0, 194 143 73 5.4 83 6.1 396 29.1] 222 16.3] 39.2 289
15.4 0.0 4.6 3.4 1.9 1.5 1.3 1.1 4.7 3.8 7.0 4.4 11.5 6.0
EQUITY 13393.0 100.0 306 0.2l 199 0.1 130.8 1.0 2513.2 18.8| 6038.9 45.1| 4659.5 34.8
587.4 0.0 42 00 40 00 85 0.1 108.7 0.8 373.2 2.2 4439 2.5
INCOME 9894.4 100.0f 547.6 5.5/ 706.3 7.1 1210.1 12.2| 36749 37.1] 2510.1 25.4| 1245.3 12.6
155.5 0.0 27.8 0.3 17.8 0.2 36.3 0.4 81.5 0.7] 113.0 1.0 105.1 1.0
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Table A1.3: Amounts and shares of net worth and components; by net worth percentile group; 2007 SCF.

Percentile of the distribution of family net worth

Item All 0-10 10-30 30-50 50-90 90-99 99-100
Total Share| Total Share| Total Share| Total Share Total Share Total Share Total Share
NETWORTH 72716.3 100.0| -183.0 -0.3/ 238.6  0.3| 1762.2 2.4 18913.2 26.0] 27436.5 37.7| 24548.8 33.8
12107 00| 160 00 7.8 0.0 610 0.1 500.2 0.6 811.4 11| 11597 1.3
ASSET 85368.8 100.0/ 389.1 0.5/863.6 1.0| 3949.8 4.6| 24797.0 29.0| 30143.9 35.3| 252254 29.5
1255.2 0.0 44.4 0.1 498 0.1 146.3 0.2 634.4 0.7 878.6 1.0 1187.8 1.2
FIN 29036.3 100.0 445 0.2/1351 0.5 6204 21| 7308.9 25.2( 11816.1 40.7)] 91112 31.4
7546 0.0 61 00 72 00 295 0.1 2743 09 4511 14 6215 1.7
LIQ 3171.6 100.00 15.7 0.5 51.8 1.6| 1385 4.4/ 10458 33.0f 1192.7 37.6 727.0 22.9
120.2 0.0 1.7 0.1 3.7 0.1 7.9 0.3 42.7 14 82.0 1.9 83.1 2.2
CDS 1169.0 100.0, 02 0.0 57 05 305 2.6 5454 46.7 4141 35.4 173.0 148
73.1 0.0 0.1 0.0 16 0.1 3.7 0.4 45.3 2.9 40.3 3.0 39.7 2.9
SAVBND 127.6 100.0, 0.7 05 1.9 15 51 4.0 70.7 55.4 395 31.0 9.6 7.5
12.0 0.0 03 02 05 04 1.1 09 82 48 78 49 36 27
BOND 1202.0 100.0 00 0.0 00 0.0 0.2 0.0 185 1.5 4442 369 7391 615
119.7 0.0 0.0 0.0 0.0 0.0 0.1 0.0 7.1 0.6 91.2 5.8 89.8 5.8
STOCKS 5162.0 100.0| 0.7 0.0 56 0.1 27.2 0.5 4599 8.9 2008.0 389 2660.6 51.5
3122 0.0 03 00 21 00 41 01 514 1.1 176.6 2.9 2558 3.0
NMMF 4595.9 100.0 1.1 00/ 04 0.0 15.7 0.3 5385 11.7] 1908.6 41.5 2131.6 46.4
270.6 0.0 0.4 0.0 0.2 0.0 4.1 0.1 53.4 1.2 161.1 3.1 232.9 3.2
RETQLIQ 10172.5 100.0f 196 0.2/ 539 0.5 311.7 3.1 37231 36.6| 45458 44.7] 15185 14.9
3528 0.0 41 00 66 01 220 0.2 1701 1.6 2403 2.0 2360 2.1
CASHLI 937.1 100.0 40 04/ 76 08 491 52 3741 399 2932 313 2090 223
61.4 0.0 1.8 0.2 14 0.2 4.6 0.6 316 3.0 45.0 3.8 33.6 3.0
OTHMA 1888.8 100.0 06 0.0 1.0 01 16.1 0.9 366.3 19.4 749.7 39.7 755.2 40.0
1843 0.0 04 00 07 00 48 03 533 3.2 1233 54 1437 54
OTHFIN 609.7 100.0 19 03] 7.0 1.2 26.4 4.3 166.6 27.3 220.1 36.1 187.7 30.8
64.3 0.0 0.4 0.1 12 0.2 5.6 1.0 28.2 4.2 39.3 5.2 43.0 5.2
NFIN 56332.6 100.0 3446 0.6/ 7285 1.3 3329.4 5.9 17488.1 31.0| 18327.8 32.5 16114.2 28.6
11735 00| 405 0.1 478 0.1 1305 0.3 4434 0.8 7665 1.2 949.8 1.3
VEHIC 2497.6 100.0f 88.1 3.5 227.8 9.1 399.1 16.0f 11434 4538 4744 19.0 164.8 6.6
38.0 0.0 6.7 0.3 9.1 0.4 15.5 0.6 29.3 1.0 25.0 0.9 19.2 0.7
HOUSES 27063.0 100.0] 251.1 0.9/ 471.0 1.7/ 2703.0 10.0] 132155 48.8| 7905.7 29.2| 25168 9.3
434.7 0.0 36.0 0.1y 422 0.2| 1164 0.4 350.1 1.0 288.3 1.0 232.8 0.8
ORESRE 6027.6 100.0| 3.2 0.1/ 164 0.3] 115.2 1.9 1411.7 23.4) 2978.7 49.4| 15024 249
2839 0.0 14 00/ 60 0.1 177 03 109.7 1.7 2327 26 1639 24
NNRESRE 3268.8 100.0, 06 00 60 0.2 310 09 5580 17.1] 15079 46.1] 11653 357
287.9 0.0 0.6 0.0 2.3 0.1 7.4 0.2 57.4 2.0 235.2 5.6 221.4 5.7
BUS 16722.6 100.0 1.3 00 35 0.0 55.6 0.3 999.6 6.0/ 5195.8 31.1] 10466.9 62.6
960.0 0.0 06 00 13 00 92 01 90.7 0.6 4952 25 8095 25
OTHNFIN 753.0 100.0 03 00 39 05 255 3.4 1599 213 2653 352 298.1 39.6
107.7 0.0 0.1 0.0 0.9 0.1 4.2 0.7 28.1 4.1 83.3 7.3 63.4 6.5
DEBT 12652.5 100.0 572.1 4.5/ 6249 4.9 2187.6 17.3] 5883.9 46.5 27074 21.4 676.6 5.3
2412 00 500 04| 492 04 1096 0.9 206.2 1.3 156.3 1.1 723 0.6
MRTHEL 9452.3 100.0| 234.0 2.5 4153 4.4 1748.6 185 4728.8 50.0] 1941.1 205 3846 4.1
202.0 0.0 35.0 04| 41.3 0.4 94.2 1.0 171.2 14 112.3 1.0 46.5 0.5
RESDBT 1280.8 100.0 29 02 99 08 611 4.8 446.0 348 5804 453 180.6 14.1
988 0.0 17 01 45 04 132 1.1 656 4.0 737 42 347 26
INSTALL 1285.4 100.0{f 263.9 20.5| 149.2 11.6| 264.4 20.6 456.1 35.5 97.5 7.6 543 4.2
40.9 0.0 22.2 15 101 0.8 19.2 1.4 20.5 1.5 11.4 0.9 20.2 1.5
OTHLOC 55.9 100.0 29 53 07 13 24 42 205 36.7 11.0 19.7 18.3 32.8
11.3 0.0 1.0 21 03 07 1.0 20 61 94 43 713 84 109
CCBAL 440.5 100.0f 47.8 10.8) 43.8 10.0 98.0 22.2 201.7 45.8 43.8 10.0 5.4 1.2
193 0.0 59 12 53 1.2 89 16 123 22 76 16 15 0.3
ODEBT 137.6 100.0f 20.6 149 6.0 43 132 96 308 224 33.7 245 33.3 242
14.8 0.0 4.0 2.8 1.8 1.4 2.5 2.0 5.9 4.0 8.4 5.3 9.4 5.7
EQUITY 15677.2 100.0f 134 0.1 376 0.2| 206.1 1.3 3108.4 19.8) 6717.4 42.8 55943 35.7
5339 0.0 36 00 60 00 155 0.1 1654 1.1 3148 1.8 4566 2.1
INCOME 10985.9 100.0f 382.6 3.5/821.8 7.5 1258.4 115 3986.9 36.3] 27156 24.7| 1820.7 16.6
174.0 0.0 18.5 0.2 2438 0.2 47.0 0.5 90.1 0.8 108.9 0.9 136.0 1.1
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Table Al.4: Amounts and shares of net worth and components; by net worth percentile group; 2004 SCF.

Percentile of the distribution of family net worth

Item All 0-10 10-30 30-50 50-90 90-99 99-100
Total Share| Total Share| Total Share| Total Share Total Share Total Share Total Share
NETWORTH 62127.6 100.0| -157.4 -0.3/ 229.8 0.4/ 1505.1 2.4 17360.2 27.9] 22462.7 36.2| 20727.1 33.4
13412 00 199 00 7.6 0.0 573 0.1 689.9 0.9 801.7 1.2 9044 1.2
ASSET 73051.0 100.0] 245.3 0.3/ 817.2 1.1] 31579 4.3] 22671.5 31.0| 24591.6 33.7| 21567.5 29.5
1432.6 0.0 29.8 0.0f 426 0.1 137.1 0.2 793.1 0.9 870.7 1.1 939.2 1.1
FIN 26186.1 100.00 31.6 0.1/101.3 0.4/ 5211 2.0f 6806.5 26.0 10397.8 39.7| 8327.8 31.8
7759 0.0 34 00 54 00 284 0.1 3227 11 4953 1.8 5766 1.7
LIQ 3429.9 100.00 139 0.4 35.3 1.0 137.0 4.0 11455 33.4| 1303.3 38.0 794.8 23.2
186.0 0.0 1.9 0.1 2.2 0.1 9.5 0.4 56.1 1.9 102.0 2.5 143.2 3.3
CDS 962.2 100.0 1.1 01 33 03 177 1.8 407.3 423 4229 440, 1099 11.4
86.4 0.0 0.4 0.0 0.6 0.1 2.7 0.3 48.1 3.6 54.0 3.8 26.8 2.6
SAVBND 140.2 100.0; 05 0.4 27 1.9 105 7.5 715 51.0 49.4 35.2 55 4.0
13.8 0.0 01 01 09 06 30 22 94 49 98 51 17 1.2
BOND 1375.1 100.0 00 0.0 00 0.0 08 0.1 420 3.1 3669 26.7 9654 70.2
161.0 0.0 0.0 0.0 0.0 0.0 0.9 0.1 12.2 0.9 76.8 5.5 157.0 5.5
STOCKS 4576.4 100.0, 22 0.0 47 0.1 194 0.4 469.6 10.3] 1732.3 37.9] 2348.1 51.3
3157 0.0 08 00 08 00 41 01 530 1.3 1480 3.2 2784 34
NMMF 3824.6 100.0, 1.3 00 24 01 240 0.6 699.1 183 16524 43.2| 14454 37.8
286.2 0.0 0.4 0.0 0.9 0.0 4.0 0.1 63.2 2.0 154.1 3.9 240.8 4.4
RETQLIQ 8486.0 100.0| 98 0.1 37.2 0.4 2335 2.8 32246 38.00 3761.6 44.3] 1219.2 14.4
3241 00 19 00/ 27 00 158 0.2 1983 2.0 2409 25 179.7 1.9
CASHLI 771.0 100.0 1.1 01 91 12 403 5.2 2789 36.2| 2755 358 166.2 215
58.5 0.0 0.4 0.0 18 0.3 45 0.7 20.7 3.0 49.7 4.7 33.2 3.8
OTHMA 2076.2 100.0, 00 0.0 08 0.0 134 0.6 369.4 17.8 706.3 34.0 986.2 47.5
2255 0.0 00 00 04 00 44 02 377 26 129.8 5.7 201.0 6.2
OTHFIN 544.5 100.0 1.7 03] 5.8 1.1 245 4.5 98.5 18.1 127.1 23.4 286.9 52.6
79.5 0.0 0.4 0.1 1.0 0.2 5.9 1.3 15.1 35 61.3 9.4 65.8 9.4
NFIN 46864.9 100.0 213.7 057159 1.5 2636.8 5.6| 15865.1 33.9| 14193.8 30.3] 13239.7 28.3
986.4 00 279 0.1/ 408 01 1214 03 5224 1.0 5045 1.1 7019 1.2
VEHIC 2398.3 100.0f 75.2 3.1/ 2041 85 364.6 15.2| 11928 49.7 4221 17.6 1395 5.8
39.3 0.0 6.5 0.3 6.6 0.3 13.7 0.6 33.7 1.1 26.7 1.0 13.0 0.5
HOUSES 23564.9 100.0 1349 0.6/ 489.5 2.1 21365 9.1] 11790.5 50.0f 6689.6 28.4 23239 9.9
455.4 0.0 23.0 0.1 38.6 0.2 107.1 0.4 340.0 1.1 302.5 1.2 211.4 0.9
ORESRE 4633.8 100.0| 09 0.0 124 0.3 56.9 1.2| 1023.6 22.1] 2143.7 46.3] 1396.3 30.1
2573 0.0 08 00 67 01 90 0.2 784 19 165.1 2.6 184.0 3.0
NNRESRE 3418.7 100.0, 00 00 26 04 217 0.6 5581 16.3] 1223.8 35.8 16125 47.2
292.7 0.0 0.0 0.0 11 0.0 5.2 0.2 77.3 2.3 145.6 3.8 234.2 4.3
BUS 12135.6 100.0 1.2 00 23 0.0 38.0 0.3] 1129.4 9.3] 34585 285 7506.2 61.9
647.7 0.0 06 00 09 00 62 01 1259 1.0 3686 2.7 5469 2.8
OTHNFIN 713.6 100.0 14 0.2 50 07 191 27 170.6 239 256.1 359 2613 36.6
78.8 0.0 0.5 0.1 13 0.2 4.1 0.6 27.0 3.8 47.9 5.5 58.5 5.8
DEBT 10923.5 100.0 402.8 3.7/587.3 5.4 1652.8 15.1| 5311.3 48.6| 21289 195 840.4 7.7
2435 00 432 04| 403 04 935 0.8 1646 1.3 1371 1.1 109.1 0.9
MRTHEL 8213.2 100.0] 118.0 1.4/ 411.0 5.0 1343.7 16.4 4393.6 53.5| 1536.4 18.7 4105 5.0
184.8 0.0 18.7 0.2 36.0 0.5 84.5 0.9 138.9 1.2 99.9 1.1 58.8 0.7
RESDBT 926.1 100.0 00 00 110 121 164 1.8 237.3 257 4299 464 2315 249
108.3 0.0 00 00 67 08 47 06 201 4.1 711 55 768 6.3
INSTALL 1197.3 100.0{f 232.2 19.4|/ 1258 10.5{ 1958 16.4 470.1 39.3 80.6 6.7 92.8 7.7
53.0 0.0 27.8 1.9 7.5 0.7 11.8 1.1 22.5 1.9 9.1 0.8 31.0 2.4
OTHLOC 79.0 100.0 40 51/ 02 0.2 44 55 19.6 24.7 13.8 17.6 37.0 46.9
16.2 0.0 18 25 01 0.2 24 31 76 86 66 7.8 122 10.2
CCBAL 328.0 100.00 39.1 11.9) 329 10.0 778 23.7 154.4 47.1 21.7 6.6 22 0.7
106 0.0 40 12| 25 09 65 1.7 91 22 40 1.2 1.0 03
ODEBT 179.9 100.0 95 53 66 36 146 8.1 36.4 20.2 46,5 25.8 66.3 36.9
26.9 0.0 1.8 14 15 1.1 5.8 3.5 5.7 3.9 11.8 6.3 22.9 9.1
EQUITY 13455.3 100.0 79 0.1 23.7 0.2/ 168.9 1.3 2930.4 21.8/ 55925 416 47319 35.2
4930 0.0 15 00/ 23 00 138 0.1 1848 1.4 3052 23 4248 23
INCOME 9784.9 100.0f 354.1 3.6/ 763.9 7.8/ 1207.8 123 39150 40.0] 2175.0 22.2| 1369.2 14.0
162.6 0.0 16.9 0.2 21.9 0.3 46.8 0.5 107.2 0.9 95.4 0.9 97.0 0.9
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Table AL.5: Amounts and shares of net worth and components; by net worth percentile group; 2001 SCF.

Percentile of the distribution of family net worth

Item All 0-10 10-30 30-50 50-90 90-99 99-100
Total Share| Total Share| Total Share| Total Share Total Share Total Share Total Share
NETWORTH 55923.1 100.0| -106.7 -0.2| 232.5 0.4| 1428.9 2.6| 15338.2 27.4| 20773.4 37.1] 18256.8 32.6
9408 00 100 00 80 0. 500 0.1 3706 0.7 7217 13| 10067 1.4
ASSET 63551.5 100.0] 194.2 0.3/ 6735 1.1| 2664.3 4.2| 19005.7 29.9| 22307.0 35.1| 18706.7 29.4
968.1 0.0 18.3 0.0f 3838 0.1 97.0 0.2 443.0 0.8 768.0 1.2 1032.1 1.3
FIN 26968.2 100.00 26.3 0.1/ 118.2 0.4 5350 2.0/ 6876.4 255 10950.7 40.6| 8461.7 31.4
7443 0.0 27 00 53 00 269 0.1 2478 1.0 4896 1.6 6504 1.9
LIQ 3126.3 100.0| 9.0 0.3 47.2 1.5\ 1315 4.2/ 10147 325 1104.8 35.3 819.0 26.2
147.3 0.0 1.0 0.0 25 0.1 7.8 0.3 45.7 1.8 76.2 2.3 128.0 3.2
CDS 820.5 100.0 07 01 37 05 290 35 4403 536/ 2952 36.0 516 6.3
64.7 0.0 0.6 0.1 1.0 0.1 5.3 0.7 41.9 3.8 459 4.0 155 1.7
SAVBND 183.5 100.0; 0.2 0.1 1.0 0.6 6.3 3.5 83.4 454 58.6 31.9 34.0 185
314 0.0 01 00 05 03 16 1.1 140 8.0 219 81 17.4 85
BOND 1213.6 100.0 00 00 02 0.0 29 0.2 484 40 3810 314 7811 643
142.3 0.0 0.0 0.0 0.1 0.0 1.7 0.1 15.2 1.3 70.1 5.2 128.9 5.6
STOCKS 5754.0 100.0| 23 0.0 46 0.1 22.3 0.4 653.2 11.4| 20226 35.2| 3049.0 53.0
3770 0.0 08 00 16 00 38 01 621 1.2 163.1 3.0 3588 34
NMMF 3253.9 100.0 1.3 00 32 01 260 0.8 6681 205 1642.0 504 9133 28.1
203.8 0.0 0.3 0.0 0.9 0.0 4.8 0.1 38.6 1.6 145.3 3.5 162.9 4.0
RETQLIQ 7751.4 100.0 8.0 0.1 341 0.4 2103 2.7/ 2833.6 36.6)] 36025 46.5| 10629 13.7
299.9 0.0 18 00/ 39 01 131 0.2 1434 1.8 2449 20 1493 1.8
CASHLI 1415.3 100.0, 20 0.1 16.3 1.2 84.1 5.9 657.1 46.4 476.1 33.6 179.7 127
80.6 0.0 0.9 0.1 2.3 0.2 10.5 0.8 58.3 3.4 65.2 3.9 33.9 2.3
OTHMA 2899.9 100.0 02 0.0 03 0.0 9.5 0.3 383.6 13.2| 11615 40.2| 1344.7 46.2
290.3 0.0 02 00 03 00 36 01 872 29 180.6 7.1 2938 7.2
OTHFIN 549.8 100.0 25 05 76 1.4 13.0 2.4 94.0 17.1 206.4 375 226.3 41.2
81.1 0.0 0.6 0.1 12 0.3 2.5 0.6 16.7 3.3 43.9 6.3 61.2 7.2
NFIN 36583.3 100.0 167.9 0.5/555.3 1.5 2129.3 5.8 12129.3 33.2| 11356.4 31.0| 10245.0 28.0
8227 00 174 00/ 361 0.1 868 0.3 321.0 1.0 4693 1.3 7936 1.7
VEHIC 21749 100.0f 60.5 2.8 196.9 9.1] 350.1 16.1] 1050.7 48.3 406.5 18.7 110.3 5.1
315 0.0 3.6 0.2 8.8 0.4 13.3 0.6 21.7 0.8 20.1 0.8 105 0.5
HOUSES 17155.3 100.0f 94.6 0.6/ 341.8 2.0 1671.3 9.7/ 8688.4 50.6 4815.7 28.1] 1543.4 9.0
289.2 0.0 14.5 0.1y 322 0.2 76.3 0.5 232.0 1.0 202.2 1.1 149.7 0.8
ORESRE 2963.4 100.0 70 0.2/ 6.0 0.2 41.5 1.4 796.6 26.9] 1249.8 42.2 862.6 29.1
167.1 0.0 37 01 24 01 81 03 617 24 1214 3.0 1064 2.9
NNRESRE 2999.2 10000 -0.1 00/ 13 0.0 163 05 433.1 145 1325.0 44.2| 12236 408
252.7 0.0 0.2 0.0 1.0 0.0 5.5 0.2 71.2 2.5 142.4 4.4 209.1 4.6
BUS 10700.6 100.0 44 00 51 0.0 29.4 0.3 10555 9.9 3365.6 31.5| 6240.6 58.3
680.7 0.0 1.1 00/ 21 0.0 59 01 911 1.0 3038 29 646.1 3.1
OTHNFIN 589.9 100.0 15 03 43 07 207 35 105.0 17.8| 1937 32.8) 264.6 44.38
96.3 0.0 0.6 0.1 0.9 0.2 3.2 0.7 12.5 3.0 43.1 6.4 84.2 7.7
DEBT 7628.4 100.0f 300.9 3.9/441.0 5.8 12354 16.2] 3667.6 48.1] 1533.7 20.1 4499 5.9
1553 0.0/ 247 03] 350 05 646 0.8 1438 15 1009 1.2 530 0.7
MRTHEL 5739.6 100.00 924 1.6/281.7 49 9718 16.9 2969.8 51.7| 1156.9 20.2| 267.1 4.7
141.9 0.0 14.5 0.3 29.3 0.5 59.1 1.0 128.8 1.6 78.4 1.3 36.6 0.6
RESDBT 474.8 100.0 3.7 08 33 07 133 28 1955 41.2| 18277 385 76.2 16.1
359 0.0 28 06 18 04 32 07 215 4.1 285 4.9 196 3.8
INSTALL 939.9 100.0| 147.6 15.7|116.4 12.4{ 186.1 19.8 352.2 375 102.4 10.9 352 3.7
40.0 0.0 10.9 0.9 9.8 1.1 11.4 1.1 17.2 1.7 22.5 2.1 10.8 1.1
OTHLOC 39.1 100.0 22 57 17 4.2 15 3.9 9.1 236 13.1 335 115 29.1
106 0.0 16 48 10 25 08 24 35 104 78 137 60 123
CCBAL 257.0 100.00 40.6 15.8/ 32.2 125 546 21.2 107.6 41.9 20.7 8.0 1.4 05
10.7 0.0 38 13 27 11 38 14 64 21 63 22 04 02
ODEBT 178.0 100.0f 143 81 58 3.2 82 46 335 18.8 57.9 325 584 32.8
20.3 0.0 4.3 2.4 15 0.9 1.8 1.2 6.3 4.1 14.0 6.6 15.0 6.0
EQUITY 15298.1 100.0 99 0.1 30.2 0.2/ 184.3 1.2| 33949 22.2| 6577.6 430 5101.3 33.3
5609 0.0 1.7 00/ 35 0.0 137 0.1 1619 1.2 3525 2.0 4837 24
INCOME 9720.4 100.0 3024 3.1 767.4 7.9 11528 11.9] 3705.9 38.1] 2379.9 245 1412.0 14.5
269.1 0.0 12.3 0.2 24.9 0.3 41.6 0.5 101.1 1.2 1175 1.2 239.9 2.1
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Table A1.6: Amounts and shares of net worth and components; by net worth percentile group; 1998 SCF.

Percentile of the distribution of family net worth

Item All 0-10 10-30 30-50 50-90 90-99 99-100
Total Share| Total Share| Total Share| Total Share Total Share Total Share Total Share
NETWORTH 41609.3 100.0| -146.9 -0.4{ 177.9 0.4| 1216.9 2.9 11806.0 28.4| 14435.1 34.7| 14120.2 33.9
13504 00| 452 01| 67 0.0 465 0.1 4731 0.9 8342 1.3 7557 15
ASSET 48484.4 100.0f 2719 0.6/563.2 1.2| 2395.8 4.9 14917.3 30.8| 15835.8 32.7| 14500.3 29.9
1394.9 0.0 36.1 0.1 40.3 0.1 91.9 0.2 543.8 0.9 879.0 1.2 771.1 14
FIN 19786.8 100.0f 475 0.2| 995 05| 468.8 24| 52350 26.5 7597.8 38.4 6338.3 320
7779 0.0 79 00 51 00 230 0.2 2673 1.1 49.1 1.7 4733 2.0
LIQ 2235.8 100.0f 175 0.8 32.7 1.5 1040 4.7 8379 375 777.7 34.8 466.0 20.9
114.0 0.0 3.8 0.2 16 0.1 6.3 0.3 50.4 2.3 85.2 2.8 70.4 2.7
CDS 845.2 100.0 1.1 01 35 04 332 3.9 4390 519 2669 315 1015 12.0
79.1 0.0 0.5 0.1 0.6 0.1 4.6 0.7 43.0 4.0 53.5 4.2 25.3 2.7
SAVBND 133.3 100.0; 0.8 0.6/ 23 1.7 6.9 5.2 80.6 60.4 326 245 10.1 7.6
11.7 0.0 02 02 04 03 16 1.0 9.7 41 52 38 36 25
BOND 848.9 100.0 00 0.0 00 0.0 0.7 0.1 540 6.4/ 3057 36.00 4885 57.6
81.4 0.0 0.0 0.0 0.0 0.0 0.3 0.0 13.2 14 66.7 6.8 73.7 6.6
STOCKS 4476.4 100.0, 1.3 00 26 0.1 20.7 0.5 458.9 10.2| 1492.2 33.3] 2500.7 55.9
2847 0.0 09 00 06 00 36 01 509 1.1 159.4 3.1 2466 34
NMMF 2440.6 100.0 21 01 22 04 286 1.2 571.3 234 11850 485 6515 26.7
189.5 0.0 0.9 0.0 0.6 0.0 4.2 0.2 51.9 2.4 124.9 3.5 118.3 3.8
RETQLIQ 5470.0 100.00 144 0.3] 359 0.7] 185.3 3.4/ 19984 36.5| 2236.3 40.9 999.7 18.3
2649 0.0 38 01 29 o1 162 0.3 1108 1.7 1754 2.2 159.9 2.6
CASHLI 1249.6 100.0 6.9 06| 130 1.00 581 47 5309 424 5135 411 1272 10.2
93.4 0.0 2.7 0.2 18 0.2 5.1 0.5 67.2 4.6 77.8 4.4 22.0 1.9
OTHMA 1758.1 100.0 1.7 01 1.1 01 12.1 0.7 160.6 9.2 686.6 39.0 896.0 51.0
186.0 0.0 1.1 01 05 0.0 36 02 232 1.8 1209 5.5 1428 54
OTHFIN 328.8 100.0 15 05 6.3 1.9 19.3 5.9 103.3 314 101.3 30.8 97.1 295
36.5 0.0 0.4 0.1 2.2 0.7 3.8 1.2 20.9 5.8 23.3 6.2 22.9 5.7
NFIN 28697.5 100.0] 2245 0.8/ 463.6 1.6| 1927.1 6.7/ 96824 33.7| 8238.0 28.7/ 81620 28.4
8703 00 303 0.1/ 373 0.1 831 0.3 3219 1.1 4688 1.2 5758 15
VEHIC 1848.9 100.0f 59.3 3.2/ 1585 8.6| 290.4 15.7 881.3 47.7 346.0 18.7 113.4 6.1
34.3 0.0 5.6 0.3 5.9 0.3 10.8 0.6 30.7 1.2 19.2 1.0 13.3 0.7
HOUSES 13469.2 100.0] 143.6 1.1/ 284.8 2.1] 1490.7 11.1] 6903.4 51.3] 3575.2 26,5 10715 8.0
271.1 0.0 24.0 0.2 345 0.3 70.9 0.5 221.6 1.3 170.5 1.1 107.1 0.8
ORESRE 2435.8 100.0f 16.8 0.7/ 10.6 0.4 72.5 3.0 767.6 315 1069.9 43.9 498.4 20.5
162.2 0.0 59 02 44 02 154 0.6 718 24 1045 2.9 682 23
NNRESRE 2218.3 100.0 -0.3 0.0 15 0.1 155 0.7 3341 15.1 842.1 379 10254 46.2
200.5 0.0 1.6 0.1 0.5 0.0 3.7 0.2 40.0 2.0 110.8 4.0 155.7 4.2
BUS 8224.4 100.0| 22 00 31 0.0 380 05 675.6 8.2 22125 26.9 5293.1 64.4
6102 0.0 1.1 00/ 08 0.0 72 01 637 09 2599 24 486.1 2.7
OTHNFIN 500.9 100.0 29 06| 52 1.0 199 4.0 1204 24.0 1924 384 160.2 32.0
47.1 0.0 2.0 0.4 15 0.3 3.6 0.8 16.1 3.0 25.9 4.1 33.6 4.7
DEBT 6875.1 100.0] 418.9 6.1/ 385.2 5.6/ 1179.0 17.1] 3111.3 45.3] 1400.7 20.4 380.1 55
1689 00/ 701 1.0 375 06 605 0.8 1205 1.3 874 1.1 444 06
MRTHEL 4911.1 100.0 134.7 2.7/ 240.2 498 910.2 1858 24415 49.7 976.6 19.9 208.0 4.2
126.2 0.0 24.5 0.5 311 0.6 53.7 1.1 105.6 1.6 63.0 1.2 30.5 0.6
RESDBT 516.0 100.0f 20.2 39 44 09 354 6.8 186.4 36.1| 2014 39.1 68.2 13.2
463 0.0 74 14 21 04 106 1.9 291 39 272 39 129 25
INSTALL 901.3 100.0 178.3 19.8/100.2 11.1f{ 159.9 17.7 327.4 36.3 108.4 12.0 272 3.0
28.3 0.0 17.2 1.8 7.5 0.9 10.6 1.1 18.8 1.8 13.2 1.4 8.8 0.9
OTHLOC 23.0 100.0 1.7 74 08 36 3.2 14.0 44 19.0 6.5 28.4 6.4 27.6
41 00 04 22 03 15 09 38 13 52 18 6.9 34 98
CCBAL 266.3 100.00 428 16.1] 33.8 12.7 62.1 23.3 101.8 38.2 24.1 9.0 1.7 0.7
106 0.0 64 21 40 15 52 17 63 22 40 14 09 04
ODEBT 257.2 100.0f 411 158 57 22 83 3.2 498 194 83.6 32.6 68.7 26.7
59.2 0.0 50.0 14.0 13 0.6 1.6 0.9 12.9 5.5 22.1 8.6 22.4 7.7
EQUITY 10661.9 100.0f 12.7 0.1 23.2 0.2| 1545 1.4 2167.6 20.3] 4155.6 39.0] 4148.4 38.9
5149 0.0 28 00 25 00 124 0.1 1269 1.1 3224 22 3606 2.6
INCOME 7796.6 100.0f 298.1 3.8/ 666.3 85 10215 13.1| 32049 41.1| 1646.7 21.1| 959.1 123
158.5 0.0 23.0 0.3 21.8 0.3 37.4 0.5 90.1 1.0 99.2 1.1 89.7 1.0
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Table A1.7: Amounts and shares of net worth and components; by net worth percentile group; 1995 SCF.

Percentile of the distribution of family net worth

Item All 0-10 10-30 30-50 50-90 90-99 99-100
Total Share| Total Share| Total Share| Total Share Total Share Total Share Total Share
NETWORTH 31870.4 100.0f -96.6 -0.3| 187.3 0.6 1052.3 3.3 9123.7 28.6] 10583.1 33.2| 11020.6 34.6
786.8 0.0/ 104 00 7.3 0.0 371 01 1886 0.7 3937 1.0 509.0 1.3
ASSET 37319.0 100.0{ 159.3 0.4/ 573.2 1.5/ 2065.1 5.5 11626.9 31.2| 11543.9 30.9| 11350.5 30.4
802.9 0.0 22.6 0.1y 325 0.1 815 0.3 232.1 0.7 413.9 0.9 605.0 1.2
FIN 13720.9 100.0, 242 0.2 97.0 0.7/ 379.6 2.8 34885 25.4| 5208.7 38.0/ 4523.0 33.0
5050 0.0 43 00 56 0.0 182 0.2 934 09 2531 15 3931 1.9
LIQ 1907.6 100.0 7.1 0.4 32.8 1.7 89.5 4.7 577.2 30.3 5455 28.6 655.4 34.3
161.6 0.0 0.9 0.1 2.8 0.2 6.4 0.5 25.2 2.3 46.0 2.6 146.0 4.7
CDS 7712 10000 1.2 0.2 3.0 04| 239 31 2974 386 3274 424 1183 154
60.3 0.0 0.5 0.1 0.7 0.1 4.1 0.5 33.3 3.7 47.2 4.4 30.5 3.9
SAVBND 180.6 100.0f 0.3 0.2 2.8 1.6 10.1 5.6 86.4 47.8 715 39.6 9.5 5.3
153 0.0/ 01 00 06 04 15 08 82 45 133 4.9 34 18
BOND 857.6 100.00 04 0.1f 06 0.1 07 0.1 432 50 215.0 25.00 597.7 69.7
99.2 0.0 0.5 0.1 0.4 0.0 0.6 0.1 9.0 1.1 40.9 4.4 89.9 4.5
STOCKS 2138.9 100.0 1.7 0.1 2.1 0.1 13.2 0.6 189.7 8.9 737.4 345 11949 55.9
1784 00| 10 0.0/ 07 00 24 0.1 172 10 99.9 4.4 165.0 4.6
NMMF 1737.3 100.0f 0.9 0.1 1.2 0.1 11.2 0.6 2759 159 739.5 427 708.7 40.7
227.8 0.0 0.3 0.0 0.3 0.0 2.9 0.2 26.9 2.3 76.6 5.1 205.7 6.4
RETQLIQ 3882.6 100.0 7.0 0.2 33.6 0.9 147.1 3.8/ 1311.8 33.8 1771.7 45.6 611.4 15.7
169.1 00| 23 01 44 01 11.0 0.3 60.7 15 1234 23 1020 2.3
CASHLI 985.2 100.00 2.3 0.2 142 14| 615 6.2 4723 48.0  262.6 26.6 172.2 175
59.6 0.0 0.7 0.1 2.9 0.3 5.5 0.6 32.1 2.9 34.3 2.8 35.5 3.0
OTHMA 802.0 100.0f 0.3 0.0 1.2 0.1 9.4 1.2 100.0 12.5 338.0 42.1 353.1 44.0
984 00 02 00 08 0.1 34 04 148 22 523 5.5 824 6.1
OTHFIN 458.1 100.0 2.8 0.6 5.6 1.2 13.1 2.9 134.6 29.4 200.2 43.7 101.9 22.3
58.1 0.0 0.9 0.2 0.8 0.2 2.2 0.6 17.4 3.9 52.4 6.2 19.1 4.1
NFIN 23598.0 100.0{ 135.1 0.6/ 476.1  2.0| 1685.5 7.1 81385 345 63352 26.8 68275 28.9
4993 0.0/ 203 01| 302 0.1 703 03 1849 0.8 2484 0.9 4052 1.3
VEHIC 1681.7 100.0f 52.4 3.1 160.7 9.6 283.7 16.9 808.4 48.1 299.2 17.8 77.3 4.6
26.2 0.0 49 0.3 7.6 0.5 11.7 0.7 21.9 1.0 13.7 0.7 9.0 0.5
HOUSES 11197.5 100.0, 79.6 0.7/ 2949 2.6 1283.7 115 59859 535 2759.0 24.6 7943 7.1
162.4 0.0 15.9 0.1y 287 0.3 61.9 0.6 136.6 0.9 97.1 0.7 55.9 0.5
ORESRE 1881.0 100.0f 5.3 0.3 11.1 0.6 55.1 2.9 473.8 25.2 893.0 475 442.8 23.5
1068 00 37 02 42 02 7.7 04 369 1.7 69.9 2.4 519 21
NNRESRE 1868.3 100.00 -7.1 -0.4 23 0.1 156 0.8 2450 131 779.3 41.7| 833.2 446
136.6 0.0 6.4 0.3 0.9 0.1 3.9 0.2 28.1 1.6 7.7 3.3 107.7 3.8
BUS 6424.0 100.0 2.8 0.0 1.9 0.0 32.7 0.5 499.0 7.8 1426.1 22.2| 44615 69.5
3969 0.0 20 00 15 0.0 6.6 0.1 467 08 1515 2.1 3504 24
OTHNFIN 545.5 100.0 2.1 0.4, 5.3 1.0 14.7 2.7 126.2 23.2 178.6 32.7 218.4 40.0
53.0 0.0 12 0.2 1.1 0.2 2.0 0.5 16.5 35 25.6 4.1 42.8 5.3
DEBT 5448.6 100.0] 255.9 4.7| 385.9 7.1 1012.8 18.6| 2503.2 45.9 960.8 17.6 330.0 6.1
971 00/ 272 05 290 05 524 09 783 1.2 579 1.0 40.7 0.7
MRTHEL 3983.7 100.0 76.4 1.9 239.7 6.0 806.8 20.3 2011.8 505 677.1 17.00 1719 43
82.4 0.0 16.8 0.4 23.8 0.6 48.3 1.1 63.9 1.2 46.2 1.1 17.9 0.4
RESDBT 413.9 100.0f 8.7 2.1 7.7 1.9 21.6 5.2 118.1 285 187.0 45.2 70.8 17.1
373 00 98 23 35 08 48 1.2 13.4 34 301 48 144 3.2
INSTALL 652.1 100.0| 116.8 17.9) 102.5 15.7f 130.2 20.0 236.8 36.3 52.7 8.1 13.1 2.0
19.9 0.0, 114 1.5 7.5 1.1 9.4 1.3 12.3 1.6 6.0 0.9 5.1 0.8
OTHLOC 31.2 100.0 1.1 34 25 7.9 35 111 6.6 21.1 48 154 128 41.0
59 00 03 13 10 31 13 39 24 66 15 44 46 88
CCBAL 212.3 100.0f 32.4 15.3] 27.3 12.9 39.3 185 98.4 46.3 14.0 6.6 0.9 0.4
77 00 38 16 21 09 26 13 60 20 17 08 03 0.1
ODEBT 155.3 100.00 205 133 6.2 4.0 114 7.4 315 202 253 165 60.4 38.6
28.4 0.0 5.6 4.3 1.1 1.1 2.2 2.0 9.3 5.2 9.2 6.1 241 10.3
EQUITY 5504.9 100.0f 5.9 0.1 16.9 0.3 96.4 1.8 984.3 17.9] 2318.2 42.1] 2083.3 37.8
2640 00/ 26 00 20 0.0 87 0.2 46.1 1.0 1499 24 2174 2.7
INCOME 6703.8 100.0| 272.3 4.1} 615.0 9.2| 982.7 14.7| 27255 40.7] 1337.1 19.9 771.2 115
105.4 0.0 19.1 03] 216 0.3 36.5 0.6 67.6 0.9 51.8 0.7 717 1.0
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Table A1.8: Amounts and shares of net worth and components; by net worth percentile group; 1992 SCF.

Percentile of the distribution of family net worth

Item All 0-10 10-30 30-50 50-90 90-99 99-100
Total Share| Total Share| Total Share] Total Share Total Share Total Share| Total Share
NETWORTH 29150.7 100.0f -84.6 -0.3| 139.5 0.5/ 914.0 3.1 8645.1 29.7| 10750.9 36.9] 8785.8 30.1
860.8 00 265 01/ 5.9 0.0 344 0.2 2484 1.1 522.0 14| 585.1 1.4
ASSET 34076.1 100.0| 131.9 0.4/ 379.9 1.1] 17229 5.1 10943.9 32.1| 11809.3 34.7| 9088.2 26.7
907.6 0.0l 215 0.1 244 0.1 715 0.3 303.9 1.1 551.7 1.2 6004 1.3
FIN 10764.0 100.0f 13.3 0.1 712 0.7| 2849 2.6/ 30543 28.4 4501.8 41.8 28384 26.4
3103 00 19 00 47 0.0 146 0.2 1310 14 245.6 1.8 2258 1.7
LIQ 1871.6 100.0 6.2 0.3 294 1.6 86.2 4.6 651.0 34.8 684.4 36.6)] 414.4 22.1
76.1 0.0 0.7 0.0 1.7 0.1 5.8 0.3 40.0 2.2 48.5 2.3 61.8 2.7
CDS 860.2 10000 0.2 0.0 39 04 288 33 4103 477 3439 400, 732 85
61.9 0.0 0.2 0.0 1.0 0.1 5.0 0.6 38.8 4.5 42.0 4.0 36.7 3.8
SAVBND 122.2 100.0 0.7 0.6 2.2 1.8 9.3 7.6 576 47.1 41.4 33.8 11.0 9.0
114 00 02 02 04 04 1.9 1.8 61 4.8 93 57 40 31
BOND 9029 100.00 0.0 0.0 04 0. 22 0.2 56.2 6.2 3748 415 469.4 52.0
91.2 0.0 0.0 0.0 0.6 0.1 1.2 0.1 10.2 1.3 55.9 4.9 72.7 5.1
STOCKS 1768.7 100.0 0.4 0.0 1.6 0.1 12.6 0.7 202.8 115 686.2 38.8] 865.1 48.9
1417 00 02 00/ 05 0.0 22 02 18.8 1.5 965 39 1004 3.9
NMMF 818.0 100.00 0.2 0.0 1.0 0.1 9.2 11 188.1 23.0 4075 49.8 211.9 258
85.9 0.0 0.1 0.0 0.3 0.0 2.0 0.3 22.6 3.2 59.9 4.4 40.4 3.7
RETQLIQ 2778.0 100.0 2.9 0.1 15.6 0.6 76.2 2.7 991.6 35.7] 1297.1 46.7| 394.6 14.2
1431 00/ 09 00 26 0.1 77 03 556 2.6 1020 25 932 29
CASHLI 655.5 100.00 1.6 0.2 120 1.8 406 6.2 3125 477 2407 36.7| 481 7.3
65.5 0.0 0.7 0.1 2.2 0.4 4.3 1.1 29.0 4.7 55.9 5.6 7.0 1.1
OTHMA 583.3 100.0 0.0 0.0 0.7 0.1 3.8 0.7 87.7 15.0 265.3 455 2259 38.7
802 00 00 00 04 0.1 21 04 159 2.5 480 5.6 534 5.2
OTHFIN 403.5 100.0 1.2 0.3 44 1.1 16.1 4.0 96.6 23.9 160.5 39.8) 124.7 30.9
48.0 0.0 0.6 0.2 0.9 0.3 2.3 0.8 15.6 3.6 35.5 6.6 29.2 5.7
NFIN 23312.1 100.0{ 118.6 0.5/ 308.7 1.3] 1438.1 6.2 7889.6 33.9 73075 31.3| 6249.7 26.8
7444 00 21.0 01| 227 0.1 647 0.3 218.2 1.3 387.6 1.3 5308 1.6
VEHIC 1324.3 100.0 39.4 3.0l 117.1 8.8 204.2 154 630.6 47.6 266.5 20.1 66.4 5.0
27.5 0.0 3.7 0.3 6.4 0.5 8.9 0.7 20.5 1.1 15.8 1.0 8.0 0.6
HOUSES 10940.2 100.0{ 66.6 0.6| 174.2 1.6 1119.0 10.2| 5777.2 52.8 30244 276 7788 7.1
241.7 0.0 146 0.1 16.8 0.2 56.0 0.6 169.5 1.3 165.4 1.2 92.6 0.8
ORESRE 1970.8 100.0 6.7 0.3 8.7 0.4 49.4 2.5 535.7 27.2 913.8 46.4) 456.5 23.2
1091 0.0/ 57 03 38 0.2 109 06 470 23 730 2.8 62.4 2.8
NNRESRE 2548.3 10000 09 0.0 0.8 0.0 167 0.7 276.3 10.9 847.7 33.3| 1406.0 55.2
280.7 0.0 0.6 0.0 0.4 0.0 4.0 0.2 27.1 1.3 118.2 3.4/ 2138 3.6
BUS 6141.9 100.0 4.3 0.1 3.8 0.1 36.0 0.6 554.5 9.0/ 2133.3 34.8| 3410.1 555
4889 00 39 01 21 0.0 73 0.1 52.8 1.0 2298 31| 3763 3.1
OTHNFIN 386.6 10000 0.7 0.2l 41 11 128 33 115.3 29.8 121.7 315 1320 34.1
41.3 0.0 0.3 0.1 0.9 0.2 2.4 0.7 18.1 4.0 25.4 5.5 26.6 5.2
DEBT 4925.4 100.0| 216.5 4.4 240.4 49 809.0 16.4] 2298.9 46.7] 1058.4 215 302.3 6.1
1438 0.0 433 09 204 04 50.7 1.1 98.8 1.6 78.4 1.3 344 0.8
MRTHEL 35442 100.0f 553 1.6/ 1289 3.6/ 636.8 18.0] 18553 524 7354 20.7| 1326 3.7
109.7 0.0 132 0.4 15.3 0.4 43.0 1.2 83.8 2.0 67.1 1.6 17.9 0.5
RESDBT 504.3 100.0f 142 2.8 81 16 249 49 140.2 27.8 226.3 449 905 17.9
473 00| 166 32 50 1.0 9.8 1.9 229 41 305 4.2 170 31
INSTALL 558.5 100.0] 113.3 20.2| 80.8 14.5 102.2 18.3 1974 35.3 499 8.9 15.0 2.7
31.6 0.0 309 4.4 7.3 1.5 9.3 2.1 10.3 1.8 7.6 1.3 3.3 0.6
OTHLOC 41.0 10000 11 27/ 07 17 1.2 3.0 106 26.0 6.5 15.90 20.8 50.8
98 00| 03 09 03 1.0 04 1.0 44 9.0 33 75 78 113
CCBAL 157.5 100.0f 20.4 129 18.4 11.7 36.2 23.0 68.4 43.4 12.7 8.1 1.4 0.9
75 00| 26 15 1.8 1.0 2.9 1.9 47 21 3.1 1.8 06 04
ODEBT 119.9 100.0; 12.2 10.2] 34 2.9 77 64 270 22.6 275 228 420 351
16.7 0.0 5.1 4.5 0.9 0.9 2.0 1.9 5.2 4.9 8.1 6.2 13.6 8.1
EQUITY 3643.4 100.0 1.4 0.0l 10.0 0.3 53.1 1.5 759.7 20.9] 15335 42.1] 1285.6 35.3
2085 00 04 00 1.8 0.1 51 0.2 394 17 1614 29 1260 2.6
INCOME 6241.0 100.0| 251.0 4.0/ 616.8 9.9 8858 14.2| 26104 41.8 1347.4 216 5296 85
84.8 0.0, 18.8 0.3] 233 0.4 35.4 0.6 80.9 1.2 65.7 1.0 47.6 0.7
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Table A1.9: Amounts and shares of net worth and components; by net worth percentile group; 1989 SCF.

Percentile of the distribution of family net worth

Item All 0-10 10-30 30-50 50-90 90-99 99-100
Total Share| Total Share| Total Share] Total Share Total Share Total Share| Total Share
NETWORTH 31883.9 100.0| -68.8 -0.2| 109.6 0.3 901.7 2.8 95155 29.9] 11839.0 37.1] 9587.0 30.1
25411 00| 156 0.1/ 58 0.0 332 0.2 507.5 1.8/ 17413 2.8/ 9838 23
ASSET 36277.6 100.0| 127.9 0.4/ 310.1  0.9| 1533.4 4.2| 117775 325 12703.0 35.0] 9825.8 27.1
2674.0 0.0 269 0.1/ 30.0 0.1 63.5 0.4 580.0 1.8 1815.1 2.6| 1042.6 2.1
FIN 11198.4 100.0f 124 0.1 58.7 05 3130 2.8 31349 280 4518.2 40.3| 31612 28.3
9380 00 27 00 5.2 0.1 189 03 252.1 1.9 620.1 3.3 4826 3.5
LIQ 2081.3 100.0 5.8 0.3 26.9 1.3 92.0 4.4 668.2 32.2 725.0 349 563.3 26.9
196.5 0.0 11 0.1 2.1 0.2 6.5 0.5 53.5 3.7 132.6 6.4f 238.1 9.3
CDS 1104.9 100.00 0.0 0.0, 27 0.2 426 3.9 483.4 438 4647 42,0 1115 10.2
100.1 0.0 0.0 0.0 0.8 0.1 7.0 0.7 45.5 4.0 91.7 5.4 47.8 4.1
SAVBND 165.2 100.0 0.5 0.3 2.4 15 8.1 4.9 78.7 47.6 63.4 38.4 12.0 7.3
251 00 02 01 06 0.5 1.8 1.4 135 7.4 222 9.1 68 43
BOND 1106.9 100.00 0.0 0.0, 0.1 0.0 35 0.3 859 7.8 4455 40.1 572.0 51.8
231.9 0.0 0.0 0.0 0.2 0.0 15 0.1 15.6 1.8 117.1 7.8 183.5 8.3
STOCKS 1710.1 100.0 0.5 0.0 15 0.1 19.0 1.1 269.7 15.8 7129 416/ 706.6 41.3
2261 00 02 00 06 0.0 55 04 304 23 1328 59 1699 6.7
NMMF 600.3 100.00 0.0 0.0 05 0.1 50 0.8 91.7 154 302.2 503 2009 335
99.1 0.0 0.1 0.0 0.3 0.0 3.0 0.5 21.3 4.2 76.1 8.6 66.8 8.4
RETQLIQ 2375.8 100.0 2.4 0.1 11.8 0.5 65.9 2.8 960.9 40.5 985.2 41.4| 349.7 14.8
2718 00 1.0 00 22 0.1 102 06 1184 35 181.0 4.2 812 3.
CASHLI 665.0 10000 13 02| 86 13 486 7.3 2843 428 215.6 32.4| 1065 15.9
68.7 0.0 0.8 0.1 14 0.3 8.0 1.5 29.2 4.2 34.9 4.2 43.3 5.2
OTHMA 825.8 100.0 0.0 0.0 0.0 0.0 3.3 0.4 1104 13.3 333.2 40.7) 378.9 455
1837 00/ 00 00/ 00 00 14 0.2 278 3.0 112.7 11.00 1431 10.9
OTHFIN 563.0 100.0 1.9 0.3 4.2 0.7 25.0 4.5 101.8 18.3 270.3 48.1) 159.8 28.0
125.8 0.0 13 0.2 0.7 0.2 5.4 1.4 17.7 4.3 84.8 7.6 63.8 7.6
NFIN 25079.3 100.0| 1155 0.5/ 251.4 1.0] 1220.3 4.9 8642.6 345 8184.8 32.6| 66646 26.6
19171 0.0 267 0.1 293 0.1 503 04 364.6 21| 12835 29 8397 23
VEHIC 1387.1 100.0 49.0 3.5/ 904 6.5 2159 15.6 674.9 48.7 276.3 19.9 80.7 5.8
57.5 0.0 7.0 0.5 6.1 0.5 11.9 1.0 27.2 2.2 26.2 1.6 48.0 2.9
HOUSES 11405.8 100.0{ 59.0 0.5/ 149.3 1.3 9022 7.9 63499 557 31922 280 7533 6.6
515.7 0.0 18.8 0.2 26.1 0.2 51.9 0.6 236.4 2.3 391.2 2.3 140.3 1.0
ORESRE 2038.1 100.0f 13.4 0.7 3.8 0.2 35.8 1.8 618.9 30.4 976.3 47.8) 389.8 19.2
211.0 00 90 04 22 0.1 94 05 771 3.1 156.6 4.0 743 34
NNRESRE 2776.2 100.0] -11.7 -0.4 1.9 0.1 24.1 0.9 250.0 9.0 9859 354 1526.1 55.1
517.8 0.0 183 0.7 0.8 0.0 4.9 0.2 87.1 3.2 223.6 5.8/ 3774 6.2
BUS 6795.2 100.0 3.6 0.1 2.1 0.0 20.6 0.3 603.8 8.9 2544.0 37.3| 3621.1 535
9859 00 25 00 1.0 00 78 0.1 92.6 1.2 668.8 58 5600 5.8
OTHNFIN 676.9 10000 23 03 3.8 06 218 32 1452 215 2101 31.0 293.7 434
101.6 0.0 12 0.2 1.0 0.2 5.1 0.8 17.5 3.9 48.8 6.3 90.6 8.4
DEBT 4393.7 100.0| 196.8 4.5 200.5 46| 631.6 14.4] 2262.1 515 864.0 19.7] 238.8 5.4
2002 00 298 07 268 0.6 44.7 1.2 1206 2.2 1122 2.0 97.0 20
MRTHEL 3014.5 100.0f 62.1 2.1 116.7 3.9 448.1 149 17422 578 558.2 18.5 87.3 2.9
141.4 0.0 195 0.6 221 0.8 38.8 1.4 99.9 2.5 77.6 2.1 52.3 1.6
RESDBT 340.4 10000 9.0 26 18 06 112 33 1115 328 158.0 46.3] 48.8 144
458 00| 65 19 14 04 5.7 1.7 19.8 4.4 325 54 148 4.2
INSTALL 732.6 100.0] 100.8 13.8/ 62.9 8.6 138.6 18.9 318.5 435 849 11.6 26.9 3.7
51.7 0.0 114 1.6 6.9 1.1 11.6 1.9 22.1 3.0 15.2 1.9 42.4 4.8
OTHLOC 81.2 100.0, 1.3 1.6 23 29 24 31 8.7 10.9 166 20.2 499 61.3
304 00 05 12 1.0 20 08 22 33 69 80 11.1 273 16.7
CCBAL 123.5 100.0f 12.4 10.0f 14.8 12.0 25.6 20.8 60.5 49.0 9.7 7.8 0.4 0.3
66 00| 26 20 17 1.5 29 23 49 32 36 27 02 0.2
ODEBT 101.5 100.0, 11.3 11.1 1.8 1.8 5.6 5.7 20.7 204 36.7 36.0 254 25.0
19.8 0.0 3.3 3.4 0.9 0.9 5.9 6.0 5.4 5.7 11.7 9.0 154 111
EQUITY 3191.3 100.0 0.7 0.0l 4.7 0.1 449 1.4 660.6 20.7] 1324.8 41.5 1155.7 36.2
3584 00 03 00 1.3 0.0 79 03 66.1 2.1 1988 41| 2219 47
INCOME 6892.4 100.0| 245.6 3.6/ 570.1 8.3 859.0 125 2808.4 40.8 1464.0 21.2| 9452 13.7
270.4 0.0 233 04 329 0.6 37.4 0.7 104.6 1.5 170.5 2.1 182.8 2.3
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Table A2.1: Percent of families having various types of assets and liabilities; by net worth percentile group; 2013 SCF.

Percentile of the distribution of family net worth

Item Al | 010 | 1030 | 3050 | 5090 | 9099 |  99-100
ASSET 97.9 948 923 100.0 100.0 100.0 100.0
0.1 0.6 0.6 0.0 0.0 0.0 0.0
FIN 945 89.8 82.9 96.9 98.9 99.8 100.0
0.2 1.0 0.8 0.5 0.2 0.2 0.0
LIQ 93.2 87.5 795 955 98.7 99.5 100.0
0.3 12 0.9 0.6 0.2 0.2 0.0
cDS 7.8 2.6 0.9 45 12.1 156 18.0
0.3 0.5 0.3 0.6 0.7 14 35
SAVBND 10.0 5.1 2.6 75 14.3 18.2 17.2
0.3 0.7 0.4 0.7 0.7 15 3.7
BOND 1.4 0.0 0.0 0.2 1.0 8.4 24.8
0.1 0.0 0.0 0.2 0.2 0.9 4.0
STOCKS 13.8 2.9 1.0 6.0 176 48.7 62.5
0.4 0.6 0.2 0.7 0.8 1.9 4.0
NMMF 8.2 2.1 0.6 2.1 9.4 35.0 51.7
0.3 0.4 0.2 0.3 0.5 2.0 4.0
RETQLIQ 49.2 30.6 135 4238 65.0 89.4 88.7
0.5 14 0.8 13 0.9 1.1 2.1
CASHLI 19.2 8.1 8.8 17.4 24.2 334 441
0.5 1.0 1.0 11 0.8 1.8 4.1
OTHMA 5.2 0.3 0.2 13 75 18.4 25.4
0.2 0.1 0.1 0.3 0.4 14 3.9
OTHFIN 6.9 6.7 6.9 6.1 6.9 8.0 18.0
0.3 0.9 0.6 0.6 0.5 0.9 3.0
NFIN 91.0 778 70.7 97.2 99.3 99.5 100.0
0.3 1.2 1.0 0.5 0.1 0.3 0.0
VEHIC 86.3 75.6 68.0 90.9 93.8 94.0 96.9
0.4 14 1.0 0.8 0.5 0.8 1.2
HOUSES 65.2 30.0 157 64.6 91.1 96.6 97.0
0.1 15 11 1.0 0.4 0.5 0.9
ORESRE 132 46 13 4.7 176 423 68.6
0.4 0.6 0.3 0.6 0.7 1.8 4.6
NNRESRE 7.2 05 0.7 2.4 102 227 37.1
0.3 0.3 0.2 0.4 0.6 1.6 45
BUS 117 5.4 2.4 5.6 13.4 37.3 80.5
0.3 0.7 0.3 0.6 0.6 1.7 3.6
OTHNFIN 7.3 35 2.6 5.0 9.0 16.5 317
0.3 0.6 0.4 0.6 0.5 15 4.0
DEBT 745 100.0 54.1 79.8 76.5 72.0 66.3
0.4 0.0 11 1.0 0.7 1.7 4.2
MRTHEL 429 29.3 125 452 56.7 58.7 48.8
0.4 15 1.0 1.3 0.9 2.0 4.2
RESDBT 5.2 3.2 0.6 2.0 7.1 147 26.5
0.3 0.5 0.2 0.4 0.5 14 3.6
INSTALL 47.2 87.3 38.3 53.6 431 29.3 19.6
0.5 12 11 13 0.9 1.9 3.2
OTHLOC 1.9 35 13 18 1.6 2.0 7.1
0.1 0.6 0.2 0.3 0.2 0.4 1.7
CCBAL 38.1 48.2 27.3 45.9 415 21.9 12.9
0.6 17 11 12 1.0 1.8 3.3
ODEBT 6.6 102 45 7.4 6.6 5.4 6.0
0.3 1.3 0.6 0.7 0.5 1.0 1.8
EQUITY 488 285 121 413 65.4 915 93.0
0.5 1.6 1.0 1.2 0.9 1.1 2.1
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Table A2.2: Percent of families having various types of assets and liabilities; by net worth percentile group; 2010 SCF.

Percentile of the distribution of family net worth

Item Al | 010 | 1030 | 3050 | 5090 | 9099 |  99-100
ASSET 974 956 89.4 100.0 100.0 100.0 100.0
0.1 0.6 0.7 0.0 0.0 0.0 0.0
FIN 94.0 90.5 80.2 96.8 99.0 100.0 100.0
0.2 1.0 0.9 0.4 0.2 0.0 0.0
LIQ 925 88.8 76.1 95.4 98.4 99.8 100.0
0.3 1.0 11 0.5 0.2 0.1 0.0
cDS 122 25 12 5.8 19.4 28.3 235
0.4 0.5 0.2 0.5 0.7 1.7 3.4
SAVBND 12.0 8.0 3.1 7.6 17.0 23.2 187
0.4 11 0.3 0.7 0.7 1.7 3.3
BOND 16 0.0 0.0 0.3 1.0 9.7 318
0.1 0.0 0.0 0.1 0.2 1.2 4.4
STOCKS 15.1 4.2 2.2 6.2 187 53.5 68.9
0.4 0.8 0.3 0.7 0.7 1.9 3.8
NMMF 8.7 1.0 05 2.4 9.6 40.7 53.0
0.4 0.4 0.2 0.5 0.6 2.4 5.2
RETQLIQ 50.4 316 163 459 65.0 87.6 90.3
0.6 17 0.7 13 0.9 1.3 2.5
CASHLI 19.7 7.9 8.1 14.8 26.6 35.7 485
0.4 1.0 0.6 11 0.8 1.7 4.0
OTHMA 5.7 0.8 0.4 2.3 7.7 19.0 233
0.3 0.4 0.1 0.4 0.5 14 3.4
OTHFIN 8.0 7.2 5.6 8.9 75 133 17.3
0.3 0.8 0.5 0.7 0.5 1.3 3.0
NFIN 91.3 79.4 70.7 97.8 99.3 99.9 100.0
0.2 1.2 1.2 0.4 0.1 0.1 0.0
VEHIC 86.7 77.0 68.2 92.1 93.6 95.2 94.7
0.4 13 12 0.8 0.4 0.8 2.0
HOUSES 67.3 36.5 16.0 69.7 92.0 96.9 98.1
0.1 1.8 0.8 1.0 0.4 0.8 0.7
ORESRE 143 5.6 1.0 55 18.3 49.6 70.2
0.4 0.9 0.3 0.5 0.7 2.1 3.8
NNRESRE 7.7 15 0.7 2.3 10.4 273 34.4
0.3 0.3 0.3 0.5 0.5 1.6 4.2
BUS 133 5.1 1.8 7.0 15.8 431 78.0
0.4 0.6 0.3 0.7 0.7 2.3 3.7
OTHNFIN 7.0 4.4 1.7 5.4 8.0 19.1 24.2
0.3 0.7 0.3 0.5 0.5 1.6 4.3
DEBT 749 100.0 52.8 82.2 773 703 69.6
0.5 0.0 12 0.9 0.8 2.0 4.3
MRTHEL 47.0 35.8 127 55.6 50.8 58.7 56.2
0.5 1.8 0.6 11 1.1 2.3 49
RESDBT 5.3 3.7 05 2.4 6.6 16.8 25.8
0.2 0.8 0.2 0.4 0.4 15 3.6
INSTALL 46.3 89.2 38.3 52.5 42.7 22.9 13.9
0.6 0.9 11 14 0.9 1.7 3.3
OTHLOC 2.1 4.2 13 14 2.0 2.9 41
0.1 0.6 0.2 0.3 0.2 0.7 15
CCBAL 39.4 55.5 27.1 46.8 424 22.7 7.2
0.6 19 11 14 0.9 1.7 2.3
ODEBT 6.4 107 4.9 7.1 6.2 42 7.8
0.3 1.0 0.5 0.6 0.4 0.8 2.2
EQUITY 49.9 29.7 156 429 65.2 91.0 95.4
0.7 19 0.7 14 1.1 1.1 15
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Table A2.3: Percent of families having various types of assets and liabilities; by net worth percentile group; 2007 SCF.

Percentile of the distribution of family net worth

Item Al | 010 | 1030 | 3050 | 5090 | 9099 |  99-100
ASSET 97.7 774 100.0 100.0 100.0 100.0 100.0
0.2 15 0.0 0.0 0.0 0.0 0.0
FIN 93.9 68.1 88.9 97.0 99.7 100.0 99.9
0.3 1.8 1.0 0.6 0.1 0.0 0.1
LIQ 92.1 65.6 85.3 94.3 99.1 100.0 99.8
0.4 18 1.2 0.8 0.2 0.0 0.1
cDS 16.1 11 3.9 11.0 243 336 26.2
0.5 0.4 0.5 0.8 1.0 2.0 3.7
SAVBND 14.9 5.3 5.4 132 20.7 23.7 19.1
0.5 1.0 0.7 13 0.9 17 3.6
BOND 16 0.3 0.0 0.2 0.9 103 24.9
0.2 0.2 0.0 0.1 0.2 1.2 3.1
STOCKS 17.9 46 45 112 22.7 51.0 64.8
0.5 0.8 0.5 0.9 0.9 2.0 3.8
NMMF 11.4 2.0 0.6 41 15.1 410 52.0
0.4 0.7 0.2 0.7 1.0 2.3 4.6
RETQLIQ 53.0 18.1 272 49.0 68.5 84.6 87.9
0.8 17 14 19 1.0 15 2.2
CASHLI 23.0 5.4 10.1 215 29.9 40.4 53.3
0.5 0.9 0.8 1.3 1.0 2.3 4.0
OTHMA 5.8 0.4 0.5 2.0 8.0 19.8 28.3
0.3 0.3 0.2 0.4 0.6 1.7 4.1
OTHFIN 9.3 6.3 8.9 8.2 8.9 152 29.1
0.4 12 0.9 0.9 0.6 17 3.9
NFIN 92.0 57.3 84.8 98.2 99.3 99.6 100.0
0.3 1.9 1.0 0.6 0.2 0.3 0.0
VEHIC 87.0 55.3 81.8 91.4 93.7 94.1 90.9
0.5 18 1.2 0.9 0.5 1.0 3.3
HOUSES 68.6 13.0 217 79.0 93.7 96.7 98.1
0.1 1.3 1.2 14 0.5 0.7 1.0
ORESRE 13.8 0.9 21 7.8 173 45.1 70.3
0.4 0.4 0.4 0.7 0.8 2.3 3.8
NNRESRE 8.1 0.4 11 3.7 11.0 26.6 32.9
0.3 0.3 0.3 0.6 0.6 1.9 4.1
BUS 136 3.0 2.4 8.3 157 453 75.8
0.5 0.7 0.5 0.8 0.9 2.1 3.8
OTHNFIN 7.2 2.2 3.1 6.8 7.6 172 35.6
0.3 0.5 0.5 0.7 0.6 1.6 45
DEBT 77.0 78.7 65.2 84.4 79.0 773 67.1
0.6 16 1.3 11 1.0 16 4.1
MRTHEL 48.7 11.4 16.1 62.0 64.1 63.4 54.0
0.6 1.3 1.1 1.7 1.0 1.8 4.4
RESDBT 55 0.6 05 36 6.2 20.7 31.9
0.3 0.3 0.2 0.6 0.5 1.7 3.8
INSTALL 46.9 68.4 46.0 52.7 438 29.4 17.9
0.7 18 1.7 17 11 18 2.9
OTHLOC 1.7 35 1.9 12 15 12 3.8
0.2 0.7 0.3 0.3 0.3 0.3 1.6
CCBAL 46.1 436 40.4 55.0 48.9 318 19.9
0.7 2.0 15 15 12 19 3.3
ODEBT 6.8 117 4.4 85 6.0 6.5 9.0
0.3 1.0 0.7 1.1 0.4 1.0 2.3
EQUITY 53.2 188 238 48.0 69.8 89.5 94.6
0.8 1.8 1.6 19 11 14 1.9
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Table A2.4: Percent of families having various types of assets and liabilities; by net worth percentile group; 2004 SCF.

Percentile of the distribution of family net worth

Item Al | 010 | 1030 | 3050 | 5090 | 9099 |  99-100
ASSET 97.9 793 100.0 100.0 100.0 100.0 100.0
0.2 2.0 0.0 0.0 0.0 0.0 0.0
FIN 93.8 743 86.4 96.3 99.6 100.0 100.0
0.4 2.0 1.1 0.7 0.1 0.0 0.0
LIQ 91.3 713 81.3 92.4 98.6 100.0 100.0
0.5 2.1 1.3 12 0.3 0.0 0.0
cDS 12.7 2.4 2.7 7.0 189 29.6 25.9
0.5 0.7 0.4 0.8 0.9 2.5 3.8
SAVBND 176 6.0 7.6 137 248 29.6 17.7
0.6 1.0 0.9 12 0.9 2.2 3.0
BOND 18 0.0 0.0 0.2 13 107 311
0.2 0.0 0.0 0.2 0.3 1.3 4.0
STOCKS 20.7 48 46 9.2 278 61.9 70.3
0.7 1.0 0.7 11 13 2.4 3.7
NMMF 15.0 2.3 2.2 8.2 20.1 471 458
0.6 0.4 0.5 0.9 1.2 2.5 4.3
RETQLIQ 49.9 14.0 19.7 452 68.1 82.4 83.2
0.9 15 1.2 16 15 2.3 3.3
CASHLI 24.2 5.8 10.0 21.0 32.6 430 48.7
0.7 1.0 0.9 1.3 1.2 2.2 4.2
OTHMA 7.3 0.2 0.4 25 11.4 20.4 25.6
0.4 0.2 0.2 0.5 0.7 2.2 3.3
OTHFIN 100 5.6 8.0 0.8 105 15.1 27.9
0.5 0.9 0.7 11 0.8 19 4.0
NFIN 92.5 55.4 88.1 98.3 99.3 99.9 100.0
0.3 2.6 1.2 0.5 0.2 0.1 0.0
VEHIC 86.3 54.3 82.4 89.2 93.2 93.1 93.7
0.5 2.7 14 12 0.6 16 2.4
HOUSES 69.1 103 26.6 76.3 943 96.9 975
0.1 14 1.1 1.3 0.4 0.8 1.2
ORESRE 125 0.4 1.0 55 16.6 435 65.1
0.5 0.2 0.3 0.7 0.9 2.3 4.1
NNRESRE 8.3 0.0 0.9 45 109 26.1 49.3
0.3 0.0 0.3 0.7 0.7 2.1 3.9
BUS 133 2.1 2.2 7.9 167 40.9 73.1
0.5 0.5 0.5 0.8 11 2.4 4.0
OTHNFIN 7.8 25 3.4 5.7 9.5 177 277
0.4 0.7 0.6 0.8 0.7 2.2 3.7
DEBT 76.4 749 63.7 84.9 79.9 73.0 68.2
0.5 2.2 1.2 12 0.8 2.2 4.0
MRTHEL 47.9 9.8 20.6 56.0 64.3 59.0 52.7
0.5 1.3 1.2 1.6 1.0 2.5 4.4
RESDBT 4.0 0.0 0.4 15 5.0 156 24.5
0.2 0.0 0.2 0.3 0.4 1.7 3.2
INSTALL 46.0 59.7 423 52.9 45.7 27.0 26.6
0.7 2.4 15 17 1.0 2.3 3.6
OTHLOC 1.6 1.9 0.9 2.0 16 12 4.0
0.2 0.5 0.3 0.5 0.3 0.3 1.3
CCBAL 46.2 495 39.5 58.6 48.2 245 12.1
0.7 2.4 1.3 18 11 2.3 2.8
ODEBT 7.6 8.4 6.2 0.1 7.0 8.8 11.0
0.4 1.0 0.7 1.0 0.5 14 2.4
EQUITY 50.3 141 182 44.0 68.4 90.5 93.3
1.1 17 14 2.2 14 14 2.1
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Table A2.5: Percent of families having various types of assets and liabilities; by net worth percentile group; 2001 SCF.

Percentile of the distribution of family net worth

Item Al | 010 | 1030 | 3050 | 5090 | 9099 |  99-100
ASSET 96.7 674 100.0 100.0 100.0 100.0 100.0
0.2 2.0 0.0 0.0 0.0 0.0 0.0
FIN 93.4 62.7 90.4 96.8 99.3 100.0 100.0
0.3 2.1 0.9 0.7 0.2 0.0 0.0
LIQ 91.4 60.5 84.9 94.8 98.7 99.6 100.0
0.4 2.0 1.2 0.8 0.3 0.3 0.0
cDS 157 0.3 41 9.0 258 28.1 14.1
0.5 0.3 0.5 0.9 11 2.1 3.0
SAVBND 167 5.7 41 14.6 243 27.2 20.9
0.5 1.0 0.6 1.0 1.0 2.3 3.2
BOND 3.0 0.0 0.1 0.4 2.6 17.0 318
0.2 0.0 0.1 0.3 0.4 1.9 3.8
STOCKS 21.3 5.2 5.2 10.4 28.1 62.8 75.4
0.6 12 0.6 11 13 2.6 35
NMMF 177 4.0 2.3 7.9 244 54.6 51.7
0.5 0.7 0.5 0.8 0.9 2.5 4.1
RETQLIQ 52.8 16.4 25.8 477 69.2 87.4 89.4
0.7 16 14 17 11 14 2.3
CASHLI 28.0 46 11.9 27.1 37.1 48.9 48.6
0.7 0.8 1.4 1.2 1.0 2.3 4.0
OTHMA 6.7 0.0 0.3 16 0.1 26.0 297
0.3 0.0 0.2 0.4 0.7 2.0 4.2
OTHFIN 9.4 6.3 9.0 8.6 9.0 159 20.9
0.4 0.8 0.8 0.9 0.7 17 35
NFIN 90.7 486 84.3 97.0 99.0 99.7 100.0
0.3 2.0 1.0 0.6 0.2 0.2 0.0
VEHIC 84.8 447 80.4 86.6 93.8 94.9 87.5
0.5 2.0 1.3 13 0.6 1.0 2.8
HOUSES 67.7 113 236 75.6 92.8 95.7 975
0.0 14 1.3 1.3 0.7 1.0 1.1
ORESRE 11.4 0.7 11 5.2 15.4 36.1 62.6
0.4 0.4 0.3 0.7 0.9 2.4 4.1
NNRESRE 8.2 0.0 0.9 3.8 107 29.1 38.0
0.3 0.0 0.4 0.8 0.8 2.0 45
BUS 136 1.7 2.1 6.3 17.4 44.2 73.0
0.4 0.4 0.5 0.8 0.8 2.3 3.8
OTHNFIN 75 2.6 3.3 55 7.9 212 35.3
0.3 0.7 0.5 0.7 0.6 2.0 4.0
DEBT 75.1 69.8 712 80.9 76.8 70.0 66.6
0.5 19 1.7 11 0.8 17 4.0
MRTHEL 44.6 10.4 17.7 53.0 59.9 55.2 54.0
0.5 1.2 1.1 1.6 11 2.1 4.1
RESDBT 46 05 0.8 2.2 6.3 135 19.7
0.3 0.4 0.3 0.5 0.6 1.8 3.3
INSTALL 45.1 54.0 46.4 51.7 440 26.2 157
0.9 2.1 1.8 19 12 2.4 3.4
OTHLOC 15 2.6 21 12 1.0 1.9 3.2
0.1 0.8 0.4 0.4 0.2 0.7 1.3
CCBAL 44.4 50.0 46.2 54.2 427 23.0 14.8
0.7 2.2 1.9 17 12 2.2 3.0
ODEBT 7.2 113 7.3 6.5 6.3 7.3 15.2
0.4 1.7 0.9 0.9 0.6 1.2 3.2
EQUITY 53.0 19.4 24.9 456 69.6 90.7 95.7
0.8 2.0 1.3 1.8 13 15 1.7
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Table A2.6: Percent of families having various types of assets and liabilities; by net worth percentile group; 1998 SCF.

Percentile of the distribution of family net worth

Item Al | 010 | 1030 | 3050 | 5090 | 9099 |  99-100
ASSET 96.8 72.9 97.8 100.0 100.0 100.0 100.0
0.3 25 0.8 0.0 0.0 0.0 0.0
FIN 93.1 67.9 87.0 95.6 99.4 100.0 100.0
0.5 2.7 1.3 0.8 0.2 0.0 0.0
LIQ 90.6 65.1 80.6 92.1 99.0 100.0 99.8
0.5 2.8 15 0.8 0.2 0.1 0.4
cDS 153 2.2 4.0 109 235 273 26.3
0.5 0.7 0.5 0.9 0.9 2.3 3.8
SAVBND 19.3 7.8 9.1 16.1 255 343 217
0.6 18 1.0 13 0.9 2.2 3.1
BOND 3.0 0.0 0.1 0.9 2.7 147 36.7
0.2 0.0 0.1 0.3 0.4 1.7 4.0
STOCKS 19.2 3.9 3.4 105 25.4 56.2 81.4
0.6 1.0 0.6 13 12 2.6 3.6
NMMF 165 2.8 2.3 0.8 22.9 46.0 48.7
0.6 0.9 0.5 0.9 11 2.5 45
RETQLIQ 48.9 20.0 22.6 46.1 62.2 82.6 85.2
0.9 2.2 1.2 17 12 16 2.9
CASHLI 29.6 9.2 12.9 255 39.3 51.9 59.0
0.7 1.8 1.2 1.6 14 2.7 3.9
OTHMA 6.0 0.7 05 2.6 75 211 334
0.4 0.4 0.2 0.7 0.7 2.4 4.1
OTHFIN 9.4 6.7 9.0 10.0 8.9 11.8 26.5
0.4 1.0 0.8 1.0 0.7 17 3.9
NFIN 89.9 55.5 774 96.3 99.2 99.5 100.0
0.4 2.5 15 0.5 0.2 0.5 0.0
VEHIC 82.8 52.1 74.5 86.6 90.5 91.8 93.1
0.6 2.6 15 11 0.8 13 2.0
HOUSES 66.3 153 20.8 73.0 91.1 95.0 97.0
0.0 2.0 1.6 14 0.6 15 1.7
ORESRE 12.8 25 13 6.3 173 39.4 60.2
0.6 0.7 0.4 0.8 11 2.4 35
NNRESRE 8.5 05 1.0 38 113 27.9 49.0
0.4 0.5 0.3 0.6 0.8 2.1 4.2
BUS 12.7 2.2 3.0 7.8 14.6 42,0 68.7
0.5 0.7 0.5 1.0 1.0 25 3.7
OTHNFIN 8.5 15 5.0 7.4 9.9 175 28.9
0.4 0.5 0.7 0.8 0.7 1.9 3.6
DEBT 74.0 80.2 60.8 82.8 744 76.4 68.6
0.6 2.3 1.7 12 0.9 2.0 3.7
MRTHEL 431 127 15.8 50.9 56.5 59.9 50.3
0.6 2.0 15 1.7 11 2.4 3.8
RESDBT 5.0 14 0.9 3.2 6.4 14.4 18.0
0.3 0.6 0.3 0.6 0.6 15 2.9
INSTALL 43.7 64.7 385 50.6 418 28.3 176
0.7 2.4 1.3 17 11 2.2 3.0
OTHLOC 2.3 5.4 13 2.7 18 2.8 1.0
0.2 1.0 0.3 0.5 0.3 0.5 0.3
CCBAL 441 476 38.7 55.3 443 30.2 109
0.7 2.6 15 19 12 2.4 2.8
ODEBT 8.8 12.8 7.8 8.9 7.6 108 11.0
0.4 1.6 1.0 1.1 0.7 1.8 2.2
EQUITY 48.9 178 20.1 452 63.2 87.3 95.9
0.9 2.2 15 19 14 15 1.8
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Table A2.7: Percent of families having various types of assets and liabilities; by net worth percentile group; 1995 SCF.

Percentile of the distribution of family net worth

Item Al | 010 | 1030 | 3050 | 5090 | 9099 |  99-100
ASSET 96.4 63.7 100.0 100.0 100.0 100.0 100.0
0.3 25 0.0 0.0 0.0 0.0 0.0
FIN 91.2 55.1 85.7 95.6 98.7 100.0 100.0
0.6 2.6 1.4 0.7 0.3 0.0 0.0
LIQ 87.4 52.0 75.8 91.1 97.2 99.7 99.9
0.6 2.6 1.6 0.8 0.4 0.2 0.1
cDS 143 1.9 3.0 0.1 212 33.1 24.3
0.5 0.8 0.5 1.0 0.9 2.1 2.9
SAVBND 22.8 6.7 10.1 217 30.3 37.3 28.5
0.6 11 0.9 14 11 2.0 3.3
BOND 3.1 0.0 0.4 05 2.7 16.6 313
0.2 0.0 0.2 0.3 0.4 1.9 2.9
STOCKS 15.2 3.4 3.4 9.4 195 435 65.4
0.5 0.7 0.6 0.9 0.9 2.4 35
NMMF 12.3 2.4 2.0 5.7 15.9 416 441
0.4 0.6 0.4 0.9 0.9 2.4 3.4
RETQLIQ 453 116 223 434 575 80.6 78.6
0.8 14 15 19 14 19 3.0
CASHLI 32.0 6.2 16.9 28.1 418 55.8 60.3
0.8 1.3 1.3 14 1.3 2.5 3.4
OTHMA 3.9 1.1 05 2.3 45 14.1 172
0.3 0.4 0.3 0.6 0.5 1.6 25
OTHFIN 11.1 8.6 95 106 113 165 25.2
0.4 13 1.0 1.0 0.8 17 3.0
NFIN 90.9 48.2 84.3 97.4 99.3 99.9 99.8
0.4 2.3 1.3 0.7 0.2 0.2 0.3
VEHIC 84.1 47.0 79.4 88.5 915 92.6 89.8
0.6 2.3 14 11 1.0 11 2.5
HOUSES 64.7 7.6 244 69.1 89.7 93.3 96.1
0.0 1.2 14 1.8 0.7 1.2 1.9
ORESRE 11.8 0.7 17 5.8 14.9 411 54.9
0.4 0.4 0.5 0.7 0.9 2.0 3.8
NNRESRE 9.2 0.1 15 5.3 112 325 45.7
0.4 0.0 0.5 0.9 0.7 2.0 3.8
BUS 12.8 2.0 2.3 8.4 16.1 36.2 75.0
0.4 0.6 0.7 0.9 0.8 19 3.0
OTHNFIN 9.0 1.9 45 7.1 112 19.4 28.4
0.4 0.6 0.7 0.8 0.9 1.6 2.9
DEBT 745 72.8 66.3 82.2 76.1 711 67.9
0.7 2.2 1.9 15 11 2.0 3.1
MRTHEL 41.0 6.4 16.5 515 53.1 54.8 53.1
0.5 11 1.2 1.7 0.9 2.3 3.8
RESDBT 4.7 0.7 11 2.6 5.1 182 22.1
0.3 0.4 0.4 0.4 0.5 15 2.6
INSTALL 46.0 56.6 45.9 55.5 431 29.6 132
0.7 2.4 1.7 15 11 2.1 2.1
OTHLOC 1.9 2.7 2.0 2.3 11 2.8 6.6
0.2 0.7 0.5 0.5 0.2 0.7 2.2
CCBAL 47.3 456 428 55.4 50.7 29.6 12.6
0.8 2.8 2.0 2.0 12 19 2.3
ODEBT 8.5 113 9.4 8.8 7.4 6.9 117
0.5 15 1.1 1.2 0.7 14 2.4
EQUITY 405 109 175 374 50.9 79.7 84.2
0.8 13 1.3 1.8 1.2 1.8 2.6
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Table A2.8: Percent of families having various types of assets and liabilities; by net worth percentile group; 1992 SCF.

Percentile of the distribution of family net worth

Item Al | 010 | 1030 | 3050 | 5090 | 9099 |  99-100
ASSET 958 62.0 98.1 100.0 100.0 100.0 100.0
0.3 3.7 1.3 0.0 0.0 0.0 0.0
FIN 90.3 54.1 85.2 92.0 98.5 99.9 100.0
0.6 3.4 1.6 1.0 0.3 0.1 0.0
LIQ 86.9 49.3 77.8 88.2 97.0 99.7 100.0
0.7 3.2 1.9 12 0.6 0.2 0.0
cDS 167 0.9 3.3 102 26.0 358 315
0.5 0.4 0.6 1.0 11 2.1 4.6
SAVBND 22.3 9.2 10.4 20.3 30.8 30.5 19.1
0.7 14 1.1 16 11 2.4 3.1
BOND 43 0.0 0.1 0.9 42 21.9 40.9
0.3 0.0 0.1 0.4 0.5 2.1 5.0
STOCKS 17.0 3.0 3.4 8.7 22.3 51.8 68.8
0.7 0.9 0.8 11 13 2.3 3.7
NMMF 10.4 0.9 0.8 48 14.4 33.1 46.0
0.4 0.5 0.3 0.6 1.0 2.2 49
RETQLIQ 40.1 10.0 16.3 349 535 740 76.2
0.9 18 1.7 2.1 11 2.1 5.0
CASHLI 34.9 9.0 173 33.9 44.2 61.0 58.2
0.8 1.8 1.4 1.8 1.3 2.2 49
OTHMA 4.0 0.0 0.7 1.1 5.6 136 177
0.3 0.0 0.3 0.4 0.6 14 3.4
OTHFIN 10.8 5.3 9.1 105 116 156 30.1
0.4 0.9 0.8 1.0 0.7 17 45
NFIN 90.8 51.3 81.7 97.6 99.5 99.9 100.0
0.4 3.2 1.7 0.7 0.2 0.1 0.0
VEHIC 86.1 50.9 78.3 89.6 945 96.1 97.8
0.5 3.3 1.9 11 0.6 1.0 0.9
HOUSES 63.9 0.1 17.8 716 89.3 943 93.1
0.0 1.6 1.1 1.7 0.8 15 2.4
ORESRE 12.7 1.3 14 6.0 162 441 63.6
0.5 0.9 0.5 0.8 1.0 2.6 5.1
NNRESRE 9.5 0.7 11 3.9 12.3 325 57.8
0.4 0.4 0.4 0.6 0.8 2.1 5.0
BUS 14.4 2.7 2.9 8.5 175 45.2 73.6
0.5 1.0 0.5 0.8 1.0 25 5.3
OTHNFIN 8.3 33 3.6 5.3 103 193 36.3
0.4 0.7 0.5 0.7 0.7 1.8 5.7
DEBT 73.2 72.1 65.0 79.0 75.1 716 76.4
0.6 3.0 2.0 14 11 18 4.3
MRTHEL 39.1 7.9 11.9 474 52.2 55.9 52.9
0.5 15 1.2 1.7 1.2 2.3 4.6
RESDBT 5.7 1.0 1.0 2.9 6.8 19.9 29.8
0.3 0.7 0.3 0.6 0.6 1.9 4.6
INSTALL 46.0 63.2 49.3 54.8 40.7 25.7 224
0.7 3.1 2.0 15 12 2.1 3.6
OTHLOC 2.4 36 14 2.1 25 2.6 8.2
0.2 0.9 0.4 0.4 0.4 0.9 2.4
CCBAL 43.7 40.6 41.0 52.7 458 26.8 16.9
0.8 2.7 2.1 2.0 14 2.2 4.0
ODEBT 8.4 103 6.4 8.3 7.4 13.4 21.9
0.5 1.6 0.9 1.2 0.5 1.6 4.2
EQUITY 37.0 6.6 130 30.2 50.1 754 816
0.8 14 14 2.4 14 1.8 3.7
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Table A2.9: Percent of families having various types of assets and liabilities; by net worth percentile group; 1989 SCF.

Percentile of the distribution of family net worth

Item Al | 010 | 1030 | 3050 | 5090 | 9099 |  99-100
ASSET 94.7 58.0 94.2 100.0 100.0 100.0 100.0
0.5 3.2 1.3 0.0 0.0 0.0 0.0
FIN 88.9 478 79.9 93.0 98.7 100.0 100.0
0.7 3.6 2.2 11 0.4 0.0 0.0
LIQ 85.6 443 71.9 88.4 97.7 100.0 100.0
0.8 3.4 2.5 15 0.5 0.0 0.0
cDS 19.9 0.0 2.9 16.4 28.9 457 325
0.9 0.0 0.8 2.0 1.6 2.9 6.1
SAVBND 23.9 6.5 11.4 205 338 35.0 18.2
0.9 15 1.8 2.1 14 2.6 4.9
BOND 5.7 0.0 0.0 17 5.9 283 458
0.6 0.0 0.1 0.7 0.7 4.6 5.9
STOCKS 16.9 2.9 3.0 9.6 213 53.4 72.7
0.9 12 0.9 14 13 4.4 5.8
NMMF 7.3 0.0 13 2.8 8.8 28.4 39.3
0.5 0.1 0.6 0.8 0.9 2.7 6.9
RETQLIQ 37.2 5.7 136 312 51.6 69.7 716
0.8 15 14 2.0 17 2.6 5.2
CASHLI 355 9.8 17.4 30.1 473 60.5 64.8
1.0 2.2 2.0 2.1 15 3.7 5.9
OTHMA 3.7 0.3 0.0 16 5.0 12.1 26.6
0.4 0.2 0.0 0.5 0.6 1.6 5.8
OTHFIN 13.8 6.1 12.0 16.1 122 26.3 32.1
0.7 15 1.6 15 1.0 2.9 6.4
NFIN 89.3 50.2 75.0 97.0 99.6 99.9 99.3
0.7 3.2 2.3 0.6 0.2 0.2 1.0
VEHIC 83.8 50.1 69.3 87.9 94.8 94.3 90.6
0.8 3.2 2.5 13 0.6 17 4.1
HOUSES 63.9 8.1 17.4 65.7 92.9 93.0 86.5
0.0 1.8 15 2.4 0.6 15 5.2
ORESRE 132 16 1.2 6.2 177 427 62.7
0.7 1.0 0.4 11 1.0 35 5.7
NNRESRE 11.1 05 11 6.3 14.8 345 54.7
0.6 0.3 0.5 11 11 3.1 6.3
BUS 133 1.2 3.4 7.3 15.1 47.2 76.5
0.9 0.6 0.9 14 11 4.6 5.9
OTHNFIN 12.4 1.8 6.0 105 14.9 28.3 41.9
0.7 0.7 1.0 1.3 1.0 2.8 6.2
DEBT 72.3 73.0 50.9 772 76.6 69.4 65.3
0.7 3.2 2.5 2.0 12 2.9 6.0
MRTHEL 39.5 7.4 107 418 58.5 49.3 36.0
0.7 1.9 15 2.4 14 3.0 5.8
RESDBT 5.2 16 05 17 6.4 197 217
0.5 1.0 0.3 0.6 0.8 3.0 5.1
INSTALL 49.4 64.4 428 50.3 48.2 34.1 17.9
1.0 2.9 2.0 25 16 3.0 4.6
OTHLOC 3.2 5.1 3.1 2.8 2.6 41 6.6
0.4 2.0 0.8 0.8 0.5 1.2 25
CCBAL 39.7 32.2 305 48.1 46.9 20.3 14.8
1.0 3.2 2.4 2.3 14 2.4 4.7
ODEBT 6.7 9.7 6.0 3.0 6.5 126 14.6
0.6 1.7 1.2 0.8 0.9 2.2 3.9
EQUITY 31.9 39 7.8 253 432 741 86.8
1.0 1.2 15 2.4 1.6 3.2 3.8
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Table A3: Variable Definitions for Tables A1-A2
Net Worth, Assets and Debts

NETWORTH: ASSET-DEBT.

ASSET: FIN+NFIN.

FIN: LIQ+CDS+SAVBND+BOND+STOCKS+NMMF+RETQLIQ+CASHLI+OTHMA+
OTHFIN.

LIQ: Holdings of checking, savings, money market, and call accounts.

CDS: Holdings of certificates of deposit.

SAVBND: Holdings of savings bonds.

BOND: Direct holdings of bonds.”

STOCKS: Direct holdings of publicly traded stocks.”

NMMF: Direct holdings of mutual funds other than money market mutual funds, and hedge
funds.

RETQLIQ: IRAs, Keogh accounts, and other pension accounts where withdrawals or loans
may be taken (such as 401(k) accounts).

CASHLI: Cash value of life insurance.

OTHMA: Equity holdings of annuities, trusts, and managed investment accounts.

OTHFIN: Value of miscellaneous financial assets (e.g., futures contracts, oil leases, royalties,
etc.).

NFIN: VEHIC+HOUSES+ORESRE+BUS+OTHNFIN.

VEHIC: Market value of all personally owned automobiles, trucks, motor homes, campers,
motorcycles, boats, airplanes, helicopters, and miscellaneous vehicles.

HOUSES: Market value of principal residences.

ORESRE: Market value of residential real estate other than principal residences.

NNRESRE: Net equity in real estate other than HOUSES and ORESRE.

BUS: Net equity in closely held businesses.

OTHNFIN: Value of miscellaneous nonfinancial assets (e.g., antiques, artwork, etc.).

DEBT: MRTHEL+INSTALL+OTHLOC+CCBAL+ODEBT.

MRTHEL: Amount outstanding on mortgages and home equity lines of credit secured by
principal residences.

RESDBT: Amount outstanding on mortgages secured by residential real estate other than a
principal residence.

INSTALL: Amount outstanding on installment debt.

OTHLOC: Amount outstanding on lines of credit other than home equity lines of credit.

CCBAL: Amount outstanding on credit cards.

ODEBT: Amount outstanding on miscellaneous debts (e.g., debts to family members,
borrowing against insurance policies or pension accounts, margin debt, etc.).

EQUITY: Total value of direct and indirect stock holdings (included in STOCKS and
RETQLIQ).”

* Direct holdings are those held outside of a managed asset such as mutual funds, trusts,
managed investment accounts, annuities, and tax-deferred retirement accounts.

Standard errors due to sampling and imputation are given in italics below each estimate.
All dollar values are reported in 2013 dollars, converted as necessary using the CPI1-URS.
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Table A4: Percent of net worth held by one-tenth percentile groups of survey participants between the 99th

and 100th percentiles, by survey year, combined area-probability and list samples

Percentile group

Drop 99.0- 99.1- 99.2- 99.3- 99.4- 99.5- 99.6- 99.7- 99.8-  99.9-
400 Year 99.1 99.2 99.3 99.4 99.5 99.6 99.7 99.8 99.9 100
No 2013 4.15 4.46 4.81 5.32 5.77 6.60 7.96 9.28 1251 39.14
0.20 0.22 0.24 0.22 0.30 0.39 0.33 0.34 0.56 1.73
No 2010 4.09 4.47 4.77 5.60 6.07 6.97 7.82 9.46 13.54 37.22
0.20 0.25 0.26 0.27 0.28 0.29 0.31 0.38 0.55 1.81
No 2007 4.68 4.68 5.27 5.48 6.02 6.87 7.87 9.38 12.47  37.29
0.20 0.21 0.20 0.21 0.25 0.25 0.22 0.29 0.53 1.16
No 2004 4.50 4.85 5.24 5.76 6.13 6.98 7.88 9.80 13.81  35.06
0.22 0.19 0.23 0.21 0.22 0.27 0.25 0.32 0.47 1.15
No 2001 4.63 4.87 5.30 571 6.66 7.28 8.46  10.05 13.22  33.82
0.19 0.20 0.24 0.29 0.26 0.29 0.27 0.29 0.47 1.26
No 1998 4.08 4.53 4.79 5.33 5.85 6.69 8.22 9.93 13.30 37.29
0.29 0.29 0.30 0.32 0.34 0.45 0.46 0.49 0.58 2.35
No 1995 3.45 3.81 4.25 4.85 5.61 6.72 8.33  10.88 1544  36.67
0.26 0.28 0.29 0.31 0.37 0.48 0.64 0.87 111 2.79
No 1992 4.29 4.43 5.00 5.34 5.96 6.65 8.15 9.64 13.15 37.39
0.29 0.30 0.33 0.37 0.42 0.42 0.37 0.53 0.63 1.88
No 1989 4.27 4.34 4.69 5.16 6.01 6.92 8.09 10.18 13.83  36.50
0.53 0.59 0.64 0.74 0.81 0.89 0.97 1.19 1.34 5.01
Yes 2013 4.47 4.70 5.22 5.69 6.20 7.22 8.42 9.95 13.36  34.78
0.21 0.23 0.24 0.22 0.30 0.39 0.34 0.33 0.56 1.63
Yes 2010 4.30 4.75 514 5.78 6.59 7.21 8.35 9.98 1426  33.65
0.20 0.25 0.26 0.26 0.28 0.28 0.30 0.36 0.53 1.63
Yes 2007 4.67 5.10 5.42 5.70 6.26 7.07 8.29 9.73 13.01 34.75
0.20 0.21 0.20 0.22 0.25 0.26 0.21 0.29 0.54 1.11
Yes 2004 4.70 4.98 5.46 5.92 6.41 7.25 8.19 10.04 1427 32.78
0.22 0.19 0.23 0.20 0.22 0.27 0.25 0.31 0.48 1.11
Yes 2001 4.87 5.13 544 6.12 6.95 7.53 8.80  10.65 13.83  30.69
0.19 0.20 0.24 0.28 0.26 0.28 0.26 0.27 0.46 1.04
Yes 1998 4.32 4.83 5.02 5.47 6.36 7.00 856  10.23 14.14  34.07
0.29 0.30 0.30 0.32 0.34 0.45 0.47 0.50 0.59 2.38
Yes 1995 3.61 3.96 4.45 5.05 5.85 6.94 8.89  11.15 16.01  34.08
0.27 0.28 0.29 0.32 0.37 0.48 0.63 0.87 1.11 2.75
Yes 1992 4.63 4.78 5.20 5.49 6.38 7.21 8.54 9.95 13.90 33.93
0.29 0.30 0.33 0.38 0.41 0.42 0.37 0.54 0.64 1.83
Yes 1989 4.28 4.72 4.88 551 6.21 7.41 8.47 10.37 15.14 33.00
0.53 0.59 0.65 0.73 0.81 0.90 0.96 1.20 1.35 5.01
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